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Why artificial intelligence is now central to a resilient, inclusive
insurance industry in developing markets
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ABOUT  THE  SPEAKER  ·  PRACT ICE

Building AI for insurers and banks in our markets

Insurance
Designed eLife for ZB Life: its core
system for 12 years, now BluFountain
Insure

A Zimbabwean life insurer: AI-enabled
life platform 2026

Discovery Health: claims adjudication
and pre-authorisation workflows

Banking
Standard Bank: 300+ workflows across
retail and corporate banking

CBZ Holdings: AI and hyperautomation
across banking 2024

Nedbank: branch process automation

KYC, AML, credit origination and fraud
controls

AI platforms
Voltron: AI analytics for solar, inverter
and battery data

EeziMedz: digital health with real-time
insurer pre-authorisation

RAG knowledge systems: AI triage and
fraud detection

Responsible AI explainability, MLOps
and model governance

AI ANGLE The ideas in this deck are not theory: they are being built today in Zimbabwean and South African insurers and banks.
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EARLIER WORK Vodacom · CABS (Old Mutual) · CIMAS · ZB Life · ExxonMobil (now TotalEnergies) · Unilever · TransUnion (UK) · ACSA (South Africa)

AUTOMATION AND
INTEGRATION

Banking automation and integration expert: IBM BPM · MuleSoft · webMethods · Lotus Domino · Laserfiche ·
FileNet · OpenText document automation · Salesforce · SharePoint automation

COMMUNITY Camunda Chapter Lead (Africa) · CamundaCon, Germany · Deep Learning Zimbabwe 2026 · AI and BPM mentor to Zimbabwean students since 2021

KaribuTech AI: 16-module insurance
suite; underwriting from weeks to days



C A S E  S T U D Y  ·  K a r i b u T e c h  A I

BluFountain Insure: an insurance AI marketplace
What it is
A cloud-native insurance platform built by
KaribuTech AI, live since 2021, with a core system
for each line of business.

CORE PLATFORMS

LifeGuard Life insurance core

ShieldGuard Short-term insurance core

Medishield Medical insurance core

FuneralGuard Funeral insurance core

BluFountain Invest Investments core (blockchain)

BUILT ON

Cloud-native Camunda automation

AI and ML Blockchain

Self-service portals for every partner

Brokers portal Merchants portal Employers portal

Doctors portal Underwriters portal External assessors portal

BluFountain Insure platform shared engines behind every core and portal

Mobile native WhatsApp Document Center KYC engine AML engine Actuarial models

Valuation Center COMPLIANCE IFRS 17 IFRS 9 HL7 ISO: in progress

AI IN THE PLATFORM

AI agents to detect fraud Agentic AI to augment process orchestration

WHERE AI PLUGS IN Recommending cover Risk scoring and pricing Reading claim documents Chat on WhatsApp

AI ANGLE A marketplace brings insurers, partners and customers onto one platform, so AI can match, price and pay at scale.

Source: KaribuTech AI 4



CASE  STUDY  ·  DIG ITAL  ONBOARDING

MyMo: a paperless account, a door to embedded insurance

2024 + 2025
Product of the Year, Youth
Banking, two years running
(consumer-voted)

R1.25 vs R90
App payment fee vs the same
payment at a branch

100+
Retail brands with Varsity Vibe
discounts for under-25s

2,000
South African consumers
surveyed by Kantar to pick the
2025 winners

What MyMo does
Fully digital account, opened in the app in

about 3 minutes
Pay-as-you-transact pricing for young, low-

income customers

Why it matters for insurers
A gateway: customers can add life and

funeral cover in the app
Embedded insurance can be bought inside

the account flow

Digital lending on MyMo
No branch: instant digital identity and profile

checks
Pre-approved from MyMo history by the

lending partner

The AI journey: from MyMo to an AI financial copilot

AI IN  THE  STACK
Embedded insurance · facial recognition · digital address validation · personalised offers · AI anti-money-laundering risk assessment

AI ANGLE Digital onboarding is the door; AI decides what to offer once the customer walks through it.

MyMo1 AI Financial Copilot2 Personalisation Engine3 Financial Intelligence4 Predictive Analytics5

Fraud & Risk AI6 GenAI Customer Service7 Next-Best-Action8 Responsible AI & Governance9

Sources: TimesLIVE, News24 2024; Bizcommunity 2025; MyMo pricing guide · AI stack: 5

(KaribuTech Engineering Team, with other teams, worked on the MyMo and lending onboarding workflows)

KaribuTech Engineering Team with other teams



KEY  TAKEAWAYS

Six things to remember

1
The gap is the prize
Emerging markets: 3.3% of GDP in premiums vs 7%
globally

2 The rails exist
$2tn+ moved via mobile money in 2025

3 AI is now affordable
280x cheaper to run than in 2022 4 Start with claims

Cutting leakage saves 510% of claims costs

5 Govern it
AI is now the #2 business risk worldwide 6 Act in 90 days

One use case, one metric, then scale or stop

AI ANGLE Close the protection gap, safely: that is the whole case for AI in insurance.

Sources: Swiss Re sigma 3/2024; GSMA 2026; Stanford AI Index 2025; PwC; Allianz Risk Barometer 2026 6



R E C O M M E N D A T I O N S

Key recommendations: what each group should do next
1 Insurers

Start with claims: one use case, one
metric, 90 days

Fix data and governance before you
scale

Reach new customers on
mobile-money and telco rails

2 Brokers

Use AI to read submissions and
compare cover in minutes

Advise, don’t just transact: sell risk
insight

Keep data rights in every platform
partnership

3 Reinsurers

Share catastrophe and climate models
with cedants

Back parametric pools and AI-priced
microinsurance

Co-fund regional data and AI platforms

4 HR in insurance

Reskill underwriting, claims and
actuarial staff in AI

Redesign roles around judgement and
exceptions

Build AI academies with universities

5 Finance in insurance

Fund AI through 90-day pilots with a
business case

Track cloud and compute: capex vs
opex

Automate IFRS 17 and reporting
pipelines

6 Actuaries

Own AI model risk: accuracy, bias, drift

Add Python, machine learning and data
engineering

Bring climate and alternative data into
pricing and reserves

7 AI practitioners

Build light: offline-first, USSD,
compressed models

Keep a human in every decline of cover
or claim

Protect data: privacy, sovereignty and
cyber

8 Regulators

Sandboxes and proportionate rules for
AI

Supervise AI, and use SupTech
yourselves

Agree common data standards across
borders

AI ANGLE AI pays off when the whole industry moves: start small, govern well, and share what you can.

Recommendations: presenter’s synthesis of the evidence in this deck 7



AGENDA

AI ANGLE Every section answers one question: how AI helps close the protection gap safely.

Nine questions about AI in insurance

01 Why AI, why now?
Protection gap, our markets, AI investment and
skills, data costs

02 What is the AI landscape?
AI race, types of AI, models, autonomy 03 What accelerates AI in insurance?

Satellites, quantum, data centres, renewable
energy, blockchain, payments, crypto

04 Where does AI add value?
Value chain, lines of business, partners, roles,
pensions

05 How must regulators change?
Opportunities, the AI rulebook, a playbook,
reorganising

06 How do we make AI happen?
Leadership, strategy, business case, profits,
roadmap

07
What does AI mean for people and
HR?
Jobs to 2030, reskilling, new ways of working

08
What does AI change, and what can
go wrong?
Clients, insurer risk, cyber, data, responsible AI

09
How do AI and climate change
interact?
Physical risk, risk pools, agriculture, footprint



THE  CASE  FOR  AI

The case for AI in eight numbers

3.3%
Emerging-market insurance
penetration, vs 7% globally

Swiss Re, 2024

~60%
Share of the global protection
gap in emerging markets

Swiss Re, 2025

$2tn+
Mobile money moved worldwide
in 2025

GSMA, 2026

80%
Share of the world in Asia and
Africa by 2050

UN WPP, 2024

$285.9bn
US private AI investment in
2025, 23x China

Stanford HAI, 2026

25%
New cars sold worldwide in
2025 that were electric

IEA, 2026

170m
Jobs created by 2030, while
92m are displaced

WEF, 2025

$1.1tn
Potential annual value of AI to
global insurance

McKinsey

AI ANGLE Each number is either a gap AI can help close or a force AI is driving.

Sources: Swiss Re sigma 3/2024, 2/2025; GSMA 2026; UN WPP 2024; Stanford AI Index 2026; IEA GEVO 2026; WEF 2025; McKinsey 9



THE  EVOLUT ION  OF  INSURANCE

Six insurance revolutions: from paper to AI

AI ANGLE Every revolution cut cost and widened access; AI can too, if insurers share data, platforms and talent.

10



01SECTION 01  OF 09

Why AI, why now?
The protection gap, fast-growing populations, remittances and the digital rails already in our
markets.



WHY  AI  NOW

Why AI: the protection gap is too big to close manually

~60%
Emerging marketsʼ share of the
global protection gap

3.3%
Emerging-market premiums as a
share of GDP, 2023

~9.5% / ~7%
Advanced markets / global
average penetration

2.2→3.3%
Emerging-market penetration
20032023 1.1 points in 20
years

0.9%
Africa s̓ share of world premiums

1.2% / 1.4%
Penetration in Paraguay and
Guatemala, 2024

<17%
Share of African farmers who
are insured

[__%]
Your market s̓ penetration rate

Low penetration, costly distribution and manual processes keep millions uninsured, and geopolitical fragmentation threatens to widen the gap.

AI ANGLE AI cuts the cost of pricing, selling and servicing small policies: the only way to close a gap this size.

Sources: Swiss Re sigma 3/2024, 2/2025; OECD Global Insurance Market Trends 2025; OECD Africa Capital Markets 2025; Africa Re 12



POPULAT ION  TO  2050

Where AI must reach the next billion customers

Asia +9%

Today 4.86bn

2050 5.28bn

54.6%
of world, 2050

32.8
median age

Trend: Peaks in the 2050s; parts age fast

Needs: Pensions, health, long-term care

Africa +56%

Today 1.58bn

2050 2.47bn

25.5%
of world, 2050

19.5
median age

Trend: 60% under 25; still growing in 2100

Needs: First policies, micro and funeral cover

Latin America & Caribbean +9%

Today 672m

2050 730m

7.6%
of world, 2050

32.1
median age

Trend: Peaks around 2053

Needs: Motor, health and savings for the
middle class

World in 2050 9.7 billion people. Almost nine in ten live in these three regions.

Asia 54.6% Africa 25.5% 7.6% Rest 12.3%

AI ANGLE Only AI makes it affordable to serve millions of small, first-time, mobile-only customers.

Sources: UN World Population Prospects 2024 (medium variant) via Worldometer and INED; Pew Research 2026 13



POPULAT ION  ·  ILLUSTRAT IVE

Asia, Africa and Latin America: the next customers

54.6%
Asiaʼs share of the world in 2050 · 4.86bn
→ 5.28bn 9%

25.5%
Africaʼs share in 2050 · 1.58bn → 2.47bn
56%

7.6%
Latin America & Caribbean in 2050 · 672m
→ 730m 9%

AI ANGLE Three regions, one pattern: young, mobile-first customers who will buy and claim on a phone.

14



GROWTH  MARKETS

Nigeria and the diaspora: growth markets AI can unlock
Nigeria
A population boom, barely insured

233m → ~377m
145m people by 2050

18 → 24
median age, today →
2050

>4 in 10
under 15

<1%
premiums as share of
GDP

Population

233m

2024

377m

2050

Must solve: trust, fast claims, low
premiums and the informal
economy.

The diaspora
A market, not just a money flow

304m
international migrants, 2024

$905bn
global remittances,
2024

2.3bn
mobile money
accounts

>FDI + aid
remittances to
developing countries

Remittances

$905bn

Global 2024

$656bn

To LMICs 2023

Cover bought abroad for family at
home: health, funeral, education,
property, repatriation.

AI ANGLE AI enables phone onboarding, local-language service, remote identity checks and cross-border fraud control.

Sources: UN WPP 2024; Atlas Magazine; NAICOM; UN DESA 2024; World Bank/KNOMAD; GSMA 2026 15



GROWTH  MARKETS

Remittances: Zimbabwe, Nigeria and Kenya in the global picture
Nigeria
Largest recipient in Africa

$21.8bn
in 2025; 35% of sub-Saharan
Africa s̓ remittances

Broadly flat vs 2024

Kenya
A record inflow

$5.04bn
in 2025 Kenya s̓ largest source of
foreign exchange

43.5% of household inflows
come from the US

Zimbabwe
Formally significant

$2.45bn
formal, 2025, up 15.1%; $3.5bn incl.
informal AfDB

16% of foreign-currency
receipts

Asia (2023)
Top recipients

India, #1 globally $120bn

Philippines $39bn

Pakistan $27bn

The insurance opportunity

1 Cover bought abroad for family at home: life, health, funeral

2 Remittance-linked life, funeral and savings products

3 Diaspora savings, property and education plans

4 Affordable cover for underserved rural families

Where AI helps

1 Remote onboarding and e-KYC for senders abroad

2 Cross-border fraud and AML checks

3 Pricing family risk back home

4 AI chat and voice in the senderʼs language and time zone

AI ANGLE Remittances are a regular, digital cash flow: AI can attach protection to every transfer at almost no extra cost.

Sources: CBN via Vanguard; CBK; RBZ MPS 2026; AfDB AEO 2026; KNBS/CBK/FSD 2025; World Bank 2024 16



OUR  MARKETS  AT  A  GLANCE  ·  AFR ICA

Zimbabwe, Kenya, Nigeria and Ethiopia: AI-relevant facts
Zimbabwe
Funeral cover, new AI plan

$2.45bn
formal remittances, 2025 15.1%

74%
of life revenue from funeral
cover Q1 2025

Mar 2026
National AI Strategy 20262030

Apr 2024
ZiG currency introduced

Kenya
Remittances and health reform

$5.04bn
remittances, 2025: largest FX
source

~2.4%
insurance penetration, share of
GDP

Mar 2025
National AI Strategy 20252030

Oct 2024
Social Health Authority goes live

Nigeria
Africa s̓ largest population

233m
population, 2024

$21.8bn
remittances, 2025

Jun 2023
Data Protection Act signed

Aug 2024
Draft National AI Strategy

Ethiopia
EV leap and currency reform

~100,000
EVs on the road 2024

Jan 2024
ban on petrol and diesel car
imports

Jul 2024
birr floated; fell 30% on day
one

2021–30
Ten Years Development Plan

AI ANGLE Every one of these markets now has digital rails, a data law or an AI strategy: the foundations for AI in insurance are being laid.

Sources: RBZ; IPEC; UN Zimbabwe; CBK; IRA via AllAfrica; UN WPP; CBN; NDPA; NCAIR; IEA; Reuters; Ethiopia PDC 17



OUR  MARKETS  AT  A  GLANCE  ·  AS IA

India, Pakistan, Nepal and the Philippines: AI-relevant facts
India
World s̓ biggest digital rails

$120bn
remittances, 2023: world s̓ largest

21.7bn
UPI payments in one month Jan
2026

Mar 2024
IndiaAI Mission, Rs 10,372 crore

Aug 2023
DPDP Act receives assent

Pakistan
Remittances and flood risk

$27bn
remittances, 2023

$30bn+
damage and losses, 2022 floods

33m
people affected by the 2022
floods

Nepal
Earthquakes, floods and hydro

$7bn
damage and losses, 2015
earthquake

1,000+
deaths, Aug 2026 Rasuwa flood

430 MW
hydropower hit, 1/8 of capacity

Philippines & APAC
Remittances and micro-cover

$39bn
Philippine remittances, 2023

~80%
of microinsurance customers are
in Asia-Pacific

74%
of industrial robots operate in
Asia

63%
of work-related deaths are in
Asia-Pacific

AI ANGLE Asia shows both ends of AI in insurance: the world s̓ biggest digital rails, and some of its most severe uninsured catastrophes.

Sources: World Bank/KNOMAD; NPCI; MeitY; Govt of India; World Bank PDNA 2022; Nepal PDNA 2015; NDRRMA; MiN; IFR; ILO 18



WHY  AI  NOW

Pressures AI must solve, and digital rails it can use
SIX  MARKET  PRESSURES

Low penetration

Premiums 3.3% of GDP in
emerging markets vs 7%
globally

Costly distribution

Agents and branches canʼt
reach rural or informal markets

Manual processes

Paper forms and slow claims
erode trust

Fraud and leakage

Weak data hides suspicious
claims

Climate risk

57% of 2024ʼs $318bn disaster
losses were uninsured

Macro volatility

Inflation and currency shocks
erode values

DIGITAL  RAILS ALREADY BUILT

$2tn+
Mobile money moved
worldwide in 2025, 2.3bn
accounts

$1.4tn Of that in sub-Saharan
Africa, about two-thirds

21.7bn UPI transactions in India in
one month, 700m a day

~75% Mobile money accounts idle
in a given month

AI ANGLE Every pressure is a data problem AI can work on, and existing payment rails carry AI-driven products to customers.

Sources: Swiss Re sigma 3/2024, 1/2025; GSMA Mobile Money 2026; NPCI via Entrackr Jan 2026 19



AI  FOR  INCLUS IVE  DEVELOPMENT

AI and growth in developing countries: Africa and Asia to 2030
$15.7tn
Potential global GDP boost
from AI by 2030, up to 14%
PwC

+26%
China s̓ potential GDP boost
from AI by 2030, the largest

5.6%
Africa, Oceania and other
Asian markets: $1.2tn by
2030

AI

5×
Asia-Pacific AI spend: $73bn
2024 → $370bn 2029, IDC

Potential GDP boost from AI by 2030, % PwC

China 26.1%
North America 14.5%

Southern Europe 11.5%
Developed Asia 10.4%
Northern Europe 9.9%

Africa, Oceania, other Asia 5.6%
Latin America 5.4%

Asia-Pacific AI spending IDC

$73bn

2024

$370bn

2029

Where AI can add most value

Africa

• Agriculture and food security

• Health, education and digital ID

• Energy, mining and climate resilience

Asia

• Manufacturing and supply chains

• Financial services and payments

• Smart cities and logistics

THE  CATCH-UP
Gains are smallest where adoption is lowest. Africa s̓ data-centre capacity is set to triple to 1.2 GW by 2030: the rails for catching up
are being built.

AI ANGLE Insurers that digitise now help their economies capture more of the AI dividend, and grow with it.

Sources: PwC, Sizing the Prize 2017; IDC Worldwide AI Spending Guide; Data Centres in Africa 2026 · focus areas illustrative 20



AI  INVESTMENT  OUTLOOK

AI investment in Africa and Asia: what the data supports
$581.7bn
Global corporate AI investment
in 2025, more than double
2024

AI

~38% a year
Implied growth of Asia-Pacific
AI spend, 20242029 IDC

~3×
Africa s̓ data-centre capacity
by 2030, to 1.2 GW

$285.9bn
US private AI investment in
2025, 23 China

Growth multiples in the sourced data (different measures)

× increase over each period

Asia-Pacific AI spend, 20242029 5.1×

Africa data-centre capacity, to 2030 3.0×

Global corporate AI investment, 20242025 2.0×

What it means by region

Asia
• AI spend growing 38% a year to 2029

• 54% of Asia-Pacific insurers run GenAI

Africa
• Starting base 1% of data-centre capacity

• Only 8% of SA insurers use AI 2024

To 2040
• We found no sourced cluster forecasts

• Scenarios should be labelled as such

AI ANGLE Asia is investing at scale now; Africa is building the rails. Insurers that partner on shared infrastructure ride both waves.

Sources: Stanford AI Index 2026; IDC; Data Centres in Africa 2026; Oliver Wyman 2025; FSCA & PA 2025 · measures differ 21



TECHNOLOGY  INVESTMENT

The AI investment gap: Africa vs Asia-Pacific

8%
South African insurers using AI
2024, vs 52% of banks

AI

54%
Asia-Pacific insurers with
GenAI in production 2024

5×
Asia-Pacific AI spend: $73bn
2024 → $370bn 2029, IDC

41%
Of AI-using SA insurers
planned under R1m of AI spend
in 2024

South Africa: AI use by sector, 2024

Share of surveyed firms using AI FSCA/PA

Banks 52%

Payments 50%

Pensions 14%

Insurers 8%

The AI investment stack

Applications and agents

Models and GenAI

Data and analytics

Cloud and compute

Core insurance platforms

Africa: share the lower layers to cut cost per insurer

Insurers with GenAI live, 2024

Oliver Wyman survey, by region

Asia-Pacific 54%

Europe 42%

North America 28%

AI ANGLE The gap is about scale, not access to AI African insurers can narrow it by sharing data, compute, platforms and talent regionally.

Invest
Budget and skills

Digital foundation
Data, cloud, core

AI adoption
Models, apps, agents

Automation at scale
Efficient operations

Lower cost-to-serve
Profit and access

Sources: FSCA & Prudential Authority Nov 2025; Oliver Wyman 2025; IDC · different measures, not directly comparable 22



AI  TALENT  AND  READINESS

AI readiness and skills: Africa vs Asia, Europe, USA and Latin America
12
New national AI strategies in
2024, 3 2023, mostly
developing countries

AI

26 vs 81
AI infrastructure score: Sub-
Saharan Africa vs North
America 2023

39%
Of workersʼ skills will change
by 2030

1 in 4
Jobs worldwide exposed to
generative AI

AI readiness by region, 2024 (score out of 100

Oxford Insights Government AI Readiness Index

North America 82.6

Western Europe 69.56

East Asia 57.95

Latin America 42.99

Sub-Saharan Africa 32.7

Strengths and gaps (presenterʼs synthesis)

Strengths Gaps

Africa Fintech, agriculture, local-
language AI

Research, compute,
infrastructure

Asia Broad talent base, fast adoption Uneven across countries

Europe Research, governance,
responsible AI

Slower commercialisation

USA Frontier research, investment,
compute

Talent concentration, cost

Latin America Growing applied AI, start-ups Research and infrastructure

AI ANGLE Africa s̓ gap is infrastructure and research, not ideas: insurers can lead on applied AI and build skills with universities and reinsurers.

Sources: Oxford Insights Government AI Readiness Index 2023 and 2024 (via Index.dev); WEF Future of Jobs 2025; ILO 2025 23



AI  TALENT  ·  BLUFOUNTAIN  AI  ASSESSMENT  INDEX

AI skills matrix: Africa vs Asia vs Europe vs USA vs Latin America

AI ANGLE Africa scores highest on applied AI in finance and agriculture: our edge is using AI well, not inventing it.

Source: KaribuTech AI, BluFountain AI Assessment Index (proprietary) 24



THE  CHALLENGE

Africa’s AI scale challenge: one continent, many small insurance markets

$73.6bn
Africa s̓ insurance
premiums 2024

~71%
of African premiums
are in South Africa

0.9%
Africa s̓ share of world
insurance premiums

54
African countries, each
with its own regulator

AI

280×
Fall in AI running
costs since 2022

Share of premiums %, 2024 small and concentrated

0
25
50
75

100 71%

South Africa
share of Africa

29%

Rest of Africa
share of Africa

0.9%
Africa

share of world

A fragmented market across 54 countries

Many regulators
Own rules in each market

Multiple currencies
Pricing must be localised

Diverse languages
English, French, Arabic, Portuguese and
more

Challenge Why it hurts AI What works

Small premium pools Fixed IT and data costs spread over few policies ✓ Shared regional platforms, pay-as-you-go cloud AI

Thin, scattered data Too little local history to train models ✓ Pre-trained models, pooled industry and reinsurer data

Many regulators and laws Each market needs its own approvals and data rules ✓ Regional harmonisation (e.g. CIMA code), sandboxes

Currencies and languages Pricing and service rebuilt market by market ✓ Multilingual GenAI, multi-currency mobile money rails

Scarce AI talent Few data scientists outside the hubs ✓ Regional centres of excellence, universities, reinsurers

AI ANGLE Small markets cannot each build AI alone: pooling data, platforms and talent regionally, through bodies like AIRDC, is how they gain scale.

Sources: OECD 2025; Atlas Magazine; Swiss Re; Stanford AI Index 2025; CIMA Treaty 14 states) 25



ANALOGY

From shared car components to shared AI platforms

AI ANGLE Car makers compete on brands but share engines; insurers can compete on products but share AI platforms.

26



ANALOGY  ·  WORK ING  TOGETHER

The wolf-pack strategy: winning the AI race together

AI ANGLE A lone wolf rarely takes down large prey: small markets win at AI only by sharing data, compute, platforms and talent.

27



THE  CHALLENGE

Weak networks and data centres: the infrastructure gap

AI ANGLE Build AI for the networks we have, not the ones we wish we had, and insure the new digital infrastructure as it is built.

Sources: Heirs Technologies via Ecofin 2025; Data Centres in Africa 2026 via TechEconomy; Internet Society 2024; ITU 2025

The gap in numbers

<1% of global data-centre capacity is in Africa, home to
~18% of the world's people

People ~18%
Capacity <1%

46% of Africa's 211 data centres sit in just four countries

4 countries: 46% the rest of the continent: 54%

13 African countries disrupted by one subsea cable
failure (March 2024)

~1.2 GW Africa's expected data-centre capacity by
2030, about triple today

Today about one third
2030

1 THE RISK

What it means for
insurers

Slow or failed app and
claims connections

Power and network
outages stop digital
service

Data-residency laws force
local hosting where
capacity is scarce

Higher cloud costs and
latency for AI

2 THE RESPONSE

How to design around it

Offline-first apps, with
USSD and SMS fallbacks

Lighter AI models that run
on phones

Multi-cloud and regional
hosting with backups

Satellite links as back-up
connectivity

3 THE UPSIDE

The insurance
opportunity

Data-centre property and
business interruption

Subsea and terrestrial
cable cover

Cyber and outage cover
for digital businesses

Power and
renewable-energy cover
for sites
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DATA  COSTS

The cost of data: Africa, Asia and Latin America

AI ANGLE Where data is dear, AI must be light: USSD, offline-first apps, compressed models and zero-rated insurance journeys.

$3.31
Sub-Saharan Africa average per 1GB, against
$2.59 globally (Cable.co.uk 2023)

$0.12
Per 1GB in Pakistan; India $0.16, Indonesia
$0.28: among the cheapest in the world
(Cable.co.uk 2023)

$0.20
Per 1GB in Colombia; Brazil $0.40, Mexico
$2.03 across Latin America (Cable.co.uk
2023)

9.4%
Of monthly income for a 5GB mobile plan in
low-income countries, vs 0.4% in
high-income (ITU, 2025)

Cost of a 5GB mobile plan, by region
% of monthly income (GNI per capita), median, 2025

UN target 2%

Europe 0.4%

CIS 0.9%

Asia-Pacific 1.4%

World 1.4%

Arab States 1.5%

Americas 1.8%

Africa 5.3%

~4x Africa's median is nearly four times the world's and above the
UN 2% target, though down from 6.6% in 2024.

Note on Africa: prices are falling as Starlink competes: it now undercuts
leading providers in Kenya, Ghana, Zimbabwe and others, pushing
local operators to cut prices.

AI adoption vs the price of data
Share of working-age adults using generative AI (Q1 2026) vs average price of 1GB (Cable.co.uk 2023, latest country edition)

0%

10%

20%

30%

40%

$0.10 $0.30 $1 $3 $10 $50
Average price of 1GB of mobile data (USD, log scale)

Global avg $2.59

World AI use 17.8%

South Africa

Egypt

Nigeria Kenya
Ethiopia

Zambia

Zimbabwe

India

Pakistan

Vietnam

Bangladesh

Mexico

Colombia

United States

United Kingdom

Regional medians, countries shown

$/GB AI use +pts*

Africa 0.67 11.3% +1.5

Asia 0.28 17.6% +3.0

Latin America 0.55 21.0% +3.5

US and UK 3.31 36.8% +5.4

*Change in AI use, H1 2025 to Q1 2026,
percentage points. Several African values are
regional estimates in Microsoft's data.

Cheap data alone does not create AI use
(Pakistan: $0.12/GB, 11%). But high-cost
markets such as Zambia and Zimbabwe
lag, and Africa is growing slowest.

Sources: ITU Facts and Figures 2025 (Feb 2025 prices); Cable.co.uk Worldwide Mobile Data Pricing 2023 (latest edition); Microsoft AI Diffusion Q1 2026; Rest of World, Starlink vs ISP prices in Africa (Jan 2025) 29
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THE  AI  LANDSCAPE

The global AI race: the US, China and the EU
US  AND CHINA: PR IVATE AI INVESTMENT, 2025

United States · $285.9bn 23x China)

China · $12.4bn (plus state guidance funds)

$581.7bn
Global corporate AI investment in 2025, more than double
2024

Gap closing
Top US and Chinese models now perform almost equally;
China leads in AI papers, patents and robots

THE EU : LEADING ON RULES  (AI ACT)

Aug
2024

AI Act enters into force

Feb 2025 Banned AI practices apply

Aug
2025

Rules for general-purpose AI models

Aug
2026

Transparency: disclose AI chat, label deepfakes

Dec 2027 High-risk rules, incl. life and health insurance pricing

7%
Max fine of
global turnover,
or €35m

€200bn
InvestAI target

3 vs 40
Notable EU vs
US models,
2024 China 15

AI ANGLE Most developing markets will use AI built elsewhere: vendor choice, cost, data sovereignty and local languages are strategic.

Sources: Stanford AI Index 2025 and 2026; EU AI Act and Digital Omnibus 2026; European Commission 31



THE  AI  RACE  ·  ILLUSTRATED

Global insurers: the AI race on scale, data, capital and talent

AI ANGLE The US and China race on scale; Africa and Asia can still win lanes: young populations, digital adoption and shared platforms.

Illustration supplied by the speaker · figures on the previous slide 32



THE  AI  LANDSCAPE

AI and insurance milestones for our markets, 2022–2027

Nov 2022

GPT3.5-level AI
costs $20 per
million tokens

Aug 2023

India DPDP Act;
Nigeria NDPA Jun

Jan 2024

Ethiopia bans
petrol and diesel

car imports

Mar 2024

IndiaAI Mission
approved

Aug 2024

EU AI Act enters
into force

Oct 2024

Same AI now $0.07
per million

tokens; Kenya SHA
live

Mar 2025

Kenya National AI
Strategy

Apr 2025

African Space
Agency inaugurated

Jul 2025

Allianz Project
Nemo: agentic

claims

Mar 2026

Zimbabwe National
AI Strategy

Aug 2026

EU AI transparency
rules apply

Dec 2027

EU high-risk
rules, incl. life

and health pricing

AI ANGLE Rules, rails and cheap AI arrived within four years: the window for insurers to act is now, not after 2027.

Sources: Stanford AI Index 2025; NDPA; DPDP Act; IEA; MeitY; EU AI Act & Digital Omnibus; Kenya MICDE; AfSA; Allianz; UN Zimbabwe 33



AI  ADOPT ION

AI adoption: widespread use, very little scale

AI ANGLE Most insurers are using AI; few are scaling it. Scale, not experimentation, is where the value lies.

Sources: McKinsey State of AI 2025; Gartner 2024; Evident 2026; WEF Future of Jobs 2025

THE SCALING GAP

Almost everyone uses AI. Almost no one has scaled it.

88% use AI in at least one function (2025)

79% use generative AI, up from 33% in 2023

~1 in 3 have begun to scale AI programmes

7% say AI is fully scaled across the organisation

INSURANCE SIGNALS

+87%
growth in insurers’ publicised AI
deployments (Q4 2025)

21%
of those deployments are agentic AI; 56%
of them in claims

>95%
of insurers’ shift away from human-only
tasks comes from automation

30%
of GenAI projects expected to be
abandoned after proof of concept

Why pilots stall

Poor data Legacy systems Scarce skills No clear business value

What leaders do differently

Pick a few domains Redesign workflows end to end

Put the CEO in charge of AI governance

34



AI  ADOPT ION

The democratisation of AI: capable AI is now affordable

AI ANGLE AI is no longer a big-insurer advantage: the winners will be those who organise their data and people fastest.

Sources: Stanford HAI AI Index 2025 and 2026

THE COST COLLAPSE

280x
cheaper to run GPT-3.5-level AI,
Nov 2022 to Oct 2024

$20
Nov 2022

$0.07

Oct 2024

Cost per million tokens

1.7%
gap between the best open-weight and closed models (Feb 2025)

Closed Open-weight

53%
of the world adopted generative AI within three years

What it means for smaller insurers
A small insurer in Harare, Lagos or Kathmandu can
now use AI once affordable only to global giants

Routes in

Pay-as-you-go APIs Open-weight models hosted locally

AI inside existing software Shared industry platforms

The new bottleneck
Not model cost, but:

Data quality Skills Governance

Integration with core systems
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A I  B A S I C S

What AI is, and what it is not: a tool for professionals

AI IS
A tool that finds patterns in
data

Fast at reading, sorting and
predicting

Only as good as its data

Improved by expert feedback

A way to free people for
judgement

AI IS NOT
A replacement for
professional judgement

Always right, or able to
explain itself unaided

Owned by the IT department

Magic: it needs clean data and
process

Accountable: people are

Built by engineers, used by professionals
Every great professional tool follows the same pattern

Calculator
BUILT BY

Engineers

USED AND INTERPRETED BY

Accountants and actuaries, who
know whether the answer makes
sense

Stethoscope
BUILT BY

Medical-device engineers

USED AND INTERPRETED BY

Doctors, who know what the
sounds mean for the patient

First invented by a doctor, René Laennec,
in 1816

AI
BUILT BY

IT and data teams

USED AND INTERPRETED BY

Underwriters, actuaries and
claims teams, who judge the
output

WHO DOES WHAT

IT and data teams THE ENABLERS

Build, connect, secure and run the AI tools and data

Business professionals THE USERS

Underwriters, actuaries, claims and finance teams use AI in daily
work

Every professional THE JUDGES

Check the output, decide, and stay accountable for the result

AI ANGLE AI is a tool, not a department: IT enables it, but every professional must learn to use it and to judge what it says.

Framework: presenter’s synthesis 36



A I  B A S I C S  ·  A N  A N A L O G Y

From ear to AI: technology amplifies expertise

BEFORE 1816

Ear, hands and tapping

Ear directly on the chest or back

Palpation and percussion, common
from the 18th century

Awkward, unhygienic, inconsistent

1816

Laennec’s tube

A rolled paper tube carried heart
sounds

Then a wooden, single-ear
stethoscope

More accurate, private, practical

19TH–20TH CENTURY

The binaural stethoscope

Two earpieces become standard

Clearer sound, greater consistency

Part of every examination

TODAY

Electronic and digital

Sounds recorded, amplified and
visualised

AI flags patterns and possible
issues

The doctor interprets and decides

NEXT

AI-augmented care

AI combines sounds, imaging and
history

Earlier detection and real-time
support

The doctor stays at the centre

THE EVOLUTION Ear on the chest Rolled paper tube Wooden monaural Binaural Electronic and digital AI-assisted sound analysis

THE INSURANCE PARALLEL Just as the stethoscope amplified what doctors could hear, AI amplifies what insurance professionals can see in data.

Actuary + AI
Richer models; faster scenario analysis; better pricing
and reserving

Underwriter + AI
Richer risk insight; automated data analysis; faster
decisions

Claims assessor + AI
Faster triage; fraud flags; consistent, quicker
settlement

Risk manager + AI
Earlier warnings; scenario forecasting; emerging risks
spotted

AI ANGLE The stethoscope did not replace the doctor; it changed what the doctor could hear. AI does the same for insurance professionals.

History: René Laennec, 1816. Images: presenter’s illustration 37



C A S E  S T U D Y  ·  W E S T  A F R I C A ’ S  F I R S T  T E L E - R O B O T I C  S U R G E R Y

Tele-robotic surgery: a surgeon in Ogun, a patient in Abuja
SATURDAY 19 SEPTEMBER 2026

Surgeon

Patient

Redeemer’s Health Village,
Ogun State

Nisa Premier Hospital,
Abuja

~500 km, live

~3 hours
operation, in real time

Toumai
Chinese-made robotic surgical
system

Starlink
primary link, with MTN broadband
as backup

Kidney cancer
robot-assisted right radical
nephrectomy

How it worked

1

Surgeon at the
console
Professor Obi
Ekwenna-Davis operated
from Ogun State

2

Commands sent live

Over Starlink, with MTN as
backup

3

Robot in theatre

Toumai robot in Abuja,
local team monitoring

4

Tumour removed

Cancerous kidney taken
out

What it means for insurers

OPPORTUNITIES

Specialist surgery without travel, including from
diaspora experts

Lower medical-tourism costs for health schemes

New cover for robotic and remote procedures

NEW RISKS TO PRICE

Liability shared across two hospitals and states

Connectivity and cyber failure mid-operation

Device and software failure; patient consent

AI ANGLE The robot extends the surgeon’s hands; the surgeon still decides. AI in insurance should work the same way.

Sources: Tribune Online; Pulse Nigeria; Leadership (September 2026), reporting on Redeemer’s Health Village, RoboMed Global and Nisa Premier Hospital 38



AI  BAS ICS  ·  ILLUSTRATED

Key concepts in AI: building blocks for intelligent solutions in insurance

AI ANGLE Seven building blocks, six enablers, one purpose: better risk, better service and lower cost for customers.

Illustration supplied by the speaker

Since 1970s Since 1959 Breakthrough 2012 Since 1954 Since 1966

Since 2014

Since 2018
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THE  AI  LANDSCAPE

Major AI models, and the risks every insurer must manage
Model family Developer Access What insurers should check

GPT OpenAI US Closed, API Data residency, contract terms, cost at scale

Claude Anthropic US Closed, API Data residency, contract terms, cost at scale

Gemini Google US Closed, API Data residency, integration with cloud stack

Llama Meta US Open-weight Self-hosting security and support

DeepSeek, Qwen DeepSeek, Alibaba China Open-weight Jurisdiction, data flows, export rules

Mistral Mistral AI France Open and closed EU-aligned options; local hosting

40 / 15 / 3
Notable AI models from the US /
China / Europe 2024

Risks common to all models
Confident errors · bias · data leakage · prompt injection and jailbreaks · deepfakes ·
vendor lock-in · cross-border data transfer · model changes without notice

AI ANGLE Choose models on data terms, jurisdiction and control, not headlines, and test every model on your own claims and policy data.

Sources: Stanford HAI AI Index 2025; developer documentation · no ranking or endorsement implied 40



AI  MODELS  ·  ILLUSTRATED

AI models for insurance: different strengths, one goal

AI ANGLE No single model wins every race: pick by task, keep the option to switch, and judge each one on value for customers.

Illustration supplied by the speaker · model descriptions indicative 41



AI  LANDSCAPE  ·  THE  MAP

From machine learning to agentic AI: five layers, one map
KEY TECHNOLOGIES

Attention Transfer learning LLMs Transformers CNNs

LSTMs

AGENT CAPABILITIES

Agent protocols Intent preservation Coordination

State persistence Rollback

AGENT MANAGEMENT

Task scheduling Rollback Self-improvement

Feedback loops

FOUNDATION CREATION ACTION FULL AUTOMATION

1

AI & ML
Foundation

Natural language processing

Reasoning and problem solving

Classic machine learning

Transformers

Convolutional models (CNNs)

Recurrent networks (LSTMs)

2

Deep learning
Foundation

Large language models (LLMs)

Transfer learning

Attention mechanisms

Recurrent networks

Convolutional networks

Deep belief networks

3

Gen AI
Creation

Create new content

Multimodal: text, image, audio

Prompt engineering

Retrieval-augmented generation

Speech interfaces

Self-reflection and error recovery

4

AI agents
Action

Act on goals, not prompts

Task scheduling and prioritisation

Goal decomposition

Human-in-the-loop oversight

Tool use

Planning

5

Agentic AI
Full automation

Pursue goals autonomously

Long-term autonomy and goal
chaining

Governance, safety and guardrails

Memory governance

Observability and tracing

Delegation and hand-off protocols

OUTPUTS & INTERFACES

Code generation Speech interfaces Video generation

Tool deployment and validation

GOVERNANCE & FUTURE

Safety measures Regulatory compliance Explainability

Human oversight of every high-stakes decision

Map: presenter’s synthesis 42



FORMS  OF  AI

Forms of AI: predictive, generative and beyond

Predictive AI
Learns from past data to forecast outcomes and score risk.

Uses: risk scoring and pricing, fraud, lapse and churn,
catastrophe and climate models, reserving

Needs: clean data with known outcomes · Watch: bias and drift

Generative AI
Understands and creates text, images, code and speech.

Uses: local-language chat, reading claims documents,
summarising wordings, underwriter assistants, drafting

Needs: good documents, prompts, guardrails · Watch:
confident errors, data leakage

Modern forms, and an insurance use
Machine learning: patterns and predictions, e.g. pricing

Deep learning: neural networks for images, speech, text

Large language models: chatbots, document review

Computer vision: damage from photos and satellite
images

Multimodal AI text, image and audio together: whole
claim files

Agentic AI plans and completes multi-step tasks, e.g.
simple claims end to end, with human oversight

AI ANGLE A strong strategy uses both predictive and generative AI, with governance for each.

Framework: presenter s̓ synthesis · metrics for each AI type on the following slides 43



AI  TYPES  ·  1  OF  4

Predictive AI and machine learning: the proven workhorse

$400bn
Of McKinsey s̓ $1.1tn insurance AI value from
pricing, underwriting and promotion

Decades
Of use in credit scoring, fraud and pricing: the
most mature AI in insurance

Bias + drift
The two risks every predictive model must be
monitored for

Pricing and underwriting
Scores risk from many variables: telematics, mobile data,
satellite, claims history

Fraud detection
Scores every claim and links related
parties across files

Retention and lapse
Predicts who will cancel, so agents call
before they do

Reserving and forecasting
Projects claims development faster and
at finer detail

Catastrophe and climate
Estimates losses from hazard, exposure and
vulnerability data

Needs
Clean historical data with known outcomes, and
actuarial validation

AI ANGLE Predictive AI is where most insurance profit impact comes from today; start here if your data is ready.

Source: McKinsey & Company, estimate of AI value in insurance US$1.1tn) 44



AI  TYPES  ·  2  OF  4

Generative AI: from documents to dialogue

AI ANGLE Generative AI lifts productivity fastest; its value depends on your own documents, guardrails and training.

Sources: McKinsey State of AI 2025; Stanford AI Index 2026; IBM Cost of a Data Breach 2025 45



AI  TYPES  ·  3  OF  4

Multimodal AI: reading, seeing and hearing the whole claim

1% → 40%
Share of GenAI solutions that are multimodal,
2023  2027

Text + image + voice
Processed together in one model, not
separate tools

Voice first
Serves customers with low literacy in local
languages

Motor claims
Photos, repair quotes and police report
assessed together

Property after a catastrophe
Drone and satellite images matched to policies
and addresses

Health and life
Medical reports, scans and forms read
in one pass

Voice claims
Customers report a loss by voice note on
WhatsApp

Video surveys
Remote inspections of homes, farms and small
businesses

Identity checks
ID photo plus selfie, with deepfake
detection

AI ANGLE Multimodal AI fits our markets: phones capture photos and voice where forms and branches do not reach.

Source: Gartner Sept 2024 46



AI  TYPES  ·  4  OF  4

Agentic AI: from assisting work to running processes

80%
Faster claims at Allianzʼs
Project Nemo, with seven AI
agents

21%
Of insurersʼ AI deployments
are agentic; 56% in claims

15%
Of daily work decisions made
by agents by 2028 0% in
2024

40%+
Of agentic projects expected
to be cancelled by 2027

How it works: Allianz Project
Nemo
A planner agent directs coverage,
weather, fraud, payout, audit and cyber

agents
Food-spoilage claims under AUD500

settled in hours, not days
Built in under 100 days; a person
approves every payout

Where agents fit in insurance
Simple, high-volume claims from notice
to payment

Underwriting triage and policy servicing
Reinsurance bordereaux checks and

reconciliations

Guardrails
Human sign-off on payments and
declines

Limited permissions and full audit trails
Beware “agent washingˮ: 130 genuine

vendors

AI ANGLE Agentic AI moves AI from helping staff to running processes: start with simple claims and keep a human in charge.

Sources: Allianz 2025; Evident 2026; Gartner June 2025 47



AI  AUTONOMY

A second dimension: how much autonomy does the AI have?
Low autonomy High autonomy: more controls needed

1
Assist
AI drafts or summarises;
a person decides and
acts

Example: Draft a claim
letter; summarise a file

Human: Owns every
output

2
Recommend
AI suggests an option
with reasons

Example: Reserve
estimate; next-best offer

Human: Accepts or
overrides

3
Decide
AI decides within set
limits and rules

Example: Auto-approve
claims below a threshold

Human: Sets limits,
audits samples

4
Execute
AI acts directly in
systems

Example: Parametric
payouts; policy changes

Human: Monitors, can
stop it

5
Coordinate
Agents run multi-step
workflows across
systems

Example: First notice to
settlement Allianz
Nemo)

Human: Approves
payouts, reviews audit
trail

Match autonomy to risk: low-value, reversible, high-volume tasks can go higher; declines, large claims and pricing stay at Recommend. Regulators

expect human oversight of high-risk AI, such as life and health pricing under the EU AI Act.

AI ANGLE Ask two questions of every AI use case: which type of AI, and how much autonomy? The second decides the governance.

Framework: presenter s̓ synthesis · EU AI Act Reg. 2024/1689, Art. 14 human oversight 48



AI  TYPES  ·  THE  CORE  S IX

Core AI types for insurance

AI ANGLE Match the AI to the problem, not the hype: many “agenticˮ use cases need only a good predictive or document model.

Framework: presenter s̓ taxonomy · maturity ratings are indicative

MATURITY Early Emerging Scaling fast Proven Mature

Predictive / ML
Mature

BEST AT Scoring and forecasting

USE Pricing, fraud, lapse, reserving, mortality

Watch: Bias, drift

Generative / LLM
Scaling fast

BEST AT Language generation

USE Claims letters, policy Q&A, summaries

Watch: Hallucination, leakage

Computer vision
Proven

BEST AT Images and video

USE Vehicle damage, property inspection,
document images

Watch: Manipulated images

OFTEN THE FIRST AI WINDocument AI / IDP
Mature

BEST AT Documents and forms

USE Claims forms, IDs, invoices, medical reports:
insurance still runs on them

Watch: Poor scans, extraction errors

Multimodal AI
Emerging

BEST AT Text + image + audio

USE Analyse complete claim packs in one pass

Watch: Privacy, complexity

Agentic AI
Early

BEST AT Multi-step execution

USE Coordinate first notice, assessment and
settlement

Watch: Compounding errors

49



AI  TYPES  ·  SPEC IAL ISTS

Specialist AI types that do the heavy lifting

AI ANGLE Specialist AI often delivers value before headline AI: speech, geospatial and anomaly detection are mature and proven today.

Framework: presenter s̓ taxonomy · maturity ratings are indicative

MATURITY Early Emerging Scaling fast Proven Mature

Speech / voice AI
Mature

BEST AT Audio and conversations

USE Voice first notice of loss, call transcription,
sentiment

Watch: Consent, accents

Graph AI
Emerging

BEST AT Relationships and networks

USE Fraud rings, linked claims, provider networks

Watch: Explainability

Anomaly detection
Mature

BEST AT Finding unusual patterns

USE Suspicious claims, unusual payments

Watch: False positives

Geospatial AI
Mature

BEST AT Location-based risk

USE Flood, fire, catastrophe and property
exposure

Watch: Data quality

Optimisation AI
Mature

BEST AT Best allocation or action

USE Claims routing, workforce, reinsurance
structures

Watch: Wrong constraints

Recommendation AI
Mature

BEST AT Next-best action

USE Cover recommendations, retention offers

Watch: Bias, suitability

Also in
the toolkit

NLP Mature
Wordings, complaints, claims notes
Watch: context errors

Time-series AI Mature
Claims frequency, cash flow, lapse
Watch: regime change

Causal AI Emerging
Drivers of lapse and severity
Watch: causal assumptions

Reinforcement learning Specialist
Dynamic interventions
Watch: control, stability

50



AI  TYPES  ·  PHYS ICAL  AI

Physical AI: robots, drones and autonomous machines

AI ANGLE
Physical AI takes AI off the screen and into the world: insurers use it to inspect risk, and must learn to insure the machines
themselves.

Sources: IFR World Robotics 2025; Zipline Jan 2026; Waymo via TechCrunch 2026

Machines already at work

ROBOTS

542k industrial robots installed in 2024

4.7m now in use worldwide

DRONES

2m+ Zipline deliveries, incl. Rwanda,
Ghana, Nigeria, Kenya

120m+ autonomous miles flown (Jan 2026)

ROBOTAXIS

500k paid driverless rides a week
(Waymo, 2026)

1 How insurers use it

Drones survey roofs, crops and
mines safely

Post-catastrophe damage
assessed in hours, not weeks

Sensors and robots inspect plants
and pipelines

AI vision on drone images feeds
pricing and claims

2 New risks to price

Drone hull, payload and third-party
liability

Robot and cobot product liability
and injury

Cyber attacks that move machines
(cyber-physical)

Business interruption when robots
or fleets fail

3 What changes in the portfolio

Liability shifts from workers to
makers and software

Fewer workplace injuries, costlier
equipment claims

Aviation and safety rules for
drones differ by country

Autonomy data enables
usage-based pricing

51



DOMAIN  AI  ·  CONCEPT

InsuranceGPT: domain-expert AI for a smarter, more resilient industry

AI ANGLE A general model knows language; a domain model knows insurance. Ground it in your own guidelines, data and rules, and govern it.

Concept illustration supplied by the speaker 52



AI  TYPES  ·  WORK ING  TOGETHER

How AI types work together on one motor claim
1

Customer
reports accident

Voice note, app, call

2
Speech / NLP
captures FNOL

First notice of loss

3
Document AI

reads documents

Forms, IDs, invoices

4
Computer vision
assesses damage

From vehicle photos

5
Predictive ML
scores the claim

Fraud and severity

6
Graph AI

checks links

Fraud networks

7
Generative AI

drafts

Summaries, letters

8
Optimisation AI

routes

Right handler, fast

9
Agentic AI
coordinates

Approved steps

10
Human + rules

approve

High-risk decisions

11
Payment

+ monitoring

Pay, audit, learn

Perception and scoring AI Language and routing AI Orchestration People and rules Payment

IN  PRACT ICE
Aviva cut complex liability checks by 23 days; Allianz settles simple claims 80% faster. The same stack can run on
WhatsApp and mobile money in our markets.

AI ANGLE
Think in capabilities, not labels. Most production insurance solutions are compound AI systems combining deterministic rules,
predictive models, document and vision models, generative models and workflow orchestration. Agentic AI should be introduced
where autonomous multi-step execution genuinely adds value.

Framework: presenter s̓ synthesis · Allianz Project Nemo 2025; McKinsey Aviva case study 53



AI  TYPES  ·  WORK ING  TOGETHER

How AI types work together on one life policy application
1

Customer
applies

App, USSD, agent

2
Conversational AI
takes application

Local languages

3
Document AI

reads documents

ID, payslips

4
Computer vision
verifies identity

Selfie liveness vs ID

5
Predictive ML
scores the risk

Mortality, lapse

6
Graph AI

checks links

PEP, sanctions

7
Generative AI

drafts

Policy summary

8
Optimisation AI

routes

Auto-issue or refer

9
Agentic AI
coordinates

Medicals, KYC

10
Human + rules

approve

Referred cases

11
Policy issued
+ premiums

Mobile money

Perception and scoring AI Language and routing AI Orchestration People and rules Issue and collect

IN  PRACT ICE

AI ANGLE
Life onboarding is where AI grows the market: faster, cheaper, fairer applications reach customers branches never could, with a
person deciding the hard cases.

Framework: presenter s̓ synthesis · underwriting outcome as reported by the speaker

The speaker’s KaribuTech AI suite cut underwriting from weeks to days. The same flow runs on USSD, WhatsApp
and mobile money.
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KEY  TECH  DETAILS

Key AI technology: the stack and the terms
THE AI STACK  (READ BOTTOM-UP)

Channels
Apps, USSD, WhatsApp, portals, agent
tools

AI and models Predictive models, LLMs, vision, AI agents

Integration APIs to core systems, partners, payments

Data platform
Warehouse or lake, single customer view,
quality

Infrastructure Cloud or hybrid hosting, compute, backup

Across all
Security and governance: identity,
encryption, monitoring, model risk

TERMS  EVERY  EXECUTIVE SHOULD KNOW

LLM Large language model: reads and writes text

RAG AI answers from your own documents

Fine-tuning Further training on your own data

API Connection that lets systems exchange data

OCR / IDP Extracting data from scanned documents

MLOps Deploying, monitoring, updating models

Model drift Accuracy falls as conditions change

Explainability Showing why a model decided

AI ANGLE Most AI projects stall at the data layer, not the model layer: fix data and integration first.

Framework: presenter s̓ synthesis · terms per common industry usage 55



KEY  TECH  ·  FOR  OUR  MARKETS

AI technology that matters most for Africa and developing markets

280×
Fall in AI running costs, Nov
2022  Oct 2024

1.7%
Gap between best open-weight
and closed models 2025

2.2bn
People still offline; 96% in low-
and middle-income countries

<1%
Africa s̓ share of global data-
centre capacity

Technology Why it matters here Insurance use

Small language models SLMs Run on a laptop, phone or local server; far cheaper Chatbots and claim summaries kept in-country

Open-weight models Fine-tune on your own data; no vendor lock-in Local-language assistants, underwriting copilots

Edge and offline AI Works without constant connectivity Agent apps that price and onboard offline, sync later

Speech and local-language AI Voice serves low-literacy and non-English users Voice claims, IVR and WhatsApp in local languages

Document AI OCR / IDP Turns paper records into usable data IDs, medical forms, receipts, legacy policies

Satellite and geospatial AI Data where there are no records Crop, flood and drought parametric cover

Federated learning Models learn across firms without sharing raw data Industry fraud and pricing models within data laws

AI ANGLE Small, open, offline-capable AI fits our markets: cheaper, kept in-country, and works where networks are weak.

Sources: Stanford AI Index 2025; ITU Facts and Figures 2025; Heirs Technologies via Ecofin 2025 · technology list: presenter s̓ synthesis 56



CO-TECHNOLOGY  ENABLERS

AI at the centre: the technologies that make it work in insurance

AI ANGLE AI is only as good as the rails around it: identity, payments, sensors, connectivity and automation turn predictions into paid claims.

AI
predict · decide · act
brain of the stack

Blockchain
Smart-contract parametric
payouts, shared claims and
fraud registers Cloud & edge

Pay-as-you-go compute;
models that run offline on a
phone

IoT & telematics
Cars, homes, health wearables
and farm sensors feeding risk
data

Mobile money & APIs
Premium collection, instant
payouts, embedded cover

Satellite & geospatial
Crop, flood and property data
where records are thin

5G & open networks
Low-latency connectivity for
real-time service and claims

Digital identity
e-KYC, biometrics and address
validation for remote
onboarding

Automation & BPM
Workflow engines and RPA that
turn AI decisions into actions

Framework: presenter s̓ synthesis 57
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AI accelerators
for insurance
Satellites, quantum, data centres, renewable energy, blockchain, payments and crypto.



FRONT IER  TECHNOLOGY

Satellites and AI: reaching rural markets from space

8,600+
Starlink satellites in orbit Oct
2025

7m+
Starlink subscribers in 150+
countries Aug 2025

~300k
Starlink customers in 26 African
markets Jun 2026

170m+
Airtel Africa customers in 14
countries getting satellite-to-
phone from 2026

2.2bn
People still offline; 96% in low-
and middle-income countries

58% vs 85%
Rural vs urban internet use
worldwide

4% vs 84%
5G coverage in low- vs high-
income countries

67k
Zimbabwes̓ Starlink users,
Africa s̓ fastest-growing market

The space race
Earth-observation satellites feed AI risk models; India s̓ Moon landing
2023, the African Space Agency 2025, ZimSat-1 2022; satellites
are a new risk class

What rural connectivity means for insurers
Digital sales and claims in villages, video surveys, farm sensors and
parametric data; but a $39/month plan plus $216 kit limits reach

AI ANGLE
Satellites bring rural customers online and AI turns satellite data into prices and payouts: together they open markets branches never
reached.

Sources: TeleGeography; Space in Africa 2026; AfSA 2025; ZimSat-1 2022; Airtel Africa; ITU 2025 59



FRONT IER  TECHNOLOGY

Quantum technology: AI’s next accelerator, and a security threat

$97bn
Potential quantum
technology revenue by
2035

$28–72bn
Of that from quantum
computing alone

~$2bn
Invested in quantum
start-ups in 2024, up
50%

2024
Year the US NIST
published quantum-safe
encryption standards

The threat
Quantum computers could break
todayʼs public-key encryption.
Attackers can steal data now and
decrypt it later

The opportunity
Faster catastrophe simulation,
portfolio optimisation and precise
quantum sensing to feed AI models

What to do now
Inventory where encryption is used,
ask vendors for quantum-safe
plans, protect decades-long life and
health data first

AI ANGLE
Quantum could turbocharge AI modelling, but insurers holding long-lived personal data must prepare for quantum-safe encryption
now.

Sources: McKinsey Quantum Technology Monitor 2025; US NIST FIPS 203205 60



A I  A C C E L E R A T O R S  ·  D A T A  C E N T R E S

Data centres and AI compute: the engine room of AI
AFRICA’S COMPUTE GAP

Share of the world’s people vs data-centre capacity

People ~18%

Capacity <1%

46%
of Africa’s 211 data centres sit in just four
countries

~1.2 GW
of capacity expected by 2030, about triple
today

Africa’s first AI factory
Cassava Technologies with NVIDIA

$720m maximum planned investment

3,000 NVIDIA GPUs in South Africa first

12,000 GPUs across Africa in three to four years

Hubs: South Africa, Kenya, Nigeria, Egypt, Morocco

What it means for insurers

Run AI close to home
Data stays in-country, meeting sovereignty
rules

Rent, don’t buy
Pay-as-you-go GPUs instead of owning
hardware

Insure the build-out
Property, power, cyber and business
interruption for data centres

Plan for power
Energy and cooling are the new limits on AI

AI ANGLE AI runs on compute: local data centres make AI cheaper, faster and sovereign, and give insurers a new line to cover.

Sources: Heirs Technologies via Ecofin (2025); Data Centres in Africa 2026 via TechEconomy; Bloomberg and DCD on Cassava–NVIDIA (2025) 61



A I  A C C E L E R A T O R S  ·  R E N E W A B L E  E N E R G Y

Renewable energy: the power behind AI in our markets
AFRICA’S SOLAR PARADOX

60%
of the world’s best solar resources

1%
of installed solar PV capacity

~600m Africans still lack electricity; Mission 300 aims to
connect 300 million by 2030 (World Bank and AfDB)

AI runs on electricity
Global data-centre electricity use (IEA)

415 TWh

2024

945 TWh

2030 (projected)

more than double

How renewables accelerate AI, and what insurers can do

Keep AI running
Solar and batteries keep data centres,
towers and branches up through
load-shedding

Reach the offline
Mini-grids and solar homes bring phones,
data and digital cover to rural customers

Smarter energy
AI forecasts solar output and battery
health from inverter data (e.g. Voltron)

New lines to insure
Solar assets, performance shortfall and
parametric cover for generation

AI ANGLE Cheap, clean power is an AI accelerator: where the sun is strongest, AI can be cheapest, if we build the solar.

Sources: IEA Africa Energy Outlook 2022 and Energy and AI (2025); World Bank and AfDB, Mission 300 (2025) · Voltron: KaribuTech AI 62



A I  A C C E L E R A T O R S  ·  B L O C K C H A I N

Blockchain and insurance: one shared version of the truth
What blockchain adds

Shared ledger
every party sees the same record

Smart contracts
pay automatically when conditions are met

Tamper-proof history
claims, policies and payments cannot be quietly changed

Tokenisation
investments and assets split into small, tradable units

AI + BLOCKCHAIN

AI decides and predicts; blockchain records the
decision and executes the payment, so every step
can be audited.

Where it fits in insurance

Parametric payouts
Smart contracts pay farmers when weather data crosses
a trigger

Shared fraud registry
Insurers check claims against one tamper-proof record

Reinsurance settlement
Treaties, bordereaux and payments reconciled on one
ledger

Reusable digital identity
KYC done once, shared with consent across insurers

Tokenised investments
Small savers access fractional assets, as in BluFountain
Invest

Proof of cover
Policies verifiable instantly by hospitals, garages and
borders

LESSON FROM THE FIRST WAVE

Industry blockchain consortia such as B3i struggled and closed: a shared ledger only pays off when many parties need one
truth and share the business case. Start with parametric cover, fraud data or reinsurance settlement.

AI ANGLE Blockchain makes AI decisions trustworthy and payable: use it where many parties must agree on one record.

Framework: presenter’s synthesis · BluFountain Invest: KaribuTech AI 63



A I  A C C E L E R A T O R S  ·  D I G I T A L  P A Y M E N T S

Digital payments and crypto: the rails for premiums and claims

2.3bn
registered mobile money accounts worldwide
(GSMA)

$205bn
crypto value received in sub-Saharan Africa,
Jul 2024–Jun 2025, up 52%

~43%
of that regional volume is in stablecoins

98%
of Nigeria’s eNaira wallets were inactive by
2023

Mobile money
MATURE, MASS REACH

FOR INSURERS
Collect small premiums
Pay claims in minutes

AI ROLE

Airtime and wallet data for risk scoring

Risk: Agent fraud, SIM swap

Instant payments and cards
GROWING FAST

FOR INSURERS
Real-time payouts
Auto-debits for renewals

AI ROLE

Predict failed debits; retry at payday

Risk: Chargebacks, data breaches

Stablecoins and crypto
FAST-GROWING, LIGHTLY REGULATED

FOR INSURERS
Cross-border premiums
Diaspora-funded cover

AI ROLE

Screen wallets for AML and sanctions

Risk: Volatility, legal uncertainty

Central bank digital currencies
EARLY, SLOW UPTAKE

FOR INSURERS
Programmable payouts
Government scheme links

AI ROLE

Match payments to policies automatically

Risk: Low adoption so far

WHAT THIS MEANS FOR INSURERS

Build on mobile money now; test stablecoin rails for diaspora and cross-border cover only within clear regulation and AML controls.

AI ANGLE Premiums and claims move at the speed of the payment rail: AI plus instant rails turns weeks of waiting into minutes.

Sources: GSMA State of the Industry Report on Mobile Money; Chainalysis Geography of Cryptocurrency 2025; IMF via Milken Institute (2025) 64
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Where AI adds value across
the insurance value chain
From product and distribution to claims, finance, lines of business and every role in the industry.



SELF-ASSESSMENT  ·  FROM  PAPER  TO  AI

From paper to AI: where is your organisation?

AI ANGLE You donʼt need level 3 everywhere to start with AI, just one process with good data.

Framework: presenter s̓ synthesis of common digital-maturity models

1 LEVEL 1

Paper-based

Manual forms, branch-led sales, claims
handled file by file

2 LEVEL 2

Digitised

Paper becomes records: a core system,
scanned documents, basic reporting

3 LEVEL 3

Digitalised

Processes go digital: mobile and online
channels, partner APIs, dashboards

4 LEVEL 4

AI-enabled

Systems learn from data: models price,
flag fraud and triage claims in real time

SHOW OF HANDS

Which level describes
your company?

Most of our markets sit here, between levels 1 and 2 AI multiplies the value of digitalisation,
and needs it in place
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BLUFOUNTAIN  AI  INSURANCE  MATUR ITY  MODEL

From paper to AI-first: five levels, six dimensions

AI ANGLE Most insurers in our markets sit at level 2 or 3; the jump to level 4 is about data and governance, not buying more AI.

Source: KaribuTech AI, BluFountain AI Insurance Maturity Model (proprietary)

1 Manual
Paper files, branches,
spreadsheets

2 Digitised
Core systems and e-forms; data
captured but siloed; first chatbot

3 Data-driven
Single customer view, dashboards,
first predictive models in pricing or
fraud

4 AI-assisted
AI in claims, underwriting and
service with humans deciding;
model governance in place

5 AI-first
Agentic workflows, embedded
products, shared platforms; AI
governed at board level

MOST INSURERS IN OUR MARKETS

FIVE
LEVELS

SIX DIMENSIONS

Strategy No plan IT project Use-case list Board-owned AI strategy AI in the business model

Data Paper Siloed systems Single customer view Governed data platform Shared industry data

Technology Spreadsheets Core system Cloud, APIs ML platform, MLOps Agents, shared platforms

People Clerks Digital team Analysts AI squads, reskilled staff AI-literate whole company

Governance None IT controls Data policy Model inventory, validation Board AI oversight, audit

Customer Branch Web forms Digital self-service Personalised, fast claims Embedded, proactive cover
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WHERE  AI  ADDS  VALUE

Five places AI pays off across the value chain

AI ANGLE Start where your data is best and your losses are largest; the next two slides go deeper.

Framework: presenter s̓ synthesis · sources on the deep-dive slides

01

Product design

TODAY

Products that don’t fit
informal incomes

WITH AI

Designs micro,
usage-based and
parametric covers from
customer data

Cover people can afford

02

Distribution

TODAY

High cost to reach rural
customers

WITH AI

Chatbots and tailored
offers on mobile-money
and telco platforms

Wider reach, lower cost

03

Underwriting

TODAY

Thin data, broad risk pools

WITH AI

Prices risk with alternative
data: mobile, satellite,
telematics

Fairer prices, better loss
ratios

04

Claims

TODAY

Weeks of paperwork

WITH AI

Photo-based assessment,
automated triage and fast
payment

Faster payouts, more trust

05

Fraud

TODAY

Leakage hidden in manual
files

WITH AI

Anomaly detection flags
suspicious claims and
networks

Less leakage, stronger
controls

In insurance, the claim is the product. AI helps us keep that promise faster.
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AI  ACROSS  THE  L IFECYCLE  ·  1  OF  4

AI-driven new business: from lead to issued policy

AI ANGLE In new business, speed wins: AI frees underwriters for judgement and answers brokers and customers before competitors do.

Sources: Accenture underwriting survey (via Insurance Business); Capgemini; McKinsey & Company

The evidence

40% of underwriters’ time spent on
non-core and admin work

10% of submissions some
underwriters manage to
answer

41% of P&C underwriter time on
admin and operations

$400bn AI value from pricing,
underwriting and promotion

Step by step
WHAT AI DOES AI TYPES KPI TO TRACK

1
Lead and quote
Next-best offer, local-language chat and instant quotes in partner
apps

Recommendation GenAI Conversion, cost per policy

2
Onboarding and KYC
Reads IDs and forms, checks selfie liveness and deepfakes

Document AI Vision Time to issue, drop-off

3
Submission intake
Extracts data from broker emails, forms and schedules

GenAI Document AI Quote turnaround time

4
Risk assessment
Scores risk with mobile, satellite and telematics data

Predictive Geospatial Loss ratio by segment

5
Issuance
Straight-through for simple risks; documents drafted automatically

Agentic GenAI Straight-through rate
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AI  AND  NEW  BUS INESS

Underwriting data in our markets vs Europe and the US
Data source In our markets (examples) Europe / US comparison Underwriting use

Payments MPesa, MTN MoMo, EcoCash; India s̓ UPI
21.7bn payments a month)

Card and bank-account data, credit
bureaus

Affordability, stability, fraud

Identity National IDs and mobile SIM registration Mature ID and address registries KYC, fraud, duplicate policies

Satellite and
weather

Crop, flood and drought indices; AI weather
models

Detailed flood and property maps Agri, property, parametric
pricing

Vehicles Telematics on fleets and ride-hailing; EV data
Ethiopia)

High telematics use; national claims
databases

Usage-based motor pricing

Health Mobile health records; hospital network data Electronic health records Life and health underwriting

Industry data Shared fraud and claims data still limited Industry claims and fraud databases Fraud detection,
benchmarking

Europe and the US have deeper historical data; our markets have faster-growing digital data, especially from mobile money.

AI ANGLE Our data advantage is mobile and satellite data; our gap is shared industry data, which associations and regulators can close.

Sources: NPCI via Entrackr Jan 2026; GSMA 2026; presenter s̓ synthesis of market data sources 70



DATA  ·  SYNTHES IS

New data with AI: synthetic data where history is thin

60%
Of AI training data synthetic by
2024 Gartner s̓ 2021 prediction

2030
When Gartner expects synthetic
data to overshadow real data in
AI

<17%
Of African farmers insured: little
loss history to learn from

4
Data laws in our markets limiting
use of personal data NG, KE,
ZW, IN

Use case How synthetic data helps Watch-out

Fraud detection Creates rare fraud examples so models learn to spot them Must mirror real fraud patterns

New products and
markets

Simulates loss histories for micro and parametric cover Validate as real claims arrive

Sharing and pooling Realistic data for vendors, reinsurers and AIRDC pools, no
personal data

Test re-identification risk

Fairness Rebalances under-represented groups in training data Document and audit every change

Catastrophe scenarios Generates extreme events missing from history Anchor to hazard science

System testing Realistic test data for new core and AI systems Keep separate from production

AI ANGLE Synthetic data fills the gaps where our markets lack history, but it must be validated against reality, never replace it.

Sources: Gartner 2021 predictions); Africa Re; national data protection laws · use cases: presenter s̓ synthesis 71



AI  ACROSS  THE  L IFECYCLE  ·  2  OF  4

AI-driven premiums and billing: collect more, lose fewer policies

AI ANGLE AI turns premium collection from a monthly chase into a predicted, automated flow, cutting lapses where margins are thinnest.

Sources: GSMA Mobile Money 2026; NPCI via Entrackr Jan 2026; Microinsurance Network Landscape 2024

The evidence

$2tn+
moved through mobile money
in 2025, across 2.3bn
accounts

21.7bn UPI payments in India in a
single month (Jan 2026)

15%
of African micro products
used mobile money in 2023,
up from 12% in 2022

17%
of African micro products
relied on cash in 2023, down
from 22% in 2022

Step by step
WHAT AI DOES AI TYPES KPI TO TRACK

1
Collection
Mobile money, UPI, wallet and airtime debits; retries timed to
paydays

Predictive Optimisation Collection rate

2
Lapse prevention
Predicts who will miss a payment; nudges, grace offers, cover
downgrades

Predictive Recommendation Persistency, lapse rate

3
Reconciliation
Matches payments to policies and clears unallocated cash

Document AI Anomaly Unallocated cash, days

4
Flexible pricing
Pay-as-you-go, micro-instalments, usage-based premiums

Predictive Time-series Premium per customer

5
Controls
Flags unusual refunds, commissions and payment fraud

Anomaly Graph Exceptions flagged
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R ISK  MODELS

Risk models and AI: from tables and triangles to living models

$424bn
Global natural-catastrophe
protection gap, 2025

27.3%
Of expected cat losses covered
by insurance worldwide

1 in 3
South African homes
underinsured by up to 30%

Art. 14
EU AI Act: human oversight of
high-risk models

Model Traditional With AI Watch-out

Catastrophe Hazard maps, few events Satellite, weather and exposure data; parametric triggers Anchor to hazard science

Mortality and longevity Static tables Dynamic models from health, claims and lifestyle data Fairness and consent

Motor pricing Age, vehicle, area Telematics and driving behaviour, priced per trip Explainability

Credit and lapse Scorecards Machine learning on payment and mobile-money behaviour Bias testing

Reserving Chain-ladder triangles Claim-level models and IFRS 17 cash-flow projection Independent validation

Fraud Rules and sampling Graph and anomaly detection on every claim Human review of flags

Capital and ALM Deterministic stress tests Thousands of scenarios incl. climate and cyber Model-risk governance

AI ANGLE Better models close protection gaps and price fairly, but every AI model needs an owner, a validation and a human override.

Sources: Swiss Re Institute 2026; Santam via industry reports; EU AI Act Reg. 2024/1689 · framework: presenter s̓ synthesis 73



AI  ACROSS  THE  L IFECYCLE  ·  3  OF  4

AI-driven claims: faster, fairer, less leakage

AI ANGLE Claims is where AI pays back fastest: every day saved and every dollar of leakage recovered builds trust and profit.

Sources: PwC “Stopping the leaks ;ˮ McKinsey “Rewired in action: Aviva ;ˮ Allianz 2025; Evident 2026

The evidence

5–10%
claims cost savings typical
from reducing leakage; up to
25% leakage seen in life

23 days faster liability assessment on
complex claims at Aviva

65%
fewer customer complaints at
Aviva after rewiring claims
with AI

80% faster simple-claim settlement
with Allianz’s AI agents

Step by step
WHAT AI DOES AI TYPES KPI TO TRACK

1
First notice of loss
Voice, WhatsApp and app reporting, transcribed and structured

Speech NLP Time to report

2
Triage and routing
Scores complexity and sends each claim to the right handler

Predictive Optimisation Routing accuracy

3
Assessment
Reads documents and assesses damage from photos

Document AI Vision Cycle time

4
Fraud and leakage
Screens every claim; links suspicious parties

Anomaly Graph Leakage %

5
Settlement and recovery
Coordinates approved payments; pursues recoveries

Agentic GenAI Days to pay, recoveries
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AI  ACROSS  THE  L IFECYCLE  ·  4  OF  4

AI-driven finance management for insurers

AI ANGLE An AI-enabled finance function closes faster, reserves better and sees risk earlier, and the CFO tracks the value AI creates.

Sources: Gartner Sept 2024; IASB, IFRS 17 Insurance Contracts

The evidence

58% of finance functions used AI in
2024, up from 37% in 2023

90%
of finance functions expected
to use AI by 2026; fewer than
10% cut headcount

44% / 39% use AI for process automation
/ anomaly and error detection

IFRS 17 in force since Jan 2023: more
granular data, more AI value

Step by step
WHAT AI DOES AI TYPES KPI TO TRACK

1
Close and reporting
Automated reconciliations and IFRS 17 cash-flow projections

Predictive Document AI Days to close

2
Reserving and capital
Machine-learning reserving; solvency and scenario testing

Predictive Time-series Reserve accuracy

3
Investments and ALM
Cash and liability forecasting; climate stress tests

Time-series Optimisation Yield vs risk

4
Reinsurance accounting
Matches bordereaux; tracks recoveries due

Document AI Anomaly Recoverables outstanding

5
Controls and fraud
Flags unusual payments, expenses and commissions

Anomaly Graph Exceptions cleared

75



F I N A N C E  ·  I F R S  1 7

IFRS 17 and AI: granular data, faster closes, clearer profit
May 2017 IASB issues IFRS 17 June 2020 Amendments published 1 Jan 2023 Effective; replaces IFRS 4 Now Data and reporting at scale

The building blocks of the liability

Future cash flows Future cash flows
Premiums, claims and expenses,
discounted for time value

Risk adjustment Risk adjustment
Compensation for non-financial risk

CSM Contractual service margin
Unearned profit, released as service is
given

= Insurance contract liability

Onerous contracts: expected losses are recognised immediately, not
spread over time.

Three measurement models

GMM
General model; most long-term
business

PAA
Simplified; mainly cover of a year or
less

VFA
For contracts with direct
participation

Where AI helps

Data granularity clean policy-level data grouped into portfolios, annual cohorts and profitability groups

Cash-flow projections machine learning sharpens lapse, claims and expense assumptions

CSM roll-forward automated runs and reconciliations each period

Analysis of change GenAI drafts the narrative; actuaries review and sign off

Onerous contracts early warning when a group is heading for loss

AI ANGLE IFRS 17 made insurers data companies: AI turns cohort-level data into faster closes and profit you can explain.

Source: IASB, IFRS 17 Insurance Contracts (2017, amended 2020) · AI uses: presenter’s synthesis 76



F INANCE  ·  CLOUD  AND  AI  COMPUTE

Paying for AI: cloud, compute and capex versus opex

280×
Fall in the cost of running GPT
3.5-level AI, Nov 2022  Oct
2024

<1%
Africa s̓ share of global data-
centre capacity; 1.2 GW by 2030

41%
Of AI-using SA insurers planned
under R1m of AI spend in 2024

Jan 2023
IFRS 17 in force: granular data
needs make platform choices a
CFO issue

Option Cost model Why choose it Watch-out

On-premises Capex: servers and GPUs bought,
depreciated over 35 years

Data stays in-country; predictable cost; no
FX exposure

Idle capacity, power and cooling, hard to
scale for AI

Hybrid cloud Capex core + opex burst Sensitive data local, AI training and peaks in
the cloud

Two skill sets; integration and security
across both

Public cloud Opex: pay-as-you-go, mostly in US
dollars

Elastic; latest GPUs and models; no upfront
spend

Bills rise with use; FX risk; data-residency
checks

AI-as-a-service Opex per call, per model or per policyFastest start for small insurers; shared
regional platforms

Vendor lock-in; per-use costs at scale; audit
and explainability

CFO  CHECKLIST
Budget AI as opex per policy or per claim · hedge dollar cloud bills · keep customer data in-country where the law requires · SaaS
set-up costs are usually expensed, not capitalised IFRS IC, 2021 · pool compute with peers

AI ANGLE AI has shifted technology from a capital project to a running cost: price it per policy, and it stays inside the premium.

Sources: Stanford AI Index 2025; Heirs Technologies 2025; FSCA & PA 2025; IFRS Foundation · framework: presenter s̓ synthesis 77



AI  ACROSS  THE  L IFECYCLE  ·  INVESTMENTS

Insurance asset management and AI

~$42tn
Assets held by insurers globally,
end-2024

>50%
Of insurersʼ assets are bonds

3x
Growth in insurersʼ AI use in
asset management, the fastest
area

$23tn
Insurance assets in BlackRock s̓
2025 survey of 463 insurers

Where AI helps
Asset-liability matching and cash-flow

forecasting
Credit and private-credit risk scoring

Climate stress tests on portfolios

New risks to govern
Model risk in valuations and credit scores

Herding when many insurers use similar
models

Liquidity risk in private and alternative

assets

For insurers in our markets
Scarce long-dated local assets: AI finds

better matches
Currency risk: model ZiG, naira and birr

exposures

Invest in local infrastructure and
renewables

AFR ICA AND  AS IA India s̓ LIC manages ₹57.3 lakh crore $590bn, Mar 2026; South Africa s̓ life insurers hold R5.2 trillion (end-2025.

AI ANGLE Investment returns fund claims and capital: AI on the asset side can matter as much as AI in underwriting.

Sources: IAIS GIMAR 2025; OECD 2025; Evident 2026; BlackRock GIR 2025; LIC FY2026; ASISA 2025 78



AI  DEEP  DIVE  1

AI deep dive: product, underwriting and distribution
Product design

The challenge
Priced for salaried customers;
most smallholders in Africa and
Asia uninsured

What AI does
Designs parametric, micro and
usage-based covers from
transaction, weather and
behaviour data

What to measure
New customers, first-time
buyers, renewals

Underwriting

The challenge
Thin data and no claims history
push insurers to broad pools

What AI does
Prices with alternative data:
mobile, satellite, telematics;
auto-underwrites simple risks

What to measure
Loss ratio by segment, quote
time, share auto-underwritten

Distribution

The challenge
Branches rarely reach rural
customers, yet $2tn+ moved via
mobile money in 2025

What AI does
Local-language chatbots, next-
best offer, sales in telco and
wallet journeys

What to measure
Cost per policy, conversion,
digital policies

Embedded insurance

The challenge
Cover sold separately from what
customers buy

What AI does
Real-time pricing at the point of
sale: wallets, telcos, loans, retail,
seed, tickets

What to measure
Take-up, partner revenue, claims
speed

AI ANGLE Embedded insurance flips distribution: AI places the right cover inside purchases customers already make.

Sources: GSMA State of the Industry Report on Mobile Money 2026; Microinsurance Network 2025 79



DISTR IBUT ION

AI-powered distribution: where customers already are
2.3bn
Mobile money accounts; 1.2bn in
sub-Saharan Africa

$2tn+
Moved through mobile money in
2025

21.7bn
UPI payments in India in one
month Jan 2026

174m
Airtel Africa customers in 14
countries

WhatsApp & chat

How AI helps
Conversational AI in local
languages, 24/7

Insurance example
Quotes, policy changes
and claims by chat

Best for
Smartphone users and
youth

USSD & SMS

How AI helps
Simple menus with AI
driven offers and reminders

Insurance example
Funeral and hospital cover
on basic phones

Best for
Basic phones, rural and
low-data areas

Mobile money

How AI helps
Premium collection, lapse
prediction, instant payouts

Insurance example
Micro-premiums debited
with each top-up

Best for
The unbanked and informal
workers

Agents & brokers

How AI helps
AI copilots: needs analysis,
underwriting, documents

Insurance example
One-visit onboarding in
rural areas

Best for
Complex needs, SMEs,
first-time buyers

Partners & platforms

How AI helps
Embedded offers priced in
real time

Insurance example
Cover sold with loans, rides
and remittances

Best for
Customers at the moment
of need

AI ANGLE The best AI in insurance is invisible: it sits inside the channels people already use every day.

Sources: GSMA Mobile Money 2026; NPCI via Entrackr Jan 2026; Airtel Africa 2025 · channel uses: presenter s̓ synthesis 80



AI  DEEP  DIVE  2

AI deep dive: claims, fraud and service
Before Weeks

With AI Hours

Claims

The challenge
Weeks of paperwork; simple claims stuck
behind complex ones

What AI does
Photo damage estimates, automated triage,
fast payment; complex claims still go to
people

What to measure
Turnaround time, cost per claim

Fraud

The challenge
Hidden in manual files; US estimates reach
$308.6bn a year (contested)

What AI does
Scores every claim, links related parties,
flags doctored documents for human review

What to measure
Fraud found, false positives, leakage
recovered

Service

The challenge
Call centres and paperwork absorb staff
time

What AI does
Generative AI assistants 24/7, document
extraction, drafting, policy summaries

What to measure
Response time, cost per policy, satisfaction

AI ANGLE AI flags, people decide: every claim is screened, and simple ones no longer wait in the queue.

Report at a branch Paper claim forms Assessor visit Approval queue

Photos sent by phone AI damage estimate Automatic fraud check Fast-track payment

Sources: Coalition Against Insurance Fraud 2022; contested estimate); Allianz Project Nemo 2025) for simple-claim times 81



AI  IN  ACT ION

Data and AI in action: proof from our markets

Mobile micro-
insurance

Econetʼs EcoSure sold funeral cover paid
through airtime, reaching the mass market
at low cost.

Data: airtime and mobile records

Channel: the phone itself

Lesson: airtime as the payment rail

Weather index
cover

ACRE Africa uses weather data to trigger
payouts to smallholders, with no field loss
assessment.

Data: weather stations and satellite

Channel: mobile money payouts

Lesson: data replaces the loss adjuster

Tech-based crop
yields

The PMFBY crop scheme uses satellite and
remote-sensing data to estimate yields and
settle claims.

Data: satellite and remote sensing

Channel: a national public scheme

Lesson: satellites at national scale

AI motor claims

Ping An uses image recognition to assess
car damage from photos and settle simple
claims quickly.

Data: customer photos

Channel: the insurer s̓ app

Lesson: photos become the assessor

AI ANGLE Data plus a digital channel turns uninsurable customers into viable markets; AI is what scales them to millions.

Z IMBABWE KENYA

INDIA
CHINA

Sources: Econet EcoSure); ACRE Africa; Government of India PMFBY; Ping An — published programme information 82



AI  BY  L INE  OF  BUS INESS

Top AI use cases by line of business
Line Top AI use cases AI types used

Motor Photo claims, telematics pricing, fraud-ring detection, repair-cost estimates Vision, predictive, agentic

Property and
agriculture

Satellite risk scores, parametric triggers, post-catastrophe claims triage Vision, predictive, multimodal

Life and health Faster underwriting without medicals, claims document reading, wellness nudges Predictive, generative

Microinsurance Mobile onboarding, local-language chat, automatic payouts via mobile money Generative, agentic

Commercial and
specialty

Submission triage, wording comparison, risk engineering from sensors Generative, predictive

Reinsurance Bordereaux cleansing, accumulation analytics, local catastrophe models Predictive, generative

Investments and
pensions

Portfolio climate stress tests, member service (fastest-growing AI area) Predictive, generative

AI ANGLE Every line has a first AI use case ready today: pick the one where your data is richest.

Sources: Evident AI Insurance Index 2026 · use cases: presenter s̓ synthesis 83



AI  BY  L INE  ·  MEDICAL  INSURANCE

Medical insurance and AI: wider cover, less waste

AI ANGLE In health, AI s̓ first job is to cut waste and fraud so premiums stay affordable, while a human decides whenever care is refused.

Sources: WHO & World Bank UHC Report 2023; NHCAA US; Kenya SHI Act 2023; Nigeria NHIA Act 2022

The health protection gap
People worldwide

4.5bn without full access to essential health services

2bn face financial hardship from out-of-pocket
health costs

1bn+ spend over 10% of their household budget on
health

3–10%
of US health spending is lost to fraud:
the waste AI can cut first

1 Where AI helps

Auto-adjudicate routine medical
bills

Detect upcoding, duplicate and
phantom claims

Pre-authorisation in minutes, not
days

Provider network cost and
quality analytics

2 Growing the market

Mobile health cover sold with
telemedicine

Chronic-disease and wellness
programmes

Underwriting from health
records and wearables

AI support for public schemes

3 Guardrails

Medical data is the most
sensitive data

A person reviews every decline
of care

Test models for bias across
groups

Explain decisions to patients and
doctors

IN OUR MARKETS Vast public schemes where AI claims checks can cut fraud and delays

KENYA

Social Health Authority
Live since October 2024

NIGERIA

NHIA Act
National Health Insurance Authority,
2022

INDIA

PM-JAY
National public health insurance
scheme
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AI  BY  L INE  ·  PROPERTY  INSURANCE

Property insurance and AI: pricing the planet’s rising risks

AI ANGLE Property insurers who see every roof from space and every flood plain in data will price fairly where others simply exclude.

Sources: Swiss Re sigma; RebuildCostASSESSMENT UK; World Bank PDNA 2022; SADC 2024; NDRRMA 2026

The protection gap
Disaster losses, US$

$318bn economic losses from disasters in
2024

Insured 43% Uninsured 57%

Insured catastrophe losses

2025
actual

$107bn

2026
expected

~$148bn

~80% of UK buildings are underinsured: a
warning for every market

1 Underwriting

Roof, construction and flood
risk from satellite and drone
images

Address-level flood, fire and
wind scores

Automated inspections instead
of site visits

2 Claims

Post-catastrophe damage
mapped from imagery in hours

Photo and video claims for
small losses

Fraud checks on repeat and
inflated claims

3 Prevention and portfolio

Sensors for water leaks, fire
and theft

Accumulation mapping across
the portfolio

Better data for reinsurance and
parametric layers

IN OUR MARKETS How much property loss is still uninsured

PAKISTAN

$30bn+ damage

2022 floods

SOUTHERN AFRICA

68m people in need

2024 drought

NEPAL

Rasuwa flood
2026: much of the loss uninsured
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AI  BY  L INE  ·  BUS INESS  INSURANCE

Business insurance and AI: the risks companies fear most

AI ANGLE Businesses now rank cyber and AI as their top two risks: insurers who can underwrite both with AI will lead commercial lines.

Sources: Allianz Risk Barometer 2026 3,338 respondents, 97 countries); Internet Society 2024

What companies fear most in 2026
Top global business risks, % of responses

1 Cyber incidents
Top global business risk

42%

2 Artificial intelligence
Up from #10: the biggest riser

32%

3 Business interruption
Including supply chains

29%

51%
see supply-chain paralysis from conflict as
the likeliest “black swan”

What businesses need

Cyber and AI-liability cover

Business interruption with
realistic limits

Supply-chain and political-risk
cover

Directors' and officers' cover for
AI decisions

How AI helps insurers

Read broker submissions and
financials in minutes

Score supply-chain and cyber
exposure from outside data

Tailor SME packages by sector
and size

Faster, data-backed claims for
interruption

SME opportunity in our
markets

Most SMEs are uninsured or
underinsured

Embedded cover via banks,
telcos and platforms

Simple, bundled packages
priced by AI

Risk advice as part of the policy

IN OUR MARKETS Why interruption limits go out of date fast

13 countries hit at once by
the 2024 West Africa cable cut

CURRENCY SWINGS

Nigeria · Zimbabwe · Ethiopia
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AI  BY  L INE  ·  INDUSTR IAL  INSURANCE

Industrial insurance and AI: from paying to preventing

AI ANGLE In industrial lines, AI shifts insurers from paying for accidents to preventing them, and every prevented loss is shared value.

Sources: ILO 2023 & ILOSTAT; IFR World Robotics 2025; IEA Critical Minerals Outlook 2025

The human cost of industrial risk
Every year, worldwide

2.93m
workers die from
work-related accidents
and diseases

395m
non-fatal work injuries

Where work-related deaths occur

Asia and the Pacific 63% Rest of world 37%

542k
industrial robots installed in 2024, with
4.7m now in use: new risks to insure

1 Industrial risks

Fire, explosion and machinery
breakdown

Business interruption and supply
chains

Workers' compensation and
liability

Environmental and pollution
damage

2 Where AI helps

Sensors and predictive
maintenance catch failures early

Cameras check safety gear and
unsafe acts

Digital twins test fire and
process risks

Satellite and IoT data for remote
mines

3 New products

Premium discounts for
monitored sites

Parametric cover for power and
outages

Cover for robots and automated
lines

Risk engineering sold as a
service

IN OUR MARKETS Where AI risk engineering is needed most

ZIMBABWE AND DRC

Mining
DRC mines ~70% of world cobalt

NEPAL AND ETHIOPIA

Hydropower
INDIA

Manufacturing
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AI  BY  L INE  ·  M IN ING  AND  M INERALS

AI in mining and critical minerals

AI ANGLE Insurers who read a mines̓ sensor and satellite data can price better and keep more mining premium local.

Sources: IEA Global Critical Minerals Outlook 2025; World Economic Forum 2025 88



AI  AND  VALUAT IONS

Valuations and AI: insure and reserve the right amount

AI ANGLE Most underinsurance is invisible until the claim: AI valuation at every renewal protects customers and the insurer s̓ reputation.

Sources: Santam claims data via industry reports; Swiss Re India 2024; Resilience Index 2026; Bloomberg; Reuters

Underinsurance is invisible
until the claim arrives

1 in 3 South African homes
underinsured by up to 30%
(Santam)

93% of India's natural-catastrophe exposure is
uninsured

Uninsured 93%

5% of Emerging Asia's catastrophe risk is insured
(2025)

Uninsured 95%

Insured Uninsured

HOW THE GAP BITES

Under an average clause, a home insured for 70% of
its value typically receives about 70% of each claim.

WHAT IS VALUED HOW AI HELPS WHY IT MATTERS

Buildings and contents Rebuild-cost models from imagery and local build
prices

Avoids average-clause cuts at claim
time

Vehicles Photo-based repair-or-replace and market-value
estimates Faster, fairer motor settlements

Crops and livestock Satellite yield and herd estimates Sets sums insured and parametric
triggers

Business interruption Revenue and supply-chain modelling Right indemnity period and limit

Insurance liabilities Machine-learning reserving and IFRS 17 cash flows Reserves that match the true risk

IN OUR MARKETS Currency shocks erode local-currency sums insured

−43% ZIMBABWE
ZiG devaluation, Sept 2024 −30% ETHIOPIA

birr float, day one, 2024 FX NIGERIA
unification, 2023
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A I  A N D  V A L U A T I O N S

Valuation models: current models and AI models
WHAT IS VALUED CURRENT MODEL AI MODEL AI’S ROLE TODAY

Buildings and contents Rebuild-cost tables, indexation and surveyor visits Imagery-based rebuild estimates and automated valuation
models Hybrid

Vehicles Market price guides and assessor inspections Photo-based damage and market-value models AI leads

Crops and livestock Field inspections and area yield averages Satellite yield and herd estimates AI leads

Business interruption Financial statements and broker estimates Revenue and supply-chain modelling Hybrid

Insurance liabilities Chain-ladder, Bornhuetter-Ferguson and IFRS 17
cash-flow models Machine-learning reserving on individual claims AI supports

Investment assets Market prices and discounted cash flows Machine learning for illiquid assets and climate adjustments AI supports

Three rules for AI valuation

Show a range, not a point
Every AI value comes with an uncertainty band that sets the
sum insured or reserve margin

Re-value at every renewal
Continuous valuation catches inflation and currency shocks
before the claim does

A person checks the big and unusual
Large, complex or outlier values are reviewed and signed off
by an expert

AI ANGLE AI makes valuation continuous: estimate at every renewal, flag the outliers and keep an expert on the big ones.

Framework: presenter’s synthesis 90



AI  BY  L INE  ·  FUNERAL  INSURANCE

Funeral insurance and AI: the product people actually buy

AI ANGLE Funeral cover is often a family s̓ first insurance: AI can make it cheaper, fairer and a gateway to savings and life products.

Sources: IPEC Q1 2025 and 9M 2025 via NewsDay & MEIR; Microinsurance Network Landscape 2024

Zimbabwe: the funeral market
IPEC industry data, 2025

74% of life insurance revenue came from funeral
cover (Q1 2025)

~50% of insurance revenue held by one funeral
specialist

GLOBALLY

29,000
median people covered per credit-life or funeral micro
product (Microinsurance Network)

1 Why it sells

A tangible service: coffin,
transport, dignity

Protects against inflation and
currency changes

Small, regular premiums via
mobile money

Deeply rooted in family and
community

2 Where AI helps

Onboard whole families by
phone in minutes

Predict and prevent lapses
before cover is lost

Verify deaths and pay claims in
hours

Detect fake deaths and
duplicate policies

3 Fair treatment

Clear notice before any lapse

Value for money over decades
of premiums

Plain-language terms in local
languages

A path to savings and life cover

IN OUR MARKETS Zimbabwe’s regulator (IPEC) is tightening the rules

LAPSE NOTICE

30 days’ written notice
before a funeral policy lapses

COVER CAP

US$6,000
maximum funeral cover

FLAGGED RISK

High lapse rates
and high not-taken-up rates
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A I  B Y  L I N E  ·  F U N E R A L  I N S U R A N C E

Funeral cover with AI: the journey from sign-up to payout

1 Sign up

Onboard the whole family
by phone, USSD or agent
app; ID checked in
minutes

2 Pay

Premiums by mobile
money, with reminders
timed to when each family
is paid

3 Stay covered

AI spots who is likely to
lapse and offers a grace
period or smaller plan first

4 Claim

Death verified from civil
registry or hospital data;
documents read by AI

5 Get paid

Payout by mobile money
within hours, when the
family needs it most

6 Grow

A path from funeral cover
to savings, life and health
products

What changes for the family

Minutes, not days
to join and to claim

Local language
chat and voice service

Fewer lapses
through early, gentle nudges

Money on time
for the funeral itself

Risks to manage

Fake deaths and duplicate policies
Cross-check registries and use network analytics

Family data privacy
Consent for every family member’s data

Mis-selling and lapse
Clear terms, fair value and notice before lapse

Excluding the offline
Keep agents and USSD alongside apps

AI ANGLE Funeral cover is trusted and bought: AI makes every step faster and fairer, and opens the door to wider protection.

Framework: presenter’s synthesis 92



A I  B Y  L I N E  ·  G R O U P  L I F E

Group life insurance and AI: cover for whole workforces
The group scheme, step by step

1
Employer data
Payroll and member census cleaned and matched by AI

2
Quote and price
Rates from occupation, industry and claims experience

3
Enrol and administer
Automatic joins, leavers and salary updates from payroll

4
Claim and pay
Death verified from registries; beneficiaries paid by mobile money

Where AI adds value

Clean, complete member data

Higher free cover limits, set with evidence

Accelerated underwriting above the limit

Ghost-member and claims fraud checks

Renewal and retention analytics for brokers

Watch-outs

Employee data privacy and consent

No unfair pricing by age, gender or health

Explainable rates for employers and unions

A person reviews every declined claim

THE NEXT OPPORTUNITY

Group cover for gig, platform and informal workers, bought through apps, co-operatives and mobile money

AI ANGLE Group life is data-rich and admin-heavy: AI cleans the data, prices the scheme and pays claims fast, with people on the hard cases.

Framework: presenter’s synthesis 93



INCLUS ION

AI and microinsurance: reaching the next three billion

AI ANGLE Microinsurance only works at very low cost per policy: AI is what makes the three-to-four-year path to scale affordable.

Source: Microinsurance Network & UNDP IRFF, Landscape of Microinsurance 2024 Mar 2025

The microinsurance gap
People and premiums, 2023

344m people covered, up 70% in three years, out of ~3bn
potential customers

12% 88% gap, worth ~$41bn in premiums

Premiums

Before $5.8bn

2023 $6.2bn

Where the customers are

~80%
Asia-Pacific

3–4 yrs for a micro product to reach scale; profit takes
longer

112
climate-related micro products,
covering 42m+ people

58%
of agricultural micro products
receive a premium subsidy

10,000+
median customers per product,
~$120k premium each

Where AI changes the economics

Phone onboarding and ID checks

Pricing tiny risks from mobile data

Automatic claims

Payouts via mobile money

Where regulators help

Proportionate KYC

Index and parametric rules

Digital-first product approval

Sandboxes
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ECOSYSTEM

Telecoms, AI and insurance: partner, channel and competitor

AI ANGLE
Telcos own the customer and the data; insurers own risk expertise. AI-driven partnerships work only when data rights are agreed up
front.

Sources: Airtel Africa / Starlink announcement 2025; GSMA Mobile Money 2026

Telcos already have the reach

2.3bn registered mobile money accounts worldwide

1.2bn in sub-Saharan Africa Rest of world

Active in a given month

~25% ~75% idle

174m
SATELLITE-TO-PHONE

Airtel Africa customers in 14 countries to get
satellite-to-phone service from 2026

Telcos bring

Tens of millions of customers and payment
rails

Airtime and usage data for AI risk scoring

Brand trust and agent networks in rural
areas

Insurers bring

Licences, underwriting and claims
capability

Capital and reinsurance

Regulatory compliance and actuarial
pricing

AI-driven
partnership

WATCH-OUTS Agree data rights up front

1 Telcos keep the customer
relationship and data 2 Revenue-share terms can

erode margins 3 Some telcos seek their
own insurance licences
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ECOSYSTEM

Competing with banks, telcos and platforms

AI ANGLE Every competitor is using AI to get closer to the customer: insurers must use AI to be faster and fairer at claims, where trust is won.

Sources: Uber Q4 2025 results; presenter s̓ synthesis

Banks

THEIR ADVANTAGE

Customer accounts, credit
data, branch networks

THEIR AI EDGE

Credit models and transaction
analytics

HOW INSURERS RESPOND

Bancassurance on insurer
terms; better claims

Telcos and mobile money

THEIR ADVANTAGE

Mass reach, payment rails,
usage data

THEIR AI EDGE

Airtime and usage risk scoring

HOW INSURERS RESPOND

Partner with data-sharing
and service contracts

Ride-hailing and delivery
apps

THEIR ADVANTAGE

Daily contact with drivers and
riders

THEIR AI EDGE

Trip and behaviour data

HOW INSURERS RESPOND

Per-trip and gig-worker
cover

Big tech and e-commerce

THEIR ADVANTAGE

Global platforms and cloud AI

THEIR AI EDGE

Frontier models and data scale

HOW INSURERS RESPOND

Specialise in risk, claims and
local trust

Insurtechs

THEIR ADVANTAGE

Digital-first, low cost, fast

THEIR AI EDGE

AI-native processes

HOW INSURERS RESPOND

Acquire, partner or copy
fast

THE INSURER’S LASTING ADVANTAGES

What no competitor can copy quickly
Risk expertise Claims capability Capital Regulatory trust

96



E C O S Y S T E M

Collaboration: partnering with banks, telcos and platforms
Banks

BANCASSURANCE

PARTNER BRINGS

Customer accounts, credit data,
branches

INSURER BRINGS

Products, underwriting, claims

AI MAKES IT WORK

Pre-approved cover from account
and credit data

Telcos and mobile money

EMBEDDED MICRO COVER

PARTNER BRINGS

Reach, payment rails, usage data

INSURER BRINGS

Licence, pricing, claims

AI MAKES IT WORK

Airtime-based risk scores;
premiums and payouts by mobile
money

Ride-hailing and delivery

PER-TRIP AND GIG COVER

PARTNER BRINGS

Daily trips, driver and rider data

INSURER BRINGS

Per-trip motor, accident, income
cover

AI MAKES IT WORK

Pricing each trip from telematics;
instant claims from trip logs

E-commerce and platforms

COVER AT CHECKOUT

PARTNER BRINGS

Shoppers, sellers and
transactions

INSURER BRINGS

Product, shipping and device
cover

AI MAKES IT WORK

Offer the right cover at the
moment of purchase

Big tech and cloud

AI AND INFRASTRUCTURE PARTNER

PARTNER BRINGS

Cloud, models and tools

INSURER BRINGS

Insurance data and domain
know-how

AI MAKES IT WORK

Domain models and shared
platforms built on their stack

Getting the deal right Five terms to agree before launch

1 Data rights

who owns and can use which
data

2 The customer

whose brand, and who services
them

3 Revenue share

linked to claims quality, not just
sales

4 Joint AI governance

shared testing, fairness and
complaints

5 Exit and portability

customers and data move if the
deal ends

AI ANGLE Partnership beats competition when data rights, customer ownership and AI governance are agreed up front.

Framework: presenter’s synthesis 97



ROLES  ·  UNDERWR ITERS

Underwriters and AI: judgement at scale

40%
Of underwritersʼ time goes on
non-core and admin work

Weeks → days
Underwriting turnaround with an
AI insurance suite (speaker-
reported)

54%
Of Asia-Pacific insurers run
GenAI in production 2024

8%
Of South African insurers used
AI in 2024

Traditional underwriter AI-enabled underwriter

Manual document review AI reads proposals, medicals and financials

Experience and intuition alone Risk scores and insights to challenge and refine

Internal data only External and alternative data: satellite, mobile money, telematics

Time spent on simple cases Focus on complex, high-value and non-standard risks

Skills to build
Data literacy and model interpretation

Working with alternative data

The future role
Challenge and override AI recommendations

Own the hard cases and referrals

AI ANGLE AI does not replace underwriters; it clears the admin so their judgement goes where it matters most.

Sources: Accenture; Oliver Wyman 2025; FSCA & Prudential Authority 2025 · turnaround as reported by the speaker 98



ROLES  ·  ILLUSTRAT IVE

Underwriters and AI: how the role changes

AI ANGLE AI does not replace underwriters: it amplifies their judgement and moves the role to exceptions, strategy and portfolio insight.

Illustrative infographic supplied by the speaker · figures not independently verified; see previous slide 99



R O L E S  ·  U N D E R W R I T E R S

Underwriting models: current models and AI models
LINE OF BUSINESS CURRENT MODEL AI MODEL AI’S ROLE TODAY

Life and health Medical questionnaires, mortality tables and lab tests Accelerated underwriting from health records, prescriptions
and wearables Hybrid

Motor GLM rating factors: driver age, vehicle and area Telematics and driving-behaviour scores AI leads

Property Area-based rating and on-site surveys Address-level hazard scores from satellite and drone
imagery Hybrid

Commercial and SME Broker submissions read by hand, underwriter
judgement

AI reads submissions and financials, triages and suggests
terms AI supports

Agriculture Area-yield history and field visits Satellite yield and weather-index models AI leads

Micro and embedded Simple flat rates for everyone Pricing from mobile-money and phone-usage data Hybrid

How the underwriting desk changes

Straight-through for simple risks
Small, standard policies are priced and bound in minutes, with
no manual touch

Referral for the complex
Large, unusual or high-value risks go to an underwriter with an
AI briefing

Explain every decline
Any refusal or loading has a reason a customer and supervisor
can follow

AI ANGLE AI does the reading and scoring; underwriters keep the judgement on the risks that matter most.

Framework: presenter’s synthesis 100



ROLES  ·  CLAIMS  ASSESSORS

Claims assessors and AI: faster, fairer claims

23 days
Faster complex liability
assessment at Aviva, with 80
AI models

65%
Fewer customer complaints
after Aviva s̓ AI claims rewiring

80%
Faster simple claims at Allianz; a
person approves every payout

5–10%
Of claims costs typically saved
by cutting leakage

Traditional claims assessor AI-enabled claims assessor

Manual claim intake and forms Automated first notice of loss and document reading

Manual photo review and site visits AI damage and repair-cost estimates from photos

Rule-based fraud checks Every claim scored; fraud rings flagged for review

Every claim waits in one queue Simple claims fast-tracked; people take complex cases

Skills to build
Reading and challenging AI estimates

Fraud analytics and investigation

The future role
Own complex, disputed and liability claims

Empathy-led customer conversations

AI ANGLE AI flags and estimates; assessors decide. Their time moves from paperwork to the claims where judgement and empathy matter.

Sources: McKinsey, Rewired in action: Aviva; Allianz 2025; PwC, Stopping the leaks · role changes: presenter s̓ synthesis 101



ROLES  ·  ILLUSTRAT IVE

Claims assessors and AI: how the role changes

AI ANGLE AI does not replace claims assessors: it amplifies their judgement and moves the role to exceptions and customer care.

Illustrative infographic supplied by the speaker · figures not independently verified; see previous slide 102



AI  ACROSS  THE  ECOSYSTEM

AI for actuaries and regulators

AI ANGLE Actuaries should own AI model risk; regulators must both supervise AI and use it.

Sources: IFRS 17 (effective Jan 2023; IAIS; AISADC · presenter s̓ synthesis

Actuaries How the actuarial role changes with AI

1 Pricing

Machine learning and alternative
data beside rating models

2 Reserving and IFRS 17

Automated pipelines, faster
projections

3 Climate and cat risk

Hazard, exposure and satellite data
in local models

4 Model risk guardians

Validate AI for accuracy, bias, drift
and explainability

KEY ROLE

5 New skills

Python, data engineering, machine
learning

6 Standards

Actuarial bodies issuing data
science and AI ethics guidance

Regulators Two roles: supervise AI, and use it

Supervising AI
Rules for the market

Fairness and explainability rules

Model risk and outsourcing
controls

Data protection and consent

Sandboxes

Using AI (SupTech)
Tools for the supervisor

Automated analysis of returns

Early warning of solvency stress

Complaints and conduct
analytics

Market-wide fraud detection

Working together

Common data standards Cross-border cooperation

Shared training via IAIS and AISADC Proportionate rules

103



ROLES  ·  ILLUSTRAT IVE

Actuaries and AI: how the work is evolving

AI ANGLE The actuary moves from building models to designing, challenging and governing AI.

Illustrative infographic supplied by the speaker · maturity and readiness scores illustrative 104



DOMAIN  AI  ·  CONCEPT

ActuarialGPT: an AI co-pilot for faster, more accurate actuarial work

AI ANGLE The actuary still signs the number; the co-pilot does the reading, the runs and the first draft, and explains every assumption.

Concept illustration supplied by the speaker 105



R O L E S  ·  A C T U A R I E S  A N D  A I  P R A C T I T I O N E R S

Actuaries and AI practitioners: one team, two crafts
How they work together

ACTUARIES
own the risk

Pricing and reserving

IFRS 17 and solvency

Regulatory sign-off

Assumptions and
experience analysis

SHARED
work together on

Model validation

Bias and drift checks

Explainability

Pricing models

Data quality

AI PRACTITIONERS
own the machinery

Data pipelines

Machine-learning models

MLOps and deployment

Document, image and chat
AI

Should AI be a new division?

Separate AI division
Scale, tech talent and speed+

– Drifts away from the risk; actuaries bypassed

AI inside actuarial
Close to the risk and sign-off+

– Too slow; hard to hire and keep AI talent

Hub and spoke RECOMMENDED

Central AI platform, AI squads embedded beside actuaries+
– Needs one model owner and clear sign-off rules

What happens to current models and AI models? They coexist, then converge

1 Keep current models
GLMs, chain-ladder and solvency models stay
for regulatory reporting and explainability

2 Run AI as challenger
AI models run beside them as champion and
challenger, on the same data

3 Promote when proven
AI replaces or feeds a model only after actuarial
validation and sign-off

4 One model inventory
Every model, old or new, has an owner,
monitoring and a retirement date

AI ANGLE Don’t split the brains: AI practitioners build and run the models, actuaries own the risk, one governance covers both.

Framework: presenter’s synthesis 106



R O L E S  ·  A C T U A R I E S  A N D  A I  P R A C T I T I O N E R S

Who does what: the model lifecycle
Roles across a model’s life

Data Build Validate Approve Deploy Monitor Retire

Actuaries C A C A I A A

AI practitioners R R C C R R R

Model risk (2nd line) I I A C I C C

Business owner A C I C A I C

R Does the work A Accountable, signs off C Consulted I Informed

Independent validation: whoever builds a model never signs it off alone.

Hub and spoke in practice

MODEL RISK COMMITTEE

Chief Actuary · Head of AI · Chief Risk Officer

Pricing squad
actuary + AI engineer

Reserving squad
actuary + AI engineer

Claims squad
actuary + AI engineer

Underwriting squad
actuary + AI engineer

AI and data
platform (hub)

The hub sets tools, data and standards; each squad pairs actuaries with
AI engineers on one business problem.

AI ANGLE Every model needs one accountable owner: for insurance risk it is the actuary, for the platform the AI lead.

Framework: presenter’s synthesis (RACI: responsible, accountable, consulted, informed) 107



R O L E S  ·  A C T U A R I E S  A N D  A I  P R A C T I T I O N E R S

Current models and AI models: use each where it wins
Current actuarial models
GLMs, chain-ladder, stochastic reserving

AI models
Gradient boosting, neural networks, language models

Explainability High: every factor can be read and defended Lower: needs explanation tools and testing

Data needed Structured data, modest volumes Large, varied data, including text and images

Regulatory acceptance Established for reserving, solvency and IFRS 17 Emerging: must be validated and documented

Main strength Stable, auditable, well understood Finds complex patterns and uses new data

Main risk Misses interactions and new signals Drift, bias and opacity if left unmonitored

Where each leads today Current models Hybrid AI models

Statutory reserving and IFRS 17

Capital and solvency

Pricing

Claims triage and fraud

Lapse and retention

Documents and customer service

Three hybrid patterns that work

1 AI finds, GLM prices
Machine learning spots new rating factors; the actuary adds them to a defensible GLM

2 Champion and challenger
The AI model runs beside the current model until it proves itself

3 AI around the model
Language models draft reports, check data and explain results; the core model stays

AI ANGLE It is not GLMs versus AI: winners use each where it is strongest, and can explain every decision.

Framework: presenter’s synthesis 108



ROLES  ·  R ISK  MANAGERS

Risk managers and AI: from monitoring to foresight

AI ANGLE Risk managers now use AI and govern it: the same function that spots emerging risks must also own model risk.

Sources: Allianz Risk Barometer 2026; IBM Cost of a Data Breach 2025; IAIS GIMAR 2025 · role changes: presenter s̓ synthesis

Top global business risks, 2026

#1 Cyber incidents
42% of responses; #1 for five years
running

#2 Artificial intelligence
Up from #10: the biggest riser

AI’s climb in the ranking

#1 #2 #3 #4 #5 #6 #7 #8 #9 #10

up eight places

97% of firms with AI-related breaches
lacked AI access controls

How the role changes
TRADITIONAL RISK MANAGER AI-ENABLED RISK MANAGER

Historical data and static reports Real-time risk intelligence and early warnings

Rule-based assessments Predictive and scenario-based analytics

Siloed risk data Integrated internal and external data, including climate and
cyber

Reactive response Proactive mitigation and capital optimisation

Key AI use cases

Climate and catastrophe scenarios

Fraud, anomaly and cyber detection

The new job: govern AI itself

Model risk and validation

AI inventory, controls and incident plans

IAIS global monitoring (2025) now covers insurers’ AI governance
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ROLES  ·  ILLUSTRAT IVE

Risk managers and AI: how the role changes

AI ANGLE AI moves risk managers from compliance and reporting to predictive, strategic risk leadership.

Illustrative infographic supplied by the speaker · figures not independently verified; see previous slide 110



R I S K  M O D E L S

Risk models: current models and AI models
RISK CURRENT MODEL AI MODEL AI’S ROLE TODAY

Insurance and underwriting risk GLMs, experience studies and loss-ratio monitoring Machine-learning risk scores using alternative and real-time
data Hybrid

Catastrophe and climate Vendor catastrophe models and historical event sets Satellite and IoT exposure data, finer climate downscaling,
generated scenarios AI supports

Credit and counterparty Ratings and credit scorecards Early-warning signals from news, payment and market data AI supports

Market and liquidity Value at risk, standard formula and stress tests Generated stress scenarios and faster simulation AI supports

Operational and cyber Loss databases and control self-assessments Real-time anomaly and threat detection AI leads

Fraud Rules and red-flag checklists Anomaly detection and network analytics across claims AI leads

AI models are risks too

Validate independently
The team that builds a model never signs it off alone

Monitor drift and bias
Track accuracy and fairness every month, not every year

Keep a fallback
The current model stays ready if an AI model fails or drifts

AI ANGLE AI moves risk management from quarterly reports to early warning, but AI models need the same validation as any other.

Framework: presenter’s synthesis 111



R I S K  M O D E L S

Inside the risk models: the actual techniques
Current workhorses Proven, explainable, accepted by supervisors

Value at risk and the solvency capital requirement
Shocks each risk to a 1-in-200-year loss over one year

Capital and solvency

Economic scenario generators
Simulate thousands of paths for interest rates, equities and inflation

Market risk, ALM, IFRS 17

Catastrophe models
Hazard, vulnerability and financial modules give loss-exceedance curves

Cat risk and reinsurance

Stochastic reserving (bootstrap chain-ladder, Mack)
Put a range around reserves, not just a best estimate

Reserve risk

Copulas and correlation matrices
Combine risks that move together into one total

Aggregation and diversification

Scorecards and logistic regression
Score default or claim likelihood from a few factors

Credit and counterparty

AI techniques Better with big, messy and fast-changing data

Gradient-boosted trees
Thousands of small decision trees learn complex risk patterns

Risk scores, lapse, fraud

Neural networks for time series
Learn from streams of data to warn of trouble early

Early warning, liquidity

Anomaly detection (isolation forests, autoencoders)
Flag what does not look like normal behaviour

Cyber, operational, fraud

Graph and network analytics
Map links between people, claims, garages and doctors

Organised fraud rings

Language models
Read news, contracts, filings and claim notes for risk signals

Emerging risk, credit

Computer vision and generative scenarios
Read satellite images; write plausible stress scenarios

Exposure data, stress tests

Opening the black box
Feature-importance scores (e.g. SHAP) Partial-dependence plots Champion and challenger tests Back-testing against actual losses Stress tests on AI inputs

AI ANGLE The capital model stays the anchor; AI techniques feed it better data and earlier warnings, and must explain themselves.

Framework: presenter’s synthesis; Solvency II calibrates the capital requirement to a 99.5% one-year value at risk 112



ROLES  ·  BROKERS  AND  AGENTS

Brokers and AI: advise, don’t just transact

2.3bn
Mobile money accounts: rails for
embedded cover that bypasses
brokers

54%
Of Asia-Pacific insurers already
run GenAI in production

40%
Of underwritersʼ time is admin;
brokers face the same squeeze

8%
Of South African insurers used
AI in 2024: room to lead

Traditional broker AI-enabled broker

Quotes gathered by email and phone AI drafts submissions and compares quotes in minutes

Advice from experience Dashboards benchmarking each client s̓ risks and limits

Paper KYC and compliance Automated KYC, conduct and disclosure checks

Sells standard cover Advises on cyber, climate, parametric and supply-chain risks

The threat
Direct and embedded sales bypass brokers on simple risks

Platforms and telcos own the customer relationship

The opportunity
Complex, commercial and specialty risks need advice

AI copilots let one broker serve many more SMEs

AI ANGLE AI takes the transactional work from brokers; those who use it to advise, not just place, keep their role.

Sources: GSMA 2026; Oliver Wyman 2025; Accenture; FSCA & PA 2025 · role changes: presenter s̓ synthesis 113



DOMAIN  AI  ·  CONCEPT

BrokerGPT: an AI co-pilot for smarter, faster, more profitable broking

AI ANGLE A broker s̓ edge is advice; a co-pilot that reads products, markets and client files gives every broker more time to advise.

Concept illustration supplied by the speaker 114



THE  EVOLUT ION  OF  REINSURANCE

Six reinsurance revolutions: from risk sharing to AI

AI ANGLE Reinsurance grew by pooling risk and adopting new tools at scale; AI can extend its models to smaller markets.
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AI  ACROSS  THE  ECOSYSTEM

AI for reinsurers and brokers
AI changes every role: insurers operate, reinsurers absorb, brokers advise, actuaries measure, regulators protect.

AI ANGLE Reinsurers need cedantsʼ AI-grade data; brokers who use AI to advise, not just transact, will keep their role.

Source: Swiss Re Institute, sigma 1/2025

Reinsurers absorb the shocks

Capital against a peak catastrophe year

~$500bn
Global reinsurance capital

$300bn+
Possible insured cat losses in a peak year

>50% of above-trend losses absorbed by reinsurers in peak years

HOW AI HELPS

Treaty pricing and portfolio accumulation
analytics

Local cat models from satellite and weather
data

Cleaner cedant data: sharper pricing, more
capacity Parametric covers and regional risk pools

Brokers advise, don’t just transact

ADVICE

Dashboards benchmarking client risks
and limits

PLACEMENT

AI drafts submissions, compares quotes,
checks wordings

DISTRIBUTION

Digital and embedded channels for small
clients

COMPLIANCE

Automated KYC, conduct and disclosure
checks

THREAT

Direct and embedded sales bypass
brokers on simple risks

OPPORTUNITY

Advice on cyber, climate, parametric and
supply chains
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DOMAIN  AI  ·  CONCEPT

ReinsuranceGPT: domain-expert AI for a resilient reinsurance industry

AI ANGLE Reinsurance runs on treaties, cat models and cedant data; a domain model that reads all three turns weeks of analysis into hours.

Concept illustration supplied by the speaker 117



R O L E S  ·  P E N S I O N  M A N A G E R S

Pension managers and AI: from administration to outcomes
The pension gap

8.9% of the labour force in sub-Saharan Africa
contributes to a pension scheme

contributing

79.6% of people above retirement age worldwide
receive a pension

Public spending on older people, % of GDP

Global average 7.6%

Africa 1.7%

How the role changes
TRADITIONAL PENSION MANAGER AI-ENABLED PENSION MANAGER

Paper records and manual reconciliation Clean member data, reconciled automatically

Annual statements Live projections and nudges on a phone

Periodic proof-of-life checks Biometric checks that stop ghost pensioners

Static investment reviews Continuous portfolio, climate and liability analytics

Reach the informal worker

Micro-pensions paid by mobile money

Save as you earn, not monthly

Nudges timed to income

Protect the member

Fiduciary duty stays with trustees

Explainable investment and advice

Member data kept private and local

AI ANGLE AI lets pension funds reach informal workers cheaply and stop leakage, while trustees keep the fiduciary decisions.

Sources: ILO World Social Protection Report 2020–22 and 2024–26 · role changes: presenter’s synthesis 118



R O L E S  ·  P E N S I O N  M A N A G E R S

AI across the pension value chain: from contribution to payout

1 Contributions

Collect from payroll and
mobile money

Reconcile employer returns
automatically

Flag late and missing
contributions

2 Member records

Digital onboarding and KYC

De-duplicate and clean
records

Track beneficiaries and life
events

3 Investment

Portfolio and risk analytics

Climate and ESG scenarios

Match assets to future
pension payments

4 Payouts

Biometric proof of life

Stop ghost pensioners and
fraud

Pay by bank or mobile
money on time

5 Member engagement

Personal retirement
projections

Chat in local languages

Nudges to save more or stay
in

A COMMON QUICK WIN

Stopping payments to deceased or duplicate members: biometric proof of life plus anomaly checks on the payroll of pensioners.

AI ANGLE Every step of a pension fund runs on data: AI cuts admin cost per member, which is what makes small contributions viable.

Framework: presenter’s synthesis 119



R O L E S  ·  P E N S I O N  M A N A G E R S

Pension models: current models and AI models
WHAT IS MODELLED CURRENT MODEL AI MODEL AI’S ROLE TODAY

Liabilities and valuation Deterministic projections and standard mortality tables Stochastic projections with machine-learning mortality Hybrid

Investment and ALM Mean-variance and periodic asset-liability studies Climate scenarios and faster asset-liability simulation AI supports

Member behaviour Fixed assumptions for contributions and withdrawals Machine learning predicts gaps, transfers and early
withdrawals AI leads

Proof of life and fraud Paper life certificates and manual checks Biometric liveness and anomaly detection on payrolls AI leads

Contribution collection Employer schedules checked by hand Automated reconciliation from payroll and mobile money AI leads

Member advice Brochures and annual statements Personal projections and chat in local languages Hybrid

What trustees must keep

Fiduciary judgement
Investment and benefit decisions stay with trustees and their
advisers

Explainability
Every model output can be explained to members and the
regulator

Data protection
Member records stay private, consented and in-country
where required

AI ANGLE Pension AI works when it cuts cost and leakage, while trustees keep the decisions that shape members’ retirement.

Framework: presenter’s synthesis 120



05SECTION 05 OF 09

How must regulators
change for AI?
Opportunities for supervisors, the AI rulebook, a three-year playbook and how regulators reorganise.



REGULATORS  AND  AI

Opportunities for regulators in an AI world

197
Financial authorities in 140
countries with a live SupTech
tool

85% vs 53%
SupTech use: advanced vs
emerging economies

46% / 30%
Of SupTech users applying it to
cyber risk / climate and ESG

Board priority
AI for most emerging-market
supervisors surveyed (incl. 17 in
Africa)

Supervise smarter
AI reads every return, spots solvency stress
early and frees scarce staff for judgement

Protect consumers
Complaint, claims-delay and pricing-fairness
analytics across the whole market

Grow the market
Sandboxes and proportionate rules for AI
enabled micro and embedded insurance raise
penetration

Fight fraud together
Shared, privacy-safe fraud data and AI
detection across insurers

Supervise climate risk
Map catastrophe exposures and set
frameworks for parametric cover

Cooperate regionally
Common data standards, joint vendor
checks, training via IAIS and AISADC

AI ANGLE AI lets a small supervisory team oversee a fast-growing market: regulators can be enablers of AI, not just gatekeepers.

Sources: Cambridge SupTech Lab 2024; CGAP 2025; World Bank 2025 122



R E G U L A T O R S  A N D  A I

The AI rulebook for insurers: what is already in place
Key milestones United StatesEuropeAfricaGlobal

Dec 2023

NAIC model bulletin
on insurers’ use of AI; ~24 US

states and DC adopted by 2026

Jul 2024

AU Continental AI Strategy
endorsed; phased roll-out

2025–2030

Aug 2024

EU AI Act in force
life and health risk pricing

classed as high-risk

Mar 2025

Kenya AI Strategy
2025–2030 launched

Jul 2025

IAIS Application Paper
on supervising AI, built on the

Insurance Core Principles

Sep 2025

Nigeria AI Strategy
national strategy published

Dec 2027

EU high-risk rules apply
deferred from Aug 2026 by the

Digital Omnibus

What they all ask of insurers The five topics of the IAIS Application Paper (2025)

1

Risk-based and proportionate
Stricter where AI decisions matter
most to customers

2

Governance and accountability
A named owner for every AI system

3

Robustness, safety and security
Tested, monitored and protected
models

4

Transparency and explainability
Decisions customers and supervisors
can follow

5

Fairness, ethics and redress
No unfair discrimination, and a route
to complain

AI ANGLE The rules are converging: govern, explain, be fair and stay secure. Build to these now and you are ready everywhere.

Sources: NAIC (2023); African Union (2024); EU AI Act and Digital Omnibus (2024, 2026); Kenya MICDE (2025); IAIS (2025); Nigeria FMCIDE (2025) 123



R E G U L A T O R S  A N D  A I

A regulator’s AI playbook: three years, step by step
YEAR 1

Learn and enable

Survey insurers: which AI is in
use, and where

Open a sandbox for AI-enabled
products

Train supervisors in AI literacy

Join IAIS and regional peer
groups

OUTCOME

A clear map of how AI is used
across the market

YEAR 2

Set clear expectations

Principles-based AI guidance,
built on the IAIS paper

An AI model inventory at every
insurer

Human review whenever cover
or a claim is declined

Rules for cloud and third-party
AI vendors

OUTCOME

Insurers know what good AI
practice looks like

YEAR 3

Supervise with AI

SupTech that reads every
return and flags stress early

Market-wide fraud data, shared
safely

Complaint and fairness
analytics

Common data standards across
borders

OUTCOME

A small team oversees a
fast-growing market

Balances to strike
Where each regulator sets its own dial

Innovation Consumer protection

Light rules for small insurers Full rules for large insurers

Local data sovereignty Shared regional platforms

Speed of approval Depth of testing

Proportionality is the IAIS starting point: the bigger an AI
decision’s impact on customers, the tighter the rules
should be.

AI ANGLE Regulators who learn first, guide second and then supervise with AI can grow the market and protect it at the same time.

Framework: presenter’s synthesis, drawing on the IAIS Application Paper on the supervision of AI (2025) 124



R E G U L A T O R S  A N D  A I

Rebuilding the supervisor: how regulators reorganise for AI
A target structure for an AI-ready insurance supervisor

Commissioner and board
Sets AI risk appetite and oversight

Chief Data and AI Officer
Owns data, SupTech and AI policy

Innovation office
Sandbox, hub, AI testing

SupTech unit
Data platform and analytics

AI assurance team
Model reviews and audits

AI specialists embedded in every supervisory team
Prudential Conduct and consumers Market and licensing Cyber and resilience

Outside the building
No regulator can staff all of this alone

Peer regulators
IAIS, regional bodies and supervisory colleges share tools and
training

Universities
Research partnerships, secondments and AI courses for supervisors

Technology partners
Cloud, analytics and model-testing providers, under strict contracts

Industry
Sandbox cohorts and data standards agreed with insurers

Already happening

SINGAPORE

MAS
Fintech and Innovation Group, set up in
2015

UNITED KINGDOM

FCA
AI Lab (2024) and AI Live Testing (2025)

EUROPEAN UNION

AI Office
Set up in 2024 to oversee the AI Act

SOUTH AFRICA

IFWG
Joint Innovation Hub of financial
regulators (2020)

INDIA

IRDAI
Insurance regulatory sandbox since 2019

AI ANGLE Supervising AI is a new capability, not a new rulebook: data, testing and specialist teams come first.

Structure: presenter’s synthesis. Examples: MAS; FCA; European Commission; IFWG; IRDAI 125



R E G U L A T O R S  A N D  A I

Inside the regulator: from paper returns to live data
Six shifts in how supervision works
FROM TO

Quarterly paper returns Continuous digital data feeds

Checking rules line by line Supervising outcomes and the models behind them

Generalist supervisors Mixed teams with data scientists and AI auditors

Paper product approvals Digital-first approvals and sandbox testing

Relying on vendors for analysis In-house data and SupTech capability

Each regulator on its own Shared regional platforms and supervisory colleges

New skills to hire or train

Data scientists SupTech engineers AI model auditors

Cyber and cloud specialists

Behavioural and consumer analysts Technology lawyers

Train existing supervisors first; hire specialists for the hardest roles.

For smaller regulators

Share SupTech tools through regional bodies

Borrow skills: secondments and university partners

Start with one data feed and one AI use case

AI ANGLE A regulator that runs on live data and mixed teams can supervise AI, and use it, even with a small team.

Framework: presenter’s synthesis 126



GOVERN ING  AI

Regulating and governing AI

AI ANGLE Governance turns AI from a risk into a controlled capability, run like actuarial model governance.

Sources: India DPDP Act 2023; Kenya Data Protection Act 2019; Zimbabwe Cyber and Data Protection Act 2021; IAIS

What good AI regulation looks like

Fairness Test models for bias against vulnerable groups

Transparency Explain decisions to customers and supervisors

Accountability Boards own AI outcomes, even when vendors build the
models

Data protection Comply with India’s DPDP, Zimbabwe’s and Kenya’s
data acts, and others

Proportionality Match oversight to the risk of each use case

Governing AI inside the company

01
Board oversight
A named owner and an approved AI policy

02
Model inventory
Every model, its data and its purpose

03
Human in the loop
People review declines and other big decisions

04
Monitoring
Track accuracy, drift and bias

05
Independent review
Audit models like any material risk
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How do we make AI happen?
The business case, profits, leadership, shared platforms and the road to 2050.



LEADERSHIP

What AI means for the insurance CEO

7%
Of organisations have fully
scaled AI: scale is a leadership
job

>95%
Of insurersʼ shift from human-
only tasks will come from
automation

39%
Of workersʼ skills change by
2030, including in our own
offices

CEO-led
AI governance is linked to higher
financial returns

Strategy
Decide which customers and lines AI makes
profitable: micro, embedded, parametric

Operating model
Redesign around data and agents, not bolt AI
onto old processes

Capital and partners
Fund data and platforms; choose to build, buy
or partner

People
Reskill claims, underwriting and service staff;
hire data and AI talent

Risk and trust
Own AI governance, model risk, cyber and
fairness at board level

Measure it
Cost per policy, claims cycle time, straight-
through rate, loss ratio, AI incidents

First 100 days: name an AI owner on the executive team, pick two use cases with P&L targets, fix the data foundation, and brief the board and
regulator.

AI ANGLE AI is a CEO agenda, not an IT project: the winners will be insurers whose leaders redesign the business around it.

Sources: McKinsey State of AI 2025; WEF Future of Jobs 2025 129



LEADERSHIP

Ten questions every board should ask about AI

1 What is our AI strategy, and which two use cases carry
P&L targets?

2 Who on the executive team owns AI outcomes?

3 Is our data good enough, and where is it stored and
processed?

4 Which decisions does AI make, and at what autonomy
level?

5 How do we test models for bias, drift and
explainability?

6 What would an AI failure or breach cost us, and are we
insured?

7 Which AI vendors do we depend on, and can we exit?

8 How are we reskilling claims, underwriting and service
staff?

9 Have we briefed our regulator, and are we sandbox-
ready?

10 What will we measure each quarter: cost, speed, loss
ratio, incidents?

AI ANGLE Boards do not need to be AI experts, but they must ask these questions every quarter.

Framework: presenter s̓ synthesis drawing on McKinsey 2025, IBM 2025, Gartner 202425, EU AI Act 130



STRATEGY

The crowded door or the vast gate: where AI advantage comes from

AI ANGLE Do not digitise to become a slightly faster insurer; build one AI advantage competitors cannot copy, then expand.

Framework: presenter s̓ synthesis 131



AI  STRATEGY  ·  1  OF  2

Four AI strategies for insurers: pick one to lead with
1 · Efficiency first
Automate the back office

Where AI goes
Claims triage, document reading,
service bots, fraud scoring

First moves
Photo claims, GenAI service, fraud
model on every claim

Proof points
Aviva: complex liability 23 days
faster; leakage savings of 510%

Fits
Established insurers with volume
and legacy cost

2 · Distribution first
Reach the uninsured

Where AI goes
WhatsApp, USSD, mobile money,
agent copilots, embedded offers

First moves
Chat sales in local languages; cover
inside wallets and loans

Proof points
2.3bn mobile money accounts;
MyMo-style digital onboarding

Fits
Growth markets with low
penetration and strong mobile rails

3 · Product innovation
Insure what could not be insured

Where AI goes
Parametric, usage-based and
micro products priced on new data

First moves
Satellite crop cover; per-trip motor;
funeral cover on airtime

Proof points
ACRE Africa, PMFBY and EcoSure
scaled to millions

Fits
Insurers facing climate, agriculture
and informal-sector gaps

4 · Platform and data
Own the rails others use

Where AI goes
Shared AI platforms, pooled data,
models sold to peers

First moves
Regional data pool; AI-as-a-service
for smaller insurers

Proof points
Africa 1% of data-centre capacity:
scale must be shared

Fits
Market leaders, reinsurers and
industry bodies like AIRDC

AI ANGLE No insurer can do all four at once: lead with one, use the others as support, and revisit the choice every year.

Sources: McKinsey Aviva; PwC; GSMA 2026; Heirs Technologies 2025 · framework: presenter s̓ synthesis 132



AI  STRATEGY  ·  2  OF  2

Building the strategy: six decisions and three horizons
1. Ambition Which strategy leads, and what result in 3 years: cost, growth, new products or platform revenue

2. Use-case portfolio 58 use cases scored on value and feasibility; 2 quick wins in 90 days, 2 bets for 2027

3. Data and platform Single customer view, claims and fraud data, cloud or hybrid hosting, in-country where the law requires

4. Talent and partners A small AI team, an AI-literate leadership, and partners for models, data and reinsurance

5. Governance Model inventory, validation, human oversight of every decline, bias testing, board reporting

6. Measures Turnaround time, loss ratio by segment, cost per policy, fraud found, customers reached

Horizon 1: prove
Next 90 days

Two quick wins live, e.g. GenAI service and
photo claims

Data audit and AI policy approved by the
board

Horizon 2: scale
2027

Chosen strategy rolled out across the core
lines

Shared platform or data pool agreed with
peers

Horizon 3: lead
20282030

AI-first operating model; new products
and channels

Measured contribution to the protection
gap

AI ANGLE A strategy is six decisions written down and three horizons with dates; anything less is a pilot, not a strategy.

Framework: presenter s̓ synthesis · horizon dates indicative 133



AI  STRATEGY  ·  BY  INSURER  TYPE

Which strategy leads, by type of insurer

Insurer type Lead strategy Priority AI moves Measures

Life and funeral Distribution first Chat and USSD sales, lapse prediction, instant funeral
payouts

Persistency, cost per policy, claims
paid in hours

Motor and property Efficiency first Photo claims, fraud scoring, telematics pricing Claims turnaround, loss ratio, fraud
found

Health and medical Efficiency first Pre-authorisation, claims adjudication, provider fraud Straight-through rate, leakage,
member satisfaction

Agriculture and micro Product innovation Satellite and weather parametric cover, mobile-money
premiums

Farmers covered, payout speed,
basis risk

Reinsurers and brokers Platform and data Cedant data quality, cat models, AI tools shared with
clients

Cedant retention, model accuracy,
new capacity

Industry bodies AIRDC Platform and data Pooled fraud and claims data, shared AI platform, talent
academy

Members using the pool, cost per
insurer

AI ANGLE
The lead strategy follows the business: where you lose money, automate; where you lose customers, distribute; where you cannot insure,
innovate.

Framework: presenter s̓ synthesis 134



AI  STRATEGY  ·  SMALL  INSURERS

A 12-month AI starter plan on a small budget

280×
Fall in the cost of running GPT
3.5-level AI, 20222024

1.7%
Gap between the best open-
weight and closed models: free
models are good enough

41%
Of AI-using South African insurers
planned under R1m of AI spend in
2024

8%
Of South African insurers used AI
at all in 2024: first movers stand
out

Months 13: foundations
Cost: mostly time

Name an AI owner and a 3-person squad

Clean one dataset: claims or policies

Board-approved AI policy: human decides
every decline

Pick two quick wins from the four strategies

Months 48: two quick wins
Cost: cloud pay-as-you-go

GenAI service on WhatsApp in local
languages

Photo-based claims triage or fraud scoring
on every claim

Use open-weight or pay-per-use models, no
big licence

Measure: turnaround, cost per policy, fraud
found

Months 912: scale and share
Cost: shared with peers

Roll the win across a second line of business

Join or start a pooled data or platform with
peers

Reskill front-line staff; publish results to the
board

Set the 2027 bet: distribution, product or
platform

AI ANGLE Small insurers do not need a big budget to start; they need one owner, one clean dataset and two wins inside a year.

Sources: Stanford AI Index 2025; FSCA & Prudential Authority 2025 · plan: presenter s̓ synthesis 135



AI  STRATEGY  ·  P ITFALLS

Why AI strategies fail: seven pitfalls and the fix

97%
Of firms with AI-related breaches
lacked AI access controls

1 in 5
Breaches involve unapproved
“shadowˮ AI tools

Art. 14
EU AI Act: a human must oversee
high-risk AI decisions

#2
AI is now the second-biggest
global business risk

Pitfall What it looks like The fix

Pilot purgatory Dozens of pilots, nothing in production Fund two use cases to production before starting a third

Data before models Models built on dirty, siloed data Clean one dataset end-to-end; a single customer view first

Shadow AI Staff using unapproved tools with customer data An approved toolset, access controls, and a clear AI policy

Vendor lock-in One closed model, priced in foreign currency Open-weight or multi-vendor, exit clauses in every contract

No owner AI sits in IT with no business sponsor A named executive owner and a business KPI for every use case

Skipping governance No validation, no oversight of declines Model inventory, bias tests, a person deciding every decline

Copying the crowd Same chatbot as every competitor Lead with one strategy that fits your book, then expand

AI ANGLE Most AI programmes fail on ownership, data and governance, not on the models; fix those three and the technology follows.

Sources: IBM Cost of a Data Breach 2025; EU AI Act Reg. 2024/1689; Allianz Risk Barometer 2026 · pitfalls: presenter s̓ synthesis 136



AI  AND  PROF ITS

AI and the bottom line: four levers, with evidence

$1.1tn
Potential annual value of AI for
global insurance

$400bn from pricing, underwriting
and promotion

$300bn from customer service and
personalisation

Revenue up
New segments, cross-selling, retention

$722bn Embedded insurance
premiums by 2030 (forecast)

$41bn Untapped microinsurance
premiums; 88% gap

Costs down
Automation and straight-through processing

40% Of underwritersʼ time on
admin AI can release

80% Faster simple-claim
settlement Allianz)

Claims down
Less fraud and leakage, more prevention

5–10% Claims cost saved by cutting
leakage PwC

65% Fewer complaints after AI
claims rewiring Aviva

Capital freed
Sharper risk selection and reinsurance

85% Combined ratio, down from
97% (illustrative)

~27% Return on equity, up from
14% (illustrative)

AI ANGLE Translate the global prize into four levers, and ask which one moves your combined ratio most.

Sources: McKinsey; InsTech London; MiN 2024; Accenture; Allianz; PwC; Aviva · capital figures illustrative 137



MAK ING  AI  HAPPEN

The AI business case, proven in a 90-day pilot

What AI costs
Data clean-up and integration
Platforms, cloud and licences
Talent and partnerships

Training and change management

What AI returns
Lower cost per policy
Less claims leakage
Faster claims, higher retention

New customer segments

DAYS  1–30

Define
Pick one problem and KPI, audit the
data, choose a partner

DAYS  31–60

Build
Train on historical data, test with a
small team, check for bias

DAYS  61–90

Prove
Run live on one segment, measure
against baseline, scale or stop

Start with one use case: [investment __] against [annual benefit __].

AI ANGLE Boards approve numbers, not visions: prove AI on one use case in 90 days, then scale or stop.

Framework: presenter s̓ synthesis · placeholders: insert your own figures 138



ILLUSTRAT IVE  ONLY  ·  TWO  INSURERS ,  US$100M  PREM IUM  EACH

Sample balance sheet: traditional vs AI-first insurer

AI ANGLE AI shows up on the balance sheet as fewer physical assets, more intangible assets, lower claims liabilities and stronger equity.

Illustrative example built by the presenter · not company data or a forecast

Balance sheet US$ million · two insurers, same US$100m premium Traditional AI-first

LINE ITEM TRADITIONAL VS AI-FIRST CHANGE WHY IT CHANGES

ASSETS

Investments and cash 150
152 +2 Better results retained

Reinsurance assets 20
22 +2 Better cat data

Premiums receivable 15
10 −5 Mobile-money collection

Property and branches 12
4 −8 Digital channels

Software, data, AI models 3
12 +9 Capitalised AI build

Total assets 200 | 200 Balances

LIABILITIES AND EQUITY

Insurance contract liabilities 120
112 −8 Faster claims

Reinsurance, other payables 15
13 −2

Other, incl. cloud contracts 10
12 +2 Tech commitments

Equity 55
63 +8 Stronger capital

Total liabilities and equity 200 | 200 Balances

Combined ratio

85%
from 97%

−12 pts

Return on equity

~27%
from ~14%

after tax

Claim settlement

3 days
from 21 days

7x faster

Operating ratios % · traditional vs AI-first

Loss ratio 58%62%

Expense ratio 27%35%

Straight-through policies 60%10%

Tech spend, % of GWP 7%3%

0% 25% 50% 75% 100%
Traditional AI-first

Watch
AI intangibles can be impaired; model risk needs capital.
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MAK ING  AI  HAPPEN

Build, buy or partner: sourcing AI wisely
Build
Own models on open-source AI

+ Most control and data sovereignty

− Scarce skills, time and cost

Best for: large insurers with data science
teams

Buy
Vendor platforms and AI services

+ Fastest to deploy, proven tools

− Lock-in; data may leave the country

Best for: standard use cases like chat and OCR

Partner
Insurtechs, telcos, banks, reinsurers

+ Shared cost, reach and data

− Needs clear data and revenue terms

Best for: distribution and pooled platforms

Six questions to ask any AI vendor

1 Where is our data stored and processed, and does it leave the
country? 2 Is our data used to train your models?

3 Can each decision be explained to a customer and a regulator? 4 Do you support our local languages and low-bandwidth channels?

5 Can we exit and take our data and models with us? 6 Show it working in production, not a demo: “agent washingˮ is
common

AI ANGLE Most developing-market insurers will buy and partner more than build: choose partners on data terms, not demos.

Sources: Gartner 2024, 2025 · framework: presenter s̓ synthesis 140



THE  INSURER  OF  THE  FUTURE

What an AI-first insurance organisation looks like
CUSTOMERS · BROKERS · PARTNERS (telcos, banks, retailers, platforms)

Channels: app · WhatsApp · USSD · voice · agents · embedded checkouts

AI ORCHESTRATION LAYER
Agents route every request and run routine steps · people approve payouts, declines and exceptions

Product

Parametric and
micro design

Underwriting

Auto-underwrite
simple risks

Distribution

Next-best offer
in partner apps

Claims

Photo claims and
fraud scoring

Service

24/7 GenAI in
local languages

Finance, risk

Reserving and
cat models

SHARED DATA PLATFORM: single customer view · satellite · IoT · mobile money · claims history

Cloud · APIs · security · quantum-safe encryption

GOVERNANCE
AND PEOPLE

Board AI policy

Model risk

Human in loop

Ethics, fairness

Reskilled staff

Regulator

dialogue

Data privacy

Traditional: product silos, paper, people do every step. AI-first: one data platform, agents run routine steps, people handle judgement, relationships

and oversight.

AI ANGLE AI-first means redesigning the organisation around data and agents, not adding AI tools to old processes.

Framework: presenter s̓ synthesis · cf. Allianz Project Nemo 2025; McKinsey State of AI 2025 141



THE  INSURER  OF  THE  FUTURE

A futuristic AI-era organogram
BOARD · AI, Risk and Ethics Committee

CEOAI Governance Office Agent Operations Centre

Chief AI &

Data Officer

HUMAN  AI

Platform, MLOps

data, agents

Underwriting

HUMAN  AI

Underwriters +

intake agents

Claims

HUMAN  AI

Supervisors +

claims agents

Customer &

Partners

HUMAN  AI

Service leads +

GenAI assistants

Finance

CFO

HUMAN  AI

Controllers +

reconciliation AI

Risk

CRO

HUMAN  AI

Model validators +

monitoring AI

People

HUMAN  AI

Reskilling +

AI coaching

SHARED DATA PLATFORM · every team uses the same governed data, models and agents

AI ANGLE In the AI-era insurer every leader runs a human-plus-agent team, and two new units govern and operate the agents.

Framework: presenter s̓ scenario · cf. Allianz Project Nemo 2025; McKinsey State of AI 2025 142



WORK ING  TOGETHER

What AIRDC members can do together on AI

54
African countries, each with
its own regulator and rules

0.9%
Africaʼs share of world
insurance premiums

<1%
Africaʼs share of global data-
centre capacity

8%
Of South African insurers
used AI in 2024

1 · Shared data
Pooled claims, fraud and catastrophe

data
Built within national data laws

2 · Shared platforms
Regional AI and cloud platforms

Pay-as-you-go, not market-by-market
builds

3 · Shared talent
AI academy with universities and

reinsurers
Exchange of data scientists

4 · Common standards
AI governance principles agreed with

regulators
Model validation and audit templates

5 · Risk pools
Parametric covers priced with AI

Build on ARC-style pools

6 · Cyber defence
Joint threat intelligence sharing

Common incident playbooks

AI ANGLE Alone, most of our markets are too small for AI at scale; together, AIRDC s̓ 28 member countries form a far larger market.

Sources: OECD 2025; Swiss Re; Heirs Technologies 2025; FSCA & PA 2025 · six actions: presenter s̓ proposals 143



LONG-TERM  STRATEGY

National visions to 2050: aligning insurance and AI strategy
Country or bloc National vision AI or digital strategy Insurance role

African Union Agenda 2063 Continental AI Strategy 2024 Pooled risk, climate resilience

Zimbabwe Vision 2030: upper-middle-income
society

National AI Strategy 20262030 Mar
2026

Mining, agriculture, diaspora
cover

Kenya Vision 2030 National AI Strategy 20252030 Mar
2025

Inclusion, agri and health cover

Nigeria Nigeria Agenda 2050 Draft National AI Strategy Aug 2024 Mass-market and motor cover

Ethiopia Ten Years Development Plan 2021
2030

EV and green mobility push EV, infrastructure, agri

India Viksit Bharat 2047 IndiaAI Mission Mar 2024; UPI Mass digital insurance

Insurers aligned with national visions win policy support, public-private schemes and long-term capital.

AI ANGLE
Tie every AI investment to a national priority: inclusion, climate resilience, jobs or infrastructure. That is how insurers become
partners of the state.

Sources: AU; Zimbabwe Vision 2030 & AI Strategy; Kenya MICDE; Nigeria Agenda 2050 & NAIS; Ethiopia PDC; MeitY 144



THE  OUTLOOK

Forecasts that will shape insurance to 2050

170m / 92m 2030

Jobs created / displaced
worldwide

WEF

$1.1tn Potential

Potential annual AI value in
insurance

McKinsey

15% 2028

Of daily work decisions made by
AI agents

Gartner

40% 2027

Of GenAI solutions multimodal

Gartner

$722bn 2030

Embedded insurance premiums

InsTech London

~$28bn 2030

Global cyber insurance
premiums

Munich Re

~$148bn 2026

Insured catastrophe losses
expected

Swiss Re

945 TWh 2030

Data-centre electricity use

IEA

2.47bn 2050

People in Africa, 56% from
2024

UN WPP 2024

$97bn 2035

Quantum technology revenue

McKinsey

91m 2035

New travel and tourism jobs

WTTC

~5x 2040

Lithium demand growth

IEA

AI ANGLE Every one of these forecasts is an insurance market: the insurers who price them with AI first will write the next decades̓ growth.

Sources: WEF; McKinsey; Gartner; InsTech London; Munich Re; Swiss Re; IEA; UN WPP 2024; WTTC · all forecasts 145



INSURANCE  MARKET  OUTLOOK

Africa and Asia to 2040: growth scenarios, not forecasts
Real premium index, 2026  100 (constant Swiss Re growth rates)

India 7.1% a year) Emerging markets 5.1% Global 2.4%

Advanced markets 1.7%

100

150

200

250

2026 2030 2035 2040

After 2028: illustrative only 261

201

139
127

Latest Swiss Re signals

3.9% → 1.3%
Global real premium growth, 2025  2026

7.1%
India, fastest of the top 20 markets in 2026

5.5%
Emerging Asia ex-China non-life growth, 2026 forecast

0.9%
Africa s̓ share of world premiums

AFR ICA
We found no public forecast to 2040 by African market cluster. Growth has come mostly from economic expansion, not deeper penetration:
AI-led distribution is how that changes.

AI ANGLE At emerging-market growth rates premiums double by 2040; at India s̓ pace they grow 2.6x. AI decides who captures that growth.

Sources: Swiss Re sigma 2/2025, 2/2026 and India report; McKinsey · post-2028 values illustrative 146



MAK ING  AI  HAPPEN

The AI roadmap, and insurance in ten years

1
Fix the data

Clean, connect,
govern

2
Start small

One high-value use
case

3
Partner

Insurtechs, telcos,
banks

4
Engage regulators

Sandboxes, share
results

5
Build skills

Training, AI ethics
rules

2026–2028

Adopt
Pilots in claims, fraud and service;
generative AI assistants routine; first
AI rules

2029–2032

Scale
Embedded and parametric
mainstream; AI agents settle simple
claims; satellite data in pricing

2033–2036

Transform
Prevention-led, real-time cover;
insurers as risk partners; a narrower
protection gap

The outlook is a scenario, not a forecast: its pace depends on data, regulation and investment.

AI ANGLE The AI phase your company reaches by 2030 decides where it stands in 2036.

Framework: presenter s̓ synthesis · the ten-year outlook is a scenario, not a forecast 147
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What does AI mean for
people and HR?
Jobs that grow and shrink, reskilling, new ways of working, and HR’s role in the shift.



R O L E S  ·  H R  I N  I N S U R A N C E

HR and AI: reshaping the workforce, and HR itself
HR’s two jobs in the AI era

1 Lead the workforce shift

Map which tasks AI will change, role by role

Reskill people before automating their tasks

AI literacy for every employee

Hire scarce data and AI talent

Guide people through the change

2 Use AI inside HR

Match people to open roles and training

Personalised learning paths

Workforce planning and attrition early warning

Employee help desk chatbots

Reskilling pathways in insurance 39% of core skills expected to change by 2030 (WEF)

Claims clerk Claims analyst reviewing AI decisions

Underwriting assistant Underwriter using AI triage and scoring

Call-centre agent Customer advocate for complex and sensitive cases

Data entry clerk Data quality steward

Actuarial analyst Actuarial data scientist

Branch sales staff Digital and embedded-channel adviser

Guardrails for AI in HR AI used in recruitment and employment is high-risk under the EU AI Act

Test for bias
in hiring and promotion
models

A person decides
every hire, dismissal and
promotion

Tell employees
when AI is used about
them

Protect data
on staff health and
performance

AI ANGLE HR decides whether AI replaces people or upgrades them: plan the reskilling before the automation, not after.

Sources: WEF Future of Jobs Report 2025; EU AI Act, Annex III. Framework: presenter’s synthesis 149



AI  AND  THE  LABOUR  FORCE

AI and the workforce: the next decade

170m
Jobs created by 2030

92m
Jobs displaced by 2030

22%
Of jobs churn by 2030

~40%
Of core skills change

1 in 4
Jobs exposed to generative AI;
3.3% highly

34% vs 11%
Exposure in high- vs low-
income countries

1.2bn
Youth reach working age in 10
yrs; 420m jobs

Up to 12%
Of workers do online gig work:
154435m

Drivers of change
AI automates routine office work; EVs and
self-driving reshape vehicle trades; platforms
and green jobs grow

Roles changing in insurance
Claims handlers become investigators and
advocates; underwriters supervise models

Roles growing in insurance
Data scientists, AI governance and model
risk, cyber, digital partnerships

AI ANGLE Insurersʼ own workforce is heavy in the clerical roles most exposed to AI: reskilling is urgent.

Sources: WEF Future of Jobs 2025; ILO 2025; World Bank 2023, 2025 150



AI  AND  THE  LABOUR  FORCE

Which jobs AI grows and shrinks: the numbers to 2030

Fastest-growing
% growth, 20252030

Big data specialists 113%

Fintech engineers 93%

AI and machine learning 82%

Delivery drivers 46%

Renewable energy and environmental
engineers

Top 15

Autonomous and EV specialists 48%

Most new jobs
Net new jobs, 20252030

Farmworkers 49m in, 14.1m out) 34.9m

Delivery drivers 46% 9.8m

Software developers 6.7m

University teachers 1.9m

Personal care aides 1.6m

Nursing professionals 3.1m

Farming alone is 45% of the 78m net new jobs; cashiers make up 18% of all 92m jobs lost; 39% of skills change by 2030.

New workers need new cover: per-trip gig cover, portable benefits, income protection, small-business packages, EV and solar trade risks, cyber for wallets

and identity.

AI ANGLE AI and robotics drive the clerical decline: insurersʼ own back offices are in the most exposed group.

Sources: WEF Future of Jobs Report 2025, via WEF and Euronews

Biggest job losses
Net jobs lost, 2025–2030
Cashiers and ticket clerks −13.7m

Admin assistants, secretaries −6.1m

Stock-keeping clerks −2.64m

Accounting and payroll clerks −1.65m

Data entry clerks −0.5m

Also among the fastest declining:
claims adjusters, examiners and investigators
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AI  AND  THE  LABOUR  FORCE

Jobs that stay but change: what AI takes, what stays human

39%
Of workersʼ core skills change
by 2030

1 in 4
Jobs worldwide exposed to
generative AI

22%
Of today s̓ jobs churn by 2030
170m created, 92m displaced

Most
Exposed jobs are transformed,
not replaced

Job What AI takes over What stays human

Nurses and care workers Triage, notes, scheduling, monitoring Hands-on care, empathy, judgement

Teachers Marking, lesson materials, tutoring bots Motivation, mentoring, classroom craft

Farmers Satellite yield and pest alerts, pricing Field decisions, local knowledge

Drivers and delivery Routing, matching, dispatch, safety scoring The driving itself, customer contact

Bank tellers and clerks Transactions, checks, data entry Complex cases, advice, trust

Insurance agents and assessors Quotes, documents, first estimates Advice, negotiation, hard claims

Doctors and lawyers Reading scans and contracts, drafting Diagnosis, accountability, ethics

AI ANGLE
Most jobs will not disappear; the tasks inside them will. Insurers must reskill their own people and re-price the risks of everyone elses̓
changing work.

Sources: WEF Future of Jobs 2025; ILO 2025 · examples: presenter s̓ synthesis 152



AI  AND  THE  LABOUR  FORCE  ·  1  OF  4

AI and labour: primary and industrial sectors

AI ANGLE
AI does not simply remove labour risk; it redistributes it. As work shifts from physical execution toward human–AI collaboration,
insurance demand moves toward cyber, professional liability, technology failure, income protection, product liability and new forms
of occupational cover.

Sources: FAO/ILO 2024; IFR World Robotics 2025; IEA 2025; Waymo via TechCrunch 2026

SCALE AI AND TECHNOLOGY CHANGE WHAT IT MEANS FOR INSURERS

Agriculture 892m
workers, 26% of jobs; 48% in Africa

Drones Satellite imagery Precision farming

Autonomous equipment

Crop and livestock Equipment Farmer health

Parametric weather

Manufacturing and
industry

542k
robots installed 2024; 4.7m in use, 74% in Asia

Robotics Cobots Digital twins Predictive maintenance
Machinery breakdown Product liability Cyber

Business interruption

Mining ~5x
lithium demand by 2040; safety-critical

Autonomous trucks Drones Remote operations

Predictive maintenance

Engineering Cyber Environmental Liability

Parametric

Construction High-injury
labour-intensive sector

Drones BIM Robotics Digital twins

Autonomous machinery
Contractors’ all-risk Machinery Liability Cyber-physical

Energy and utilities ~90%
of Ethiopia’s power is hydro; critical
infrastructure

Smart grids Renewable AI Predictive maintenance

Drone inspection

Infrastructure Cyber Business interruption

Renewables cover

Transport and
logistics

500k
driverless Waymo rides a week (2026)

EVs Driver aids Autonomous vehicles Route AI

Delivery platforms

Usage-based motor Fleet cyber Product liability

Per-trip cover
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AI  AND  THE  LABOUR  FORCE  ·  2  OF  4

AI and labour: services and knowledge work

AI ANGLE Knowledge work is where generative AI bites first: professional indemnity and AI-error liability become growth lines.

Sources: ILO 2025; Gartner 2024; WEF 2025; WHO; UNESCO Global Report on Teachers

SCALE AI AND TECHNOLOGY CHANGE WHAT IT MEANS FOR INSURERS

Office and clerical 1 in 4
jobs exposed to GenAI; clerical most exposed

AI assistants Automated admin Bookkeeping

Document processing

Changing group schemes Professional indemnity

AI-error liability

Banking and finance 58%
of finance functions used AI in 2024

AI advisers Fraud AI Algorithmic trading

Automated operations
Professional indemnity Cyber Algorithmic and model risk

Insurance >95%
of task shift from automation (WEF)

AI underwriting Claims automation Fraud detection Agents E&O Model risk Operational resilience AI governance

Legal and
professional

Expert
knowledge-intensive workforce

Legal copilots Document review Research

Contract drafting
Professional indemnity Confidentiality AI-advice liability

Healthcare 11.1m
health-worker shortfall by 2030 (WHO)

Diagnostic AI Robotic surgery Virtual care Clinical copilots Medical malpractice Cyber AI liability Equipment

Education 44m
more teachers needed by 2030; 15m in SSA

AI tutors Automated marking Content generation Cyber Professional liability Data and privacy

Media and creative Creators
writers, designers, artists, producers

Generative text, image, video and audio IP infringement Professional liability Deepfake risk
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AI  AND  THE  LABOUR  FORCE  ·  3  OF  4

AI and labour: consumer and public sectors

AI ANGLE Front-line service jobs are automating fast: cover must follow the risk into machines, networks and data.

Sources: WEF Future of Jobs 2025; WTTC Economic Impact Research 2026; Airtel Africa

SCALE AI AND TECHNOLOGY CHANGE WHAT IT MEANS FOR INSURERS

Retail −13.7m
net cashier jobs by 2030 (WEF)

Self-checkout Computer vision Warehouse robots

Recommendations

Property Cyber Product liability

Changing workers’ cover

Hospitality and
tourism

366m
travel and tourism jobs, 10.9% of global jobs
(2025)

Service robots AI booking Dynamic pricing

Digital concierge
Liability Cyber Travel Business interruption

Telecoms 174m
Airtel Africa customers in 14 countries

Autonomous networks AI operations

Software-defined infrastructure

Cyber Network outage Technology E&O

Business interruption

Security and defence
services

Tech-heavy
physical and technology-intensive

Drones Computer vision Autonomous surveillance Liability Cyber Equipment and technology risk

Public sector Large
administrative workforce

Digital government AI case processing

Citizen-service automation

Cyber Data liability Infrastructure

Operational resilience
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AI  AND  THE  LABOUR  FORCE  ·  4  OF  4

AI and labour: new ways of working

AI ANGLE New ways of working need new cover: per-trip, per-task and portable protection priced by AI in real time.

Sources: Uber Q4 2025; Bolt 2025; World Bank 2023; GSWA 2025; WEF Future of Jobs 2025

E-HAILING AND DELIVERY

202m
Uber users; 13.6bn trips (2025).
Bolt: 200m+ customers, 50+
countries

AI AND TECHNOLOGY CHANGE

Algorithmic dispatch Dynamic pricing Telematics

Robotaxis

COVER TO BUILD

Per-trip motor Driver accident and income

Passenger liability

GIG AND PLATFORM ECONOMY

154–435m
people do online gig work, up to
12% of workers

AI AND TECHNOLOGY CHANGE

Algorithmic work allocation Digital labour platforms

COVER TO BUILD

On-demand accident Health

Income protection Per-task cover

REMOTE AND HYBRID WORK

~1.3 days
a week worked from home;
~25% of graduate workdays

AI AND TECHNOLOGY CHANGE

AI copilots Collaboration tools Cloud workspaces

COVER TO BUILD

Home-office cyber Portable health

Freelancer PI

TECHNOLOGY AND SOFTWARE

+113%
big data roles; AI/ML roles
+82% by 2030 (WEF)

AI AND TECHNOLOGY CHANGE

AI-assisted coding Autonomous software agents

COVER TO BUILD

Technology E&O Cyber IP

AI and model liability
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AI  AND  THE  LABOUR  FORCE  ·  SECTOR  FOCUS

E-hailing: AI-dispatched drivers and the insurance gap

AI ANGLE E-hailing platforms know every trip: insurers who partner with them can price and pay per trip, closing a gap millions of drivers face.

Sources: Uber Q4 2025; Bolt via TechEconomy 2025) and Engineering News 2023; Waymo via TechCrunch 2026

The scale of the platforms

UBER

202m
monthly users; 13.6bn trips in
2025

BOLT

200m+
customers in 600+ cities, 50+
countries

BOLT IN AFRICA

900k drivers, with 1bn+ rides (2023)

WAYMO

500k
paid driverless robotaxi rides a
week (2026)

1 Risks drivers carry

Accidents and injury on the road

Robbery and assault, especially
at night

Vehicle damage and lost income

No employer health or pension
cover

2 Where AI helps insurers

Price per trip from app and
telematics data

Detect fatigue, speeding and
route risk

Instant claims with in-app
photos and trip logs

Fraud checks across drivers and
platforms

3 Products to build

Per-trip motor and passenger
liability

Driver accident, health and
income cover

Cover bundled into platform
onboarding

Liability for robotaxis as
autonomy grows
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AI  AND  THE  LABOUR  FORCE  ·  NEW  WAYS  OF  WORK ING

Remote workers: a new, mobile and borderless client base

AI ANGLE Remote work turns talent and customers borderless: AI lets insurers serve, and hire, a mobile workforce wherever it lives.

Sources: Global Survey of Working Arrangements Aksoy, Bloom, Davis et al., 2025; World Bank 2023

Working from home, by region
Days a week, university graduates (2024/25)

0.0 0.4 0.8 1.2 1.6

English-speaking countries 1.52

Global average 1.27

Africa and Latin America ~1

Asia 0.51

~25%
of graduate workdays done from
home, stable since 2023

154–435m
people doing online gig work
worldwide

New risks

1 Home networks and devices as cyber entry
points

2 Cross-border health, tax and legal gaps

3 Isolation and mental-health strain

4 Equipment and home-office liability

Products to build

1 Remote-worker and freelancer cyber

2 Portable health and income cover across
borders

3 Professional indemnity for freelancers

4 Employer hybrid-work packages

FOR INSURERS THEMSELVES

Hire scarce AI and actuarial talent anywhere

AI copilots make distributed teams productive

Secure access and data controls for home workers
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AI  AND  THE  LABOUR  FORCE

What happens to the worker, and to the risk

1 · Automated
Routine tasks done by
machines, e.g. data entry

2 · Augmented
Same job, with AI
support

3 · Reskilled
New skills for a changed
role

4 · Redeployed
Moved to a new role

5 · Newly created
Jobs that did not exist

AUGMENTED

Accountant → AI-assisted accountant

REDEPLOYED

Driver → autonomous-fleet operator

REDEPLOYED

Mine worker → remote operations
specialist

RESKILLED

Claims handler → AI claims supervisor

RESKILLED

Factory operator → robotics technician

AUGMENTED

Software developer → AI and agent
supervisor

THE INSURANCE CONSEQUENCE:  A  TRUCK DR IVER  EXAMPLE

Old occupational risk: the
truck driver →

Human + machine: an
autonomous fleet →

Digital risk: software, sensors,
cyber, residual human error →

New products: motor + cyber
+ product liability + BI

AI ANGLE Most workers are augmented, reskilled or redeployed, not simply replaced, and every shift creates a new insurable risk.

Framework: presenter s̓ synthesis · role transitions are illustrative 159



AI  AND  THE  LABOUR  FORCE

From job displacement to risk displacement
STAGE 1
Physical labour risk
Injury on the shop floor or the
road

Who is liable: Employer

INSURANCE

Workersʼ compensation

STAGE 2
Human–machine risk
Operator and cobot, or driver
and driver-aid, share control

Who is liable: Employer and
equipment vendor

INSURANCE

Professional indemnity

STAGE 3
Algorithmic risk
A wrong or biased model
decision, a data breach

Who is liable: Deployer and AI
developer

INSURANCE

Cyber and AI liability

STAGE 4
Autonomous-system risk
A self-driving truck or AI agent
acts on its own and fails

Who is liable: Manufacturer and
software provider

INSURANCE

Product and autonomous-
system liability

Demand grows for cyber, professional liability, technology failure, income protection, product liability and new occupational cover.

AI ANGLE Follow the risk as it moves from people to machines: that is where the growth lines of the next decade will be written.

Framework: presenter s̓ synthesis 160



08SECTION 08 OF 09

What does AI change, and
what can go wrong?
Clients and the new risks: cyber, fraud, data, sovereignty and responsible AI.



AI  AND  CUSTOMERS

How AI changes the client base

Higher expectations
Generative AI reached over half the world in
three years; clients expect instant service

New segments
Informal workers, smallholders, gig workers,
small firms

Personalised cover
Products fitted to behaviour, income and life
events

Prevention first
Alerts and advice that stop losses before they
happen

Clients use AI too
AI-drafted claims and complaints, and
deepfake fraud

Trust and fairness
Clients will ask how and why decisions were
made

AI ANGLE As decisions become automated, trust depends on explaining them: build explainability in from day one.

Source: Stanford AI Index 2026 162



AI  R ISKS

The honest AI risks, including cyber and fraud

$4.44m
Average global cost of a data breach, 2025

362
Documented AI incidents in 2025, up from
233

$308.6bn
Estimated yearly US insurance fraud
(contested)

Data quality
Models only as good as siloed records

Bias and fairness
Can exclude those we aim to reach

Cyber and privacy
Larger attack surface, duty of care

Skills gap
Data scientists are scarce

Legacy systems
Slow integration, higher cost

Regulatory clarity
Rules still forming

New threats: deepfake photos and voices, synthetic identities, AI phishing, forged documents. Response: AI to fight AI, identity and document checks,

cyber insurance as a product line.

AI ANGLE Each risk is manageable with governance; none is a reason to wait.

Sources: IBM Cost of a Data Breach 2025; Stanford AI Index 2026; Coalition Against Insurance Fraud 2022 163



INSURANCE  R ISK  AND  AI

How AI changes the insurer’s own risk profile
Risk type How AI helps manage it New risk AI creates

Underwriting and
pricing

Richer data, finer risk selection, live pricing Biased or unexplainable prices; regulatory challenge

Reserving Earlier loss signals, ML reserving Model error hidden in reserves

Catastrophe and
climate

AI weather and satellite models, accumulation tracking Over-reliance on unvalidated models

Fraud and leakage Screening every claim, network detection False positives that harm honest customers

Operational and cyber Anomaly detection, automated controls AI-powered attacks, data leakage, vendor outages

Conduct and legal Consistent decisions, audit trails AI liability, privacy breaches, fines up to 7% of
turnover EU

IN  OUR  MARKETS
The bar is rising: Nigerias̓ NDPA 2023, Indias̓ DPDP Act 2023, Kenyas̓ Data Protection Act 2019) and AI Strategy
2025, Zimbabwe s̓ Cyber and Data Protection Act 2021.

AI ANGLE AI reduces many insurance risks but creates new ones: model risk and AI risk now belong on every insurer s̓ risk register.

Sources: Allianz 2026; IBM 2025; EU AI Act; NDPA 2023; DPDP Act 2023; Kenya DPA 2019; Zim CDPA 2021 164



R ISKS  ·  CYBERCR IME

Cybercrime in insurance: rising risk across Africa and Asia
>30%
Of reported crime in West and
East Africa is cyber-related

>$3bn
Cybercrime losses across
Africa, 20192025

AI

$4.44m
Average global cost of a data
breach, 2025

$15bn → $28bn
Cyber insurance premiums,
2025  2030

Top threats to insurers

1 Phishing and online scams

2 Ransomware on core and claims
systems

3 Business email compromise

4 Data theft of policyholder and health
data

5 Claims and identity fraud, incl.
deepfakes

6 AI-enabled attacks and unapproved
AI tools

The evidence

1 Cyber is the #1 global business risk 42%

2 97% of firms with AI breaches lacked AI
access controls

3 1 in 5 breaches involve unapproved
“shadowˮ AI

4 Only 38% of African countries surveyed
have a national cybercrime reporting
platform

5 90% need significant improvement in
enforcement

What insurers should do

1 Multi-factor login and zero trust

2 Encrypt and minimise customer data

3 Govern AI tools and vendors

4 AI threat detection and fast
response

5 Tested incident and continuity plans

6 Share threat intelligence regionally

AI ANGLE Cybercrime is now a core insurance risk and a growth line: insurers must defend themselves before they can credibly sell cyber cover.

Sources: INTERPOL Africa Cyberthreat Assessment 2025; IBM Cost of a Data Breach 2025; Allianz Risk Barometer 2026; Munich Re 2026 165



CYBERCR IME  ·  ILLUSTRAT IVE

Cybercrime in insurance: Africa and Asia

Illustrative infographic supplied by the speaker · figures not independently verified; see previous slide for sourced data 166



AI  AND  CYBER

Cyber insurance: a growth line that AI makes bigger

AI ANGLE AI both raises cyber risk and helps price it: insurers who build cyber expertise now own a line growing 15% a year.

Sources: Munich Re Global Cyber Risk and Insurance Survey 2026; IBM Cost of a Data Breach 2025

A fast-growing line
Global cyber insurance premiums, US$

~$15bn

2025

~$28bn

2030 (expected)

~15% a year

1
Opportunity in our
markets

SME cyber packages

Cover embedded in mobile
wallets and banking

Cyber cover for public bodies

2
How AI helps underwrite

Outside-in scans of client
security

AI risk scores

Claims triage

Incident response

3
What reinsurers watch

Accumulation from shared
cloud and software

AI-driven attacks that hit many
clients at once

Why demand is rising

$4.44m average cost of a data breach, 2025 16% of breaches involved attackers using AI
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AI  R ISKS

AI risks: data privacy, hacking and data sovereignty

AI ANGLE Know where customer data is stored and processed, and never paste it into public AI tools.

Source: IBM Cost of a Data Breach Report 2025; national data protection laws

How AI gets breached
Findings from breached organisations, 2025

13% of firms had breaches of
their AI models or apps

97% of those lacked proper AI
access controls

1 in 5 breaches linked to
unapproved “shadow” AI
tools, adding about
$670k

16% of breaches involved attackers using AI, often deepfakes

Data privacy
Consent and limits on health and personal data under GDPR, India’s
DPDP, Nigeria’s NDPA and similar laws

CONTROL

Consent records and minimal
data

Hacking AI
Stolen models, poisoned training data, prompt injection and deepfake
claims

CONTROL

Lock down access; test
models against attack

Data sovereignty
Where data is stored and processed, and who controls the cloud and
the models

CONTROL

Map where every dataset and
model runs
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R ISKS  AND  SOVEREIGNTY

AI colonialism: the risk, and how insurers can avoid it

<1%
Africa s̓ share of global data-
centre capacity, with 18% of
the world s̓ people

0.5%
Africa s̓ share of the international
cloud market

40 · 15 · 3
Notable AI models in 2024 from
the US, China and Europe

$1.32–2
Hourly pay of Kenyan workers
labelling data for ChatGPT
TIME, 2023

What AI colonialism looks like How insurers can avoid it

Customer data flows abroad to train othersʼ models Own your data by contract; no training on it; host regionally

Foreign-trained models misprice local risks Validate and bias-test models on local data before use

Vendor lock-in, paid in scarce foreign currency Open-weight or multi-vendor options, exit clauses

Value and skills captured abroad; low-paid local labelling Local AI teams, fair pay, universities and reinsurers

Local languages and customers left out Multilingual AI and interfaces designed with local customers

THE  LAW  HELPS
Nigeria s̓ NDPA 2023, Kenya s̓ DPA 2019, Zimbabwes̓ CDPA 2021) and India s̓ DPDP Act 2023) already govern where data
goes.

AI ANGLE Use the world s̓ best AI, but keep ownership of your data, your modelsʼ decisions and your customersʼ trust.

Sources: Heirs Technologies via Ecofin 2025; Stanford AI Index 2025; TIME Jan 2023; national data protection laws 169



NEW  REVENUE

Data monetisation: turning insurance data into value, responsibly

$722bn
Embedded insurance premiums
forecast by 2030, 6x today
(forecast)

~$28bn
Cyber insurance premiums
expected by 2030, from $15bn
in 2025 (forecast)

71%
Of countries have a data privacy
law 2024; 61% in Africa 2022

$4.44m
Average cost of a data breach in
2025

Risk and prevention services
Weather and pest alerts to insured farmers

Driver and fleet safety scores
Property flood and fire risk reports

Partnership value
Embedded insurance with banks, telcos

and platforms
Better reinsurance terms from cleaner data

Co-designed products with partners

Industry data utilities
Shared, anonymised claims and fraud

databases
Market benchmarks for regulators

Catastrophe exposure data for pools

Guardrails
Consent, purpose limits and anonymisation under GDPR, India s̓ DPDP,
Nigeria s̓ NDPA and Kenya s̓ DPA; never sell personal data

Predictions to 2030
Embedded cover grows to $722bn; cyber doubles to $28bn.
Presenter s̓ view: data sharing becomes a regulated industry utility in
most AIRDC markets

AI ANGLE The most valuable use of insurance data is preventing losses and pricing fairly; monetise insight, never personal data.

Sources: InsTech London (embedded forecast); Munich Re 2026; UNCTAD 2022, 2024; IBM 2025 · forecasts labelled 170



RESPONS IBLE  AI

A responsible-AI checklist for insurers

AI ANGLE Responsible AI is not a brake: it is what lets customers, regulators and reinsurers trust AI-driven decisions.

Sources: IBM Cost of a Data Breach 2025; EU AI Act Reg. 2024/1689 · checklist: presenter s̓ synthesis

Why it matters

97% of firms with AI-related
breaches lacked AI access
controls

1 in 5 breaches involve
unapproved “shadow” AI
tools

7% of global turnover: the
maximum EU AI Act fine

Art. 14 EU AI Act: human oversight
of high-risk AI

The checklist Six principles, and what to do in practice

Human oversight
A person decides every decline, rejection and
high-value case

Fairness
Test models for bias across gender, age, region and
income before use

Transparency
Tell customers when AI influences their price or
claim; explain decisions

Privacy and security
Minimise data, control access to AI tools, ban
unapproved “shadow” AI

Accountability
Keep an AI inventory, name an owner for each
model, report to the board

Monitoring
Track drift, errors and complaints; retrain or retire
models
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09SECTION 09 OF 09

How do AI and climate change
interact?
Physical risk in our markets, risk pools, agriculture, and AI’s own energy footprint.



AI  AND  CL IMATE

Climate change: the risk AI must help us price

1.55°C
2024 above pre-industrial,
hottest year on record

11
Warmest years on record:
20152025

1.2bn
Workers exposed to heat
stress each year

~50%
Of the world at risk of
dengue

$318bn
Economic disaster losses in
2024

57%
Uninsured: a $181bn
protection gap

$107bn
Insured cat losses 2025,
below trend

~$148bn
Expected insured losses in
2026

Pakistan floods, 2022
$30bn+ damage and losses; 33m
people affected

Southern Africa drought, 2024
68m needed aid; Zimbabwe, Zambia,
Malawi declared disasters

Coasts at risk
900m people live on low-lying coasts

AI ANGLE Insured losses grow 57% a year and a peak year could reach $300bn: pricing this needs AI models.

Sources: WMO 202425; Swiss Re sigma 1/2025 and 202526 estimates; World Bank PDNA 2022; SADC 2024 173



AI  AND  CL IMATE

Climate risk by line of business, and how AI helps
Line Climate effect Key metric How AI helps

Property More floods, storms, wildfires,
subsidence

Insured cat losses up 57% a year Property-level risk scores from satellite
and elevation data

Agriculture Drought, heat and erratic rains 68m needed aid in 2024 SADC
drought

Satellite yield estimates, parametric
triggers

Life and
health

Heat stress, dengue, malaria 250k extra deaths a year, 203050
WHO

Mortality and morbidity trend models,
prevention

Motor Flood and hail damage to vehicles Pakistan 2022 $3.3bn transport
damage

Alerts to move cars; fast photo claims

Liability Lawsuits over emissions and
disclosure

3,600+ climate cases, 62 countries Screening directorsʼ and disclosure
exposures

Investments Stranded assets, transition shocks Warming already 1.4°C Portfolio climate stress tests

AI ANGLE In every line, AI turns climate data into a more precise price, an earlier warning or a faster claim.

Sources: Swiss Re; SADC 2024; WMO 2025; WHO; World Bank PDNA 2022; LSE Grantham Institute 2026 174



AI  AND  CL IMATE  ·  COUNTRY  CASE

Nepal: Himalayan disasters and the case for AI-enabled protection

Aug 2026
Rasuwa glacial debris flood:
1,000+ dead, thousands
missing

430 MW
Hydropower capacity hit,
about one-eighth of Nepalʼs
total

19
Bridges and 40 km of
highway damaged on the
Trishuli corridor

$7bn
Damage and losses from the
2015 earthquake; 8,790
deaths

What AI could add
Satellite and AI monitoring of glaciers
and glacial lakes

Minutes-ahead warnings down river
valleys

Rapid damage maps from satellite
imagery
Faster claims triage for homes, hydro

and roads

Insurance lessons
Most household and infrastructure
losses were uninsured

Hydropower and bridges need
engineering and BI cover

Parametric cover can pay within days
Travel and tourist cover matters in
trekking regions

Regional response
Share Himalayan hazard data across
borders

Regional risk pools for mountain states
Reinsurance for hydropower portfolios

AI ANGLE In the Himalayas, minutes of warning save lives and days of payout save livelihoods: AI makes both possible.

Sources: NDRRMA via ArcGIS StoryMap Sept 2026; Stimson Center 2026; Red Cross 2026; Nepal PDNA 2015 via GFDRR 175



AI  AND  CL IMATE

AI for climate resilience, the conference theme

97.2%
Forecast targets where Googles̓ GenCast
beat the top traditional model

8 min
For a 15-day global forecast on one AI chip,
vs hours on a supercomputer

2025
Europes̓ weather centre ECMWF made an AI
model operational

Early warning and prevention
Alerts help clients move stock, cars and
people before a loss

Risk at every address
Satellite and elevation data score flood and
fire risk property by property

Parametric payouts
Rainfall, wind and heat indices pay out in
days, not months

Claims at scale
Aerial images assess thousands of damaged
homes in hours

Sharper local cat models
Fill gaps where global vendors have little data

Scenarios and capital
Stress-test portfolios at 1.53°C; support
reinsurance and solvency

AI ANGLE Several leading AI weather models are open: developing-market insurers can use them without building them.

Sources: Google DeepMind, Nature Dec 2024; ECMWF 2025 176



AI  AND  CL IMATE

Parametric risk pools: fast, data-driven protection

$91.9m
CCRIF payout to Jamaica
after Hurricane Melissa
2025, its largest ever

14 days
Target for CCRIF payouts
after an event

$1.44bn
CCRIF total coverage in
2025, 35 members

5m
People CCRIF aims to
reach with parametric
microinsurance by 2030

Regional pools in our markets
African Risk Capacity (drought, since
2012, Pacific Catastrophe Risk
Insurance Company (since 2016,
CCRIF (since 2007) and similar pools

How AI improves parametric
cover
Satellite and AI weather models
sharpen triggers, reduce basis risk,
speed payouts and let pools add
microinsurance layers

The role for insurers and
reinsurers
Distribute micro layers, reinsure
pools, co-develop indices, and share
data with pool modellers

AI ANGLE Parametric cover lives or dies on data and triggers: AI weather and satellite models make it cheaper, fairer and faster.

Sources: CCRIF via Captive International Feb 2026; WRI via Insurance Journal 2019 177



AI  AND  CL IMATE

Agriculture: the insurance transition AI makes possible

892m
People work in agriculture, 26%
of global jobs; 48% in Africa

~2%
Africa s̓ share of global
agricultural premiums; farming is
30% of SSA GDP

<17%
Of African farmers are insured

58%
Of agricultural micro products
rely on premium subsidies

From To How AI enables it

Indemnity cover with field loss
assessment

Area-yield and parametric index cover Satellite yield and weather models set triggers

Single farmers, high cost to serve Bundles with seed, credit and mobile
money

Mobile onboarding and automatic payouts

Subsidised, donor-led schemes Blended public-private programmes Better pricing cuts subsidy per farmer

Paying after losses Advising before losses AI advisories on planting, weather and pests

AI ANGLE
AI moves agricultural insurance from costly field visits to data-driven triggers and advice: the only way to reach millions of
smallholders.

Sources: FAO/ILO 2024; Africa Re Nov 2025; Microinsurance Network Landscape 2024 178



AI  AND  CL IMATE  ·  ENERGY  TRANS IT ION

Renewable energy, AI and insurance: insuring the build-out

~685 GW
Record renewable capacity
added in 2024, up 22%

~4,600 GW
Added 20252030: global
renewable capacity doubles

~80%
Of that growth from solar PV

32% → 43%
Renewablesʼ share of world
power, 2024  2030

Risks to insure
Construction and erection all-risks for

solar, wind, hydro
Hail, storm and flood damage to panels

and turbines
Battery-storage fire and machinery

breakdown

Business interruption and grid curtailment

Where AI helps
Forecast solar and wind output for yield

cover
Drones and AI vision inspect panels and

blades
Predictive maintenance cuts breakdown

claims

Weather-index triggers for parametric
cover

Products to build
Performance and yield guarantees

Parametric low-wind or low-sun cover
Cover for mini-grids and rooftop solar

Green bonds and project-finance wraps

IN  OUR  MARKETS
About 90% of Ethiopia s̓ power is hydro; Nepal lost 430 MW of hydro in one 2026 flood; Swiss Re sees $200bn+ of
premiums from AI data centres and renewables by 2030.

AI ANGLE Every new solar farm, wind turbine and mini-grid is an insurable asset: AI makes their weather-driven risks priceable.

Sources: IEA Renewables 2025; Swiss Re sigma 3/2026; IBA Legalbrief Ethiopia 2024; Stimson Nepal 2026 179



AI  AND  CL IMATE

AI’s own climate footprint: risk and opportunity

415 TWh
Data-centre electricity in
2024, 1.5% of world use

945 TWh
Expected by 2030,
slightly more than Japan
uses

$0.5tn
Invested in data centres
in 2024, 2 2022

$200bn+
Premiums possible from
AI data centres and
renewables by 2030

Risk for insurers
Grid strain, cooling water and heat
stress on concentrated data-centre
clusters

Opportunity for insurers
Construction, property, energy and
cyber cover for a fast-growing asset
class

Responsible use
Choose efficient models, measure
AI emissions, report them in
disclosures

AI ANGLE Adopt AI responsibly: efficient models, measured emissions, disclosed in sustainability reports.

Sources: IEA Energy and AI 2025; Swiss Re sigma 3/2026 180



By 2030, a farmer in Masvingo, Punjab or Mindanao could buy cover on her phone
and be paid automatically when the rains fail.

One AI ask for each of us

Insurers

Pick one AI use case,

pilot it within 90 days
and measure it.

Reinsurers

Share models, data and

capacity to help cedants
adopt AI and parametric

cover.

Brokers

Move from transacting

to advising, with AI
insight your clients can

see.

Actuaries

Own model risk: validate

every AI model for
accuracy and fairness.

Regulators

Offer sandboxes and

clear, proportionate AI
guidance, and use

SupTech.

AI ANGLE The protection gap will not close by doing more of the same, and it will not close without AI.

Presenter s̓ recommendations · AIRDC 2026 181



D ISCUSS ION

Three questions for the room

1 Which one AI use case could your company pilot in the next 90 days?

2 What data could AIRDC members pool safely, and who should hold it?

3 What should regulators in our markets ask of insurers using AI?



FURTHER  READING

Take the ideas further

AI ANGLE Go deeper: the guide applies AI and hyper-automation across the life insurance business.

Kennedy and Miriro Chengeta, Digitalization of Life Insurance, Vol. 1

Digitalization of Life Insurance
A practical guide to AI and hyper-automation

Kennedy and Miriro Chengeta · Vol. 1

Actuarial Science & Artificial Intelligence at

Crossroads
Bridging uncertainty and intelligence

Kennedy Chengeta, PhD

The Last Human Skill
What remains uniquely human in the age of AI

Kennedy Chengeta, PhD
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Thank you
Questions and discussion

Kennedy Chengeta, PhD · Enterprise Architect and AI Leader · Camunda Chapter Lead, Africa
kennedychengeta@gmail.com · linkedin.com/in/kenn-chengeta-phd-91a8059



APPEND IX

A
Supporting slides
Regional population detail and the remittance projection, kept for questions.



POPULAT ION  ·  THE  NEXT  CUSTOMERS

Asia, Africa and Latin America: almost 9 in 10 people by 2050
Asia
Largest market, ageing fast

4.86bn → 5.28bn
9% by 2050

54.6%
of world,
2050

Age 32.8
median
today

Peaks
2050s
pensions,
health, care

Population

4.86bn

Today

5.28bn

2050

Africa
Youngest, fastest-growing market

1.58bn → 2.47bn
56% by 2050

25.5%
of world,
2050

Age 19.5
60% under
25

3.8bn by
2100
first-time
buyers

Population

1.58bn

Today

2.47bn

2050

3.8bn

2100

Latin America & Caribbean
Growing middle class

672m → 730m
9% by 2050

7.6%
of world,
2050

Age 32.1
median
today

Peaks
2053
motor,
health,
savings

Population

672m

Today

730m

2050

AI ANGLE Their next customers are mobile-first and digital-native: AI is how insurers reach them affordably.

Sources: UN World Population Prospects 2024 (medium variant) via Worldometer and INED; Pew Research 2026 186



GROWTH  MARKETS

Remittances: today and an illustrative ten-year projection
Latest actual Illustrative 10-year projection at 2.8% a year

India
2023  2033

$120bn → ~$158bn

Philippines
2023  2033

$39bn → ~$51bn

Pakistan
2023  2033

$27bn → ~$36bn

Nigeria
2025  2035

$21.8bn → ~$29bn

Kenya
2025  2035

$5.04bn → ~$6.6bn

Zimbabwe (formal)
2025  2035

$2.45bn → ~$3.2bn

Projection is illustrative, not a forecast: it applies the World Bank s̓ 2.8% growth estimate for 2025 to every year. Zimbabwes̓ total incl. informal flows may

be $3.5bn AfDB.

AI ANGLE At even modest growth these flows rise by about a third in ten years: protection embedded in remittances grows with them.

Sources: World Bank 2024; CBN via Vanguard; CBK; RBZ MPS 2026; AfDB AEO 2026 · projection illustrative 187



AI  BY  L INE  ·  MOTOR  AND  MOB IL ITY

AI on the road: EVs, self-driving and ride-hailing

ELECTR IC  VEHICLES

20m+ sold in 2025

25% of new cars; 30% in 2026
SE Asia 20%; Africa e-2-wheelers 80
2020

SELF-DR IV ING

500k Waymo rides a week

Up 10x since May 2024
Target 1m/week; 90% fewer serious
crashes*

R IDE-HAILING

202m Uber monthly users

40m+ trips a day
13.6bn trips in 2025, 20%

Shift Impact on risk Insurer response

Electric vehicles Costlier repairs, battery damage and fire risk EV pricing, approved repairers

Self-driving Liability moves from driver to maker and software Product liability, fleet cover

Ride-hailing More commercial use of private cars Per-trip and gig driver cover

Connected cars Rich data on how people drive AI usage-based pricing

Driver aids Fewer crashes, costlier sensors to fix Lower frequency, higher severity

AI ANGLE AI drives the cars, and AI must price them: telematics, liability shifts, fewer but costlier claims.

Sources: IEA Global EV Outlook 2026; Waymo via TechCrunch Mar 2026; *company data); Uber Q4 2025 188



AI  ON  THE  ROAD  ·  COUNTRY  CASE

Ethiopia’s EV law: a live test for motor insurers

Jan 2024
Ethiopia bans imports of
petrol and diesel vehicles, a
world first

~100,000
Electric vehicles on
Ethiopiaʼs roads 2024,
government)

<1% → ~6%
EV share of vehicles on the
road within two years

~$6bn
Spent on fuel imports in
2023, a key driver of the
ban

New risks for insurers
Scarce EV repair skills and parts;
costlier claims

Battery damage, fire and total-loss
valuation

Charging and electrical faults at

homes and depots
Little loss history to price from

New opportunities
Battery, charger and EV warranty
cover

Electric bus and fleet programmes
Partnerships with importers and

approved repairers

Cover for green infrastructure and
hydropower grids

Where AI helps
Telematics and battery data to price
without history

Photo AI for EV damage and repair-
or-replace calls

Fraud checks on imported and

rebuilt vehicles
Scenario models as fleets electrify

AI ANGLE
When a whole market switches technology overnight, historical data stops working: AI and vehicle data become the new pricing
base.

Sources: IEA policy database 2026; Ethiopian Ministry of Transport via SGS & IBA 2024; BloombergNEF via TopAuto 2026 189



A P P E N D I X  ·  K E Y  K P I s  ·  I N S U R A N C E  C E O

KPIs for the insurance CEO: growth, profit and trust
What the board and shareholders watch, and where AI moves the dial Lower is betterHigher is betterWithin target band

GWP growth
Year-on-year growth in premium written

= (GWP this year − last year) ÷ last year

Watch: growth bought with under-pricing

AI lever: new channels, pricing Quarterly

Combined ratio
Claims plus expenses versus earned premium

= (claims + expenses) ÷ earned premium

Watch: below 100% means underwriting profit

AI lever: claims, expense automation Quarterly

Return on equity
Profit relative to shareholders’ capital

= net profit ÷ average equity

Watch: boosted by one-off investment gains

AI lever: pricing, capital use Annual

Retention and NPS
Customers who renew and would recommend

= renewed policies ÷ policies due

Watch: NPS without renewal data misleads

AI lever: personalised service Quarterly

Market penetration
Share of the target market covered

= insured customers ÷ target population

Watch: cheap cover that lapses in year one

AI lever: embedded distribution Annual

Solvency coverage
Available capital versus requirement

= own funds ÷ solvency capital required

Watch: too high is idle capital, too low is risk

AI lever: risk and capital models Quarterly

NEW KPIs FOR THE AI ERA

AI value ($)  ·  savings and revenue from AI AI-enabled processes  ·  % of core processes AI incidents  ·  errors and complaints Staff reskilled  ·  % trained for AI

AI ANGLE The CEO’s scorecard should show AI value in dollars, not pilots: growth, combined ratio and trust.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 190



A P P E N D I X  ·  K E Y  K P I s  ·  C F O

KPIs for the insurance CFO: cost, cash and capital
Where finance measures performance, and where AI speeds it up Lower is betterHigher is betterWithin target band

Expense ratio
Operating costs versus earned premium

= operating expenses ÷ earned premium

Watch: cutting service that drives renewals

AI lever: back-office automation Monthly

Days to close
Time to close the monthly books

= working days from month-end to sign-off

Watch: fast close with manual late adjustments

AI lever: auto reconciliations Monthly

Premium on time
Share of premium received when due

= premium received on due date ÷ due

Watch: write-offs hidden in suspense accounts

AI lever: payday-timed collection Monthly

Investment yield
Return earned for the risk taken

= investment income ÷ average assets

Watch: yield chased by adding liquidity risk

AI lever: portfolio analytics Quarterly

Reserve accuracy
Reserves versus eventual claims

= actual run-off ÷ reserve held

Watch: releases that flatter this year’s profit

AI lever: ML reserving Quarterly

Capital efficiency
Profit per unit of capital held

= operating profit ÷ required capital

Watch: ignores tail risks the model misses

AI lever: faster scenario testing Annual

NEW KPIs FOR THE AI ERA

AI ROI  ·  return per use case Compute cost  ·  cloud and GPU cost per policy Unallocated cash  ·  value and days unmatched Forecast accuracy  ·  plan versus actual

AI ANGLE An AI-enabled CFO closes faster, collects on time and can prove the return on every AI dollar.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 191



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  R I S K

KPIs for the Head of Risk: appetite, resilience and model risk
Keeping the insurer inside its risk appetite as AI spreads through the business Lower is betterHigher is betterWithin target band

Solvency coverage
Capital cover against the minimum

= own funds ÷ solvency capital required

Watch: point-in-time ratio hides intra-month swings

AI lever: real-time monitoring Monthly

Appetite breaches
Number and size of limit breaches

= breaches of approved limits in the period

Watch: zero breaches may mean loose limits

AI lever: early-warning signals Monthly

Operational losses
Frequency and cost of failures

= operational loss events and total cost

Watch: under-reporting of small events

AI lever: anomaly detection Quarterly

Time to detect cyber
Hours from intrusion to detection

= detection time − first intrusion

Watch: tests that never reach production

AI lever: AI threat detection Monthly

Models validated
Models reviewed on schedule

= models validated on time ÷ all models

Watch: inventory missing shadow AI tools

AI lever: automated testing Quarterly

Emerging risks flagged
Risks found before they hit results

= risks flagged with actions agreed

Watch: long lists with no owner or action

AI lever: scenario generation Quarterly

NEW KPIs FOR THE AI ERA

AI inventory  ·  % of models registered Drift alerts  ·  resolved within target Bias tests  ·  % of models passing Third-party AI  ·  vendors risk-reviewed

AI ANGLE Risk now owns two jobs: using AI to see risk earlier, and governing AI as a risk in its own right.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 192



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  C O M P L I A N C E

KPIs for the Head of Compliance: conduct, AML and regulation
Staying on the right side of the regulator and treating customers fairly Lower is betterHigher is betterWithin target band

Regulatory breaches
Breaches reported to the regulator

= breaches in the period, by severity

Watch: breaches found by the regulator first

AI lever: rule-change monitoring Quarterly

Returns on time
Regulatory returns filed on time

= returns on time ÷ returns due

Watch: on time but with data errors

AI lever: automated reporting Monthly

AML alerts cleared
Alerts investigated within target

= alerts closed in SLA ÷ alerts raised

Watch: alerts closed without real review

AI lever: AI alert triage Monthly

KYC complete
Customers with full, current KYC

= customers with valid KYC ÷ all customers

Watch: stale KYC never refreshed

AI lever: document and ID AI Quarterly

Complaints in time
Complaints resolved within deadline

= resolved in time ÷ complaints received

Watch: root causes left unfixed

AI lever: complaint routing Monthly

Audit findings closed
Findings fixed by the agreed date

= findings closed on time ÷ findings due

Watch: closing findings on paper only

AI lever: action tracking Quarterly

NEW KPIs FOR THE AI ERA

AI inventory  ·  % models registered AI fairness  ·  outcomes by group Explained declines  ·  % with a reason Rule changes  ·  time to implement

AI ANGLE Compliance scales with AI when alerts, KYC and reporting are automated and every AI decision can be explained.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 193



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  N E W  B U S I N E S S

KPIs for the Head of New Business: speed, cost and quality of sales
Turning applications into good, lasting policies, faster and cheaper Lower is betterHigher is betterWithin target band

Quote-to-bind
Share of quotes that become policies

= policies bound ÷ quotes issued

Watch: converting risks priced too cheaply

AI lever: personalised offers Monthly

Time to issue
Application to issued policy

= issue date − application date (days)

Watch: speed that skips proper checks

AI lever: document AI Monthly

Cost per acquisition
Sales and onboarding cost per policy

= acquisition costs ÷ new policies

Watch: cheap channels with high early lapse

AI lever: digital, embedded sales Quarterly

Straight-through rate
Issued with no manual touch

= auto-issued policies ÷ all issued

Watch: auto-issue of risks needing review

AI lever: accelerated underwriting Monthly

Not-taken-up rate
Approved but never started

= policies not taken up ÷ approved

Watch: approvals that were never wanted

AI lever: follow-up nudges Monthly

Early lapse
Policies lost in the first year

= year-one lapses ÷ policies issued

Watch: mis-selling to hit volume targets

AI lever: lapse prediction at sale Quarterly

NEW KPIs FOR THE AI ERA

Digital share  ·  % applications via digital AI underwriting  ·  accuracy vs underwriters Referral rate  ·  % sent to a person KYC turnaround  ·  minutes to verify

AI ANGLE New business wins when AI makes the first yes fast, and the right customer stays past year one.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 194



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  C L A I M S

KPIs for the Head of Claims: fast, fair and leak-free
Where trust is won or lost, and where AI pays back fastest Lower is betterHigher is betterWithin target band

Claims cycle time
First notice to settlement

= settlement date − notification (days)

Watch: fast payment of claims that are fraud

AI lever: AI triage Monthly

Claims leakage
Overpayment from errors and fraud

= overpaid amount ÷ claims paid

Watch: leakage found only in audits

AI lever: every claim screened Quarterly

Fraud detection
Fraud caught, false alarms kept low

= confirmed fraud ÷ claims flagged

Watch: honest customers delayed by flags

AI lever: network analytics Monthly

Straight-through pay
Simple claims paid automatically

= auto-settled claims ÷ simple claims

Watch: auto-paying claims that need review

AI lever: photo, document AI Monthly

Complaints
Complaints per 1,000 claims

= complaints ÷ claims × 1,000

Watch: closing complaints without fixing causes

AI lever: clearer communication Monthly

LAE ratio
Cost to handle versus claims paid

= loss adjustment expenses ÷ claims paid

Watch: cutting assessors on complex claims

AI lever: automated workflows Quarterly

NEW KPIs FOR THE AI ERA

AI-triaged  ·  % of claims Days to pay  ·  average and worst 10% Recoveries  ·  collected vs due Human review  ·  % of declines checked

AI ANGLE Claims is the moment of truth: AI should cut days and leakage, while a person decides every decline.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 195



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  P R E M I U M  P A Y M E N T S

KPIs for the Head of Premium Payments: collect more, lose fewer
Keeping premiums flowing and policies in force Lower is betterHigher is betterWithin target band

Collection rate
Premium collected versus due

= premium collected ÷ premium due

Watch: counting late payments as collected

AI lever: payday-timed retries Monthly

Persistency
Policies in force at 12 and 24 months

= policies in force ÷ policies issued

Watch: reinstatements masking real lapses

AI lever: lapse prediction Quarterly

Unallocated cash
Payments not matched to a policy

= value and age of unmatched receipts

Watch: old items written off without review

AI lever: auto reconciliation Monthly

Failed debit rate
Debits and mobile debits that bounce

= failed debits ÷ debits attempted

Watch: too many retries annoy customers

AI lever: smart retry timing Monthly

Days in arrears
Average time premiums are overdue

= sum of days overdue ÷ policies in arrears

Watch: grace periods hiding lapse risk

AI lever: early reminders Monthly

Cost to collect
Collection cost per premium received

= collection costs ÷ premium collected

Watch: cheapest channel for your best customers

AI lever: mobile money Quarterly

NEW KPIs FOR THE AI ERA

Mobile money share  ·  % premium via wallets Lapses saved  ·  by AI nudges Retry success  ·  % recovered on retry Grace recoveries  ·  paid within grace period

AI ANGLE Premium collection turns from a monthly chase into a predicted flow: fewer lapses where margins are thinnest.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 196



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  C O L L E C T I O N S

KPIs for the Head of Collections: arrears and money owed
Recovering what is owed: premium arrears, intermediary balances and debtors Lower is betterHigher is betterWithin target band

Debtor days
Average days to collect money owed

= debtors ÷ annual premium × 365

Watch: old debts rolled into new invoices

AI lever: payment prediction Monthly

Arrears recovery
Arrears recovered in the period

= arrears recovered ÷ arrears at start

Watch: recovery by cancelling the cover

AI lever: next-best action Monthly

Broker balances
Premium held by intermediaries

= intermediary balances by age (days)

Watch: old balances never escalated

AI lever: balance matching Monthly

Bad debt written off
Debt given up as uncollectable

= amounts written off ÷ premium

Watch: write-offs timed to flatter results

AI lever: early-risk scoring Quarterly

Promises kept
Payment promises honoured

= promises paid ÷ promises made

Watch: promises logged but never followed up

AI lever: reminders on payday Monthly

Cost per recovery
Cost of each amount recovered

= collection costs ÷ amount recovered

Watch: cheap tactics that upset customers

AI lever: digital self-service Quarterly

NEW KPIs FOR THE AI ERA

Digital self-cure  ·  % paid via link or wallet Right-time contact  ·  % on predicted payday Hardship flagged  ·  by AI, then a person Complaints  ·  from collections

AI ANGLE AI collects with less pressure: the right reminder at the right time, and a person for customers in hardship.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 197



A P P E N D I X  ·  K E Y  K P I s  ·  R E I N S U R A N C E

KPIs for reinsurance: protection bought and money recovered
Buying the right protection and collecting what is due Lower is betterHigher is betterWithin target band

Cost of reinsurance
Premium ceded versus protection

= ceded premium ÷ expected recoveries

Watch: cheap cover with gaps in the wording

AI lever: treaty pricing Annual

Recoveries on time
Recoveries received when due

= recoveries collected ÷ recoveries due

Watch: recoveries never claimed at all

AI lever: recovery tracking Monthly

Recoverables aged
Money owed and how long

= recoverables by age bucket (days)

Watch: disputes left open for months

AI lever: bordereaux matching Monthly

Accumulation
Exposure versus treaty limits

= aggregate exposure ÷ treaty limit

Watch: exposure data out of date

AI lever: geospatial mapping Quarterly

Bordereaux accuracy
Errors in data sent to reinsurers

= bordereaux errors ÷ records sent

Watch: errors found only at claim time

AI lever: data checks Monthly

Reinsurer credit
Share ceded to strong reinsurers

= ceded to rated A− or better ÷ total

Watch: concentration on one reinsurer

AI lever: counterparty warning Quarterly

NEW KPIs FOR THE AI ERA

Cat model error  ·  vs actual losses Bordereaux days  ·  to settle Basis risk  ·  parametric payout gap Data quality  ·  score for cedants

AI ANGLE Clean, AI-grade data buys cheaper reinsurance and faster recoveries: the cedant with the best data wins.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 198



A P P E N D I X  ·  K E Y  K P I s  ·  B R O K E R S

KPIs for insurance brokers: advice, placement and retention
What a broker or agency principal watches, and where AI makes advice scale Lower is betterHigher is betterWithin target band

Premium placed
Gross premium placed for clients

= total premium placed with insurers

Watch: volume placed at the wrong price

AI lever: faster submissions Quarterly

Client retention
Clients who renew with the broker

= clients renewed ÷ clients due for renewal

Watch: keeping clients by avoiding re-quotes

AI lever: renewal risk alerts Quarterly

Quote turnaround
Hours from request to quote

= quote sent time − request time

Watch: speed without checking the wording

AI lever: AI reads submissions Monthly

Placement ratio
Submissions that get placed

= risks placed ÷ submissions sent

Watch: shopping risks to too many markets

AI lever: insurer-appetite matching Monthly

Revenue per client
Commission and fees per client

= broker revenue ÷ active clients

Watch: selling cover the client doesn’t need

AI lever: cross-sell insights Quarterly

Claims advocacy
Client claims paid in full

= claims paid in full ÷ client claims

Watch: only counting claims that were easy

AI lever: claim document prep Quarterly

NEW KPIs FOR THE AI ERA

Advice time  ·  % of hours on advice AI quotes  ·  % auto-compared Wording checks  ·  AI-reviewed E&O incidents  ·  per 1,000 policies

AI ANGLE Brokers keep their role by using AI to advise, not just transact: more time with clients, fewer errors.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 199



A P P E N D I X  ·  K E Y  K P I s  ·  H E A D  O F  A C T U A R I A L

KPIs for the Head of Actuarial: accurate prices and reserves
Getting price, reserves and capital right, and explaining them Lower is betterHigher is betterWithin target band

Reserve adequacy
Actual run-off versus reserve held

= actual run-off ÷ opening reserve

Watch: prudence that hides profit or losses

AI lever: ML reserving Quarterly

Pricing adequacy
Actual versus expected loss ratio

= actual loss ratio ÷ priced loss ratio

Watch: averages hiding loss-making segments

AI lever: richer rating factors Quarterly

Experience variance
Actual versus expected experience

= actual ÷ expected (mortality, lapse)

Watch: small samples read as trends

AI lever: experience analytics Annual

Valuation cycle time
Days to complete a valuation

= working days from data cut to results

Watch: speed without a full review

AI lever: automated runs Quarterly

IFRS 17 explained
CSM and reserve moves analysed

= movement explained ÷ total movement

Watch: large unexplained residual items

AI lever: automated analysis Quarterly

Models signed off
Models with current sign-off

= models signed off ÷ models in use

Watch: sign-off without independent review

AI lever: model monitoring Annual

NEW KPIs FOR THE AI ERA

ML lift  ·  over GLM benchmarks Drift  ·  models breaching limits Explainability  ·  % signed off Automation  ·  % of valuation automated

AI ANGLE Actuaries own the numbers the business stands on: AI speeds the work, the sign-off stays actuarial.

Framework: presenter’s synthesis · targets depend on line of business, market and risk appetite 200



APPENDIX  ·  SOURCES

Sources and references (1 of 3)

Markets and population

1. Swiss Re Institute, sigma 3/2024, 1/2025, 2/2025, 3/2026

2. OECD Global Insurance Market Trends 2025

3. Africa Re Nov 2025; Atlas Magazine; NAICOM

4. UN World Population Prospects 2024; UN DESA

5. World Bank / KNOMAD migration briefs

6. Central banks: CBN, CBK, RBZ MPS 2026

7. AfDB African Economic Outlook 2026

8. KNBS / CBK / FSD Kenya survey 2025

9. IPEC Zimbabwe, Q1 and 9M 2025

10. Microinsurance Network Landscape 2024

11. CIMA Treaty 14 member states)

12. LIC FY2026 results; ASISA statistics 2025

13. Santam via industry reports (underinsurance)

14. Cable.co.uk Mobile Data Pricing 2023; Econet; TelOne

Digital and infrastructure

15. GSMA Mobile Money Report 2026

16. NPCI UPI) via Entrackr, Jan 2026

17. ITU Facts and Figures 2025

18. TeleGeography; Space in Africa 202526

19. Airtel Africa / Starlink 2025

20. Internet Society cable report 2024

21. Heirs Technologies via Ecofin 2025

22. Data Centres in Africa 2026

23. IEA Energy and AI 2025

24. UNCTAD cyberlaw tracker 2022, 2024

25. IEA Global EV Outlook 2026

26. Broadband.co.uk Mobile Data Affordability Index

27. Standard Bank MyMo: TimesLIVE, News24, Bizcommunity
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APPENDIX  ·  SOURCES

Sources and references (2 of 3)

AI and technology

28. Stanford HAI AI Index 2025 and 2026

29. McKinsey State of AI 2025; insurance AI value

30. Gartner 2024, 2025; Evident 2026

31. IBM Cost of a Data Breach 2025

32. Allianz Project Nemo 2025; McKinsey–Aviva

33. PwC; Accenture; Capgemini (underwriting)

34. Munich Re Cyber Survey 2026; InsTech London

35. IFR World Robotics 2025; Zipline 2026

36. Waymo via TechCrunch; Uber Q4 2025; Bolt

37. Google DeepMind Nature, 2024; ECMWF

38. McKinsey Quantum Monitor 2025; US NIST

39. Oliver Wyman APAC GenAI survey 2025; IDC AI spend

40. Gartner synthetic-data forecasts 2021

41. Oxford Insights Government AI Readiness Index 202324

42. PwC Sizing the Prize 2017

Climate, health and risk

43. WMO State of the Climate 202425

44. World Bank PDNA Pakistan 2022; SADC 2024

45. LSE Grantham climate litigation 2026

46. CCRIF via Captive International 2026

47. NDRRMA; Stimson; Red Cross Nepal 2026

48. Nepal PDNA 2015 via GFDRR

49. WHO & World Bank UHC Report 2023; NHCAA

50. Allianz Risk Barometer 2026

51. RebuildCostASSESSMENT; ABI/BCIS; Aviva

52. Coalition Against Insurance Fraud 2022

53. ILO occupational safety estimates 2023

54. INTERPOL Africa Cyberthreat Assessment 2025

55. TIME Jan 2023) on Kenyan data labelling
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APPENDIX  ·  SOURCES

Sources and references (3 of 3)

Labour and society

56. WEF Future of Jobs Report 2025

57. ILO generative AI exposure study 2025

58. World Bank jobs 2025) and gig work 2023

59. Global Survey of Working Arrangements 2025

60. WTTC Economic Impact Research 2026

61. UNESCO Global Report on Teachers

62. WHO health workforce projections

63. FAO / ILO agriculture employment 2024

64. Ethiopian Ministry of Transport; IEA EV ban

65. BloombergNEF via TopAuto 2026

Policy and regulation

66. EU AI Act Reg. 2024/1689; Digital Omnibus

67. Kenya Data Protection Act 2019; SHI Act 2023

68. Nigeria Data Protection Act 2023; NHIA Act 2022

69. India DPDP Act 2023; IndiaAI Mission 2024

70. Zimbabwe CDPA 2021; Funeral Directive 2023

71. Cambridge SupTech Lab 2024; CGAP 2025

72. African Union Agenda 2063; AI Strategy 2024

73. Zimbabwe Vision 2030; AI Strategy 202630

74. Kenya AI Strategy 202530; Nigeria Agenda 2050

75. Ethiopia Ten Years Development Plan 202130

76. Reuters ZiG, birr); CBN FX unification 2023

77. FSCA & Prudential Authority AI report 2025

78. IAIS GIMAR 2025; IFRS Foundation IFRS 17, IFRS IC
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